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ABSTRACT 

Narrative data enable evaluators to understand other people's 

viewpoints without predetermining those viewpoints by using 

preselected questionnaire categories. Narrative data yield rich 

detail, insight, and information. However, reducing narrative data 

into meaningful conclusions is difficult and tinle consuming, and 

requires attention, commitment, and skill on the part of trained 

coders. The personal and situational characteristics of the coders 

(called value inertia and cognitive limitation biases) affect 

data reduction. 

The effects of coder exposure to expected project outcomes 

and the level of coder research methodology sophistication were 

investigated. Coders considered either sophisticated or naive in 

research methodology were exposed to positive, ambiguous, or 

negative project outcome expectations. The coders reduced, or 

categorized, 25 open-ended interview response sets into previously 

established positive, negative, and ambiguous statement-type, 

content-code categories. 

The effectiveness of coder training was also explored by 

computing genera1izabi1ity (reliability) coefficients. High 

genera1izabi1ity coefficients were found, regardless of level of 

exposure to project outcome expectations. This indicates that coders 

were able to code the same statements the same way and is an indication 

of the coders' ability to reproduce the results. 

viii 



Results of this study also indicate that evaluators should use 

sophisticated coders for the ~eduction of narrative data, given that 

option. Sophisticated coders appear more resistant to the effect of 

exposure to project outcome expectations, coding narrative data more 

positively with less variability than naive coders when exposed to 

positive project outcome expectations. 
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CHAPTER 1 

INTRODUCTION 

Evaluation is a multifaceted process, the purpose of which has 

stimulated much debate. Many authorities consider evaluation essential 

for decision making and policy development. Among them are Stufflebeam 

and associates (1971); Weiss (1972); Scriven (1974); Wergin (1976); 

Deshler, Jaenicke, and Maynard-Moody (1977); and Guba (1978). Models 

to facilitate the evaluation process have been developed by Tyler 

(1949), Stake (1967, 1975), Provus (1971), Hammond (1973), and Popham 

(1975). However, evaluation has not always been viewed as the basis 

for decision making and policy development. Initially, evaluation 

was inseparable from measurement, and together they were enmeshed in 

the scientific paradigm of inquiry (Guba & Lincoln, 1981). Even now, 

Rossi and Wright (1977) present the randomized controlled experiment as 

the ideal model for evaluating the effectiveness of public policy. 

Experimental and Naturalistic Evaluation 

Scriven (1974) indicates that many evaluations involve a 

quantitative component, central to which are statistical 

conceptualizations. He also alludes to the other aspect of 

evaluation with which each evaluator must sometimes deal: the 

qualitative component. Guba (1978) suggests one alternative to the 

conventional evaluation methodology, that of naturalistic inquiry. 

According to Wolf and Tymitz (1977), naturalistic inquiry is no less 
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rigorous than traditional experimental research, only different. 

Naturalistic inquiry is comprehensive in scope, is demanding in design, 

and requires an equally sound set of skills as any needed by researchers 

using the experimental model. 

Hettich (1980) and Cronbach (1982) indicate that the 

experimental control of conventional methodology is not incompatible 

with naturalistic inquiry. Choosing one approach over the other is not 

a critical evaluation issue. Rather, it is appropriate to impose some 

control on some aspects of data collection when the treatment plan is 

naturalistic and to do some naturalistic observation when the treatment 

plan is elaborately controlled. That is, experimental control and 

attention to qualitative information are not mutually exclusive. 

Structured data and naturalistic recording of events are both valuable. 

Glasser and Strauss (1967) clearly state that both forms of data are 

necessary; evaluations with strong quantitative designs should also 

gather qualitative critiques generated by program participants. 

Campbell (1975, cited in Cronbach, 1982) advocates evaluations in which 

qualitative and quantitative activities support each other. Cronbach 

(1975), Azrin (1977), and Rist (1977) concur on this point. 

Cronbach (1982) says that evaluators tend to agree that 

compressing quantitative evaluative data into a single index of benefit 

or into a test of significance cannot adequately represent the reality 

being evaluated. He states that '~hat compression gains in succinct 

communication is offset by loss of information and by concealing value 

judgements" (p. 29). Quantitative and qualitative data may not yield 

the same results; rather, each form supplements the other. 



Actually, evaluators should use multiple sources of 

information because no single source can provide a comprehensive 

perspective on a program. While the more experimental research methods 

foster the collection of quantitative data (tests of knowledge, 

attitudes, and skills; frequency counts; ratings), naturalistic 

research methods lend themselves to the collection of qualitative data 

(interviews, questionnaires, anecdotal records). 

Naturalistic Methods 

Carey (1980) believes that naturalistic approaches have 

developed because of weaknesses inherent in conventional experimental 

research approaches. These weaknesses include: 1) sacrificing 

external for internal validity; i.e., controlling the experiment 

without compensating for the artificiality of the situation; 

2) attempting to develop decontextualized generalizations; and 

3) drawing conclusions from behaviors that do not occur in the 

nonexperimental world. Naturalistic methods attempt to eliminate 

a priori assumptions by dealing with relevant outcomes and the most 

powerful explanatory variables that emerge as the study progresses 

(Carey, 1980). Naturalistic inquiry concentrates on theoretical 

samplings, rather than random samplings. (Data from theoretical 

samples are collected for the purpose of building conceptual categories 

after the investigation has begun.) By collecting data in the "real 

world", naturalistic methods attend to observation and description of 

those real world situations. Naturalistic methods are concerned with 
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understanding, explaining, and predicting human behavior in the 

social milieu. 

Naturalistic methods are characterized by systematic 

observation of phenomena. These observations result in descriptive 

data collected across time ~nd place. The descriptive data represent 

a behavioral ~istory that interacts within as well as with the 

environment. Data collection typically involves open-ended interviews, 

direct observation, or document examination (Smith, 1980). 

Qualitative Data 

Data resulting from naturalistic evaluations have many forms. 

An example is the open-ended narrative, consisting of detailed 

descriptions of people, experiences, situations, and events. 

Qualitative data capture what people (participant-respondents; 

participant-observers) say in their own words, allowing the data 

gatherer to understand the world as seen by the participants. What 

people say is the major source of qualitative data (Patton, 1980). 

Patton indicates that gathering responses to open-ended 

questions enables the evaluator to understand and capture other 

people's viewpoints without predetermining those viewpoints through 

prior selection of questionnaire categories. These responses are 

usually in the form of direct quotations which reveal the respondents' 

world organization, their emotional levels, their thoughts about 

experiences, and their basic perceptions. The evaluator then provides 

the framework within which people's responses are accurately and 

thoroughly represented. 
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Narrative data collection yields a wealth of detail, insight, 

and information about the project being evaluated. Narrative data 

are rich with subtleties and interactions. However, this richness is 

problematic for the evaluator. In order for narrative data to yield 

its wealth of information, the evaluator must deal with vast 

amounts--even an "overload"--of information. Patton (1980), Adams 

(1982), and Cronbach (1982) indicate that the amount of time required 

for write-up, coding, and analysis of the volume of notes can be 

overwhelming. In addition, IDcthods of analysis for narrative data are 

not well formulated. 

Qualitative Data Reduction 

Fox (1969); Lofland (1971); Kerlinger (1973); and Seltiz, 

Johoda, and Cook (1978) suggest procedures for simplifying these 

potentially overwhelming tasks. Tikunoff and Ward (1980) indicate 

that, without the availability of descriptive data, quantified data 

cannot adequately represent natural behavior. Although quantified data 

can offer useful frameworks for organizing and interpreting complex 

natural behaviors, there is no one single agreed-upon procedure for 

organizing or reducing the volume of narrative data into meaningful 

and concise results without losing some of the richness of the 

narrative report. 

On~ method of data reduction, recommended by Fox (1969), is 

an intermediate or transitional process called "content analysis." 

The narrative data are divided into t\vO levels: 1) the manifest 

level, or what the respondent said with nothing assumed; and 
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2) the latent level, or the affective meaning or feeling tone of 

the response. 

Content analysis includes familiarization with data prior to 

reduction and establishes a classification system or taxonomy (Agnew & 

Pike, 1982) based on various project-specific characteristics. These 

characteristics include the feeling tone of the total response and the 

specific or actual content of the responses, also known as "semantic 

content analysis" (Fox, 1969). These characteristics form protocols 

for data reduction which must be specific, clear, and logical in 

relation to the program. Since the standardization of data collection 

fosters objectivity (Cronbach, 1982), the use of established protocols 

standardizes the reduction stage of data collection. 

Categories generated from the coded data may need to be 

6 

refined further (Carpenter, 1977; Hall, 1980). Data reduction requires 

attention, commitment, and skill on the part of the trained coder who 

assists in organizing the data. It is the coder whom the evaluator must 

ultimately trust if the complex information set is to yield clear 

conclusions and valid interpretations. 

Coder Characteristics 

The coder brings to the data reduction task abilities and 

talents unique to that coder. However, because meaningful conclusions 

about behavior are to be formulated, the coder needs to be carefully 

trained to the task. Ideally, coders would transform the same 

narrative data into essentially the same final conclusions. In 

reality, this is not the case. Many writers indicate that coder 



training and the means by which coder agreement is achieved are vital 

to narrative data use. Cronbach (1982), among others, indicates 

that reproducibility is improved by reducing the reliance on 

individual coder judgement and by using instead an objective guideline. 

Guba and Lincoln (1981) indicate that personal or situational 

characteristics affect data reduction; therefore, caution must be 

taken to guard against potential sources of bias that affect the data 

reduction process. 

Bias in acquiring knowledge, especially about the physical 

universe, has been a longstanding problem for researchers and 

evaluators and consequently also affects coders. Bacon (1620, cited 

in Sadler, 1981) warns against a number of sources of distortion, 

including those associated with sensory perception and intuitive 

methods of analysis. Sadler (1981) groups the sources of bias that 

affect evaluators as well as coders into three broad headings: 

7 

1) ethical compromises; 2) value inertias; and 3) cognitive limitations. 

Ethical compromises are actions for which the evaluator is 

personally culpable. An example is conflict of interest between the 

evaluator (or the agency) and the program evaluation itself. Ethical 

compromises involve the wayan evaluation is carried out. 

Value inertias include the particular background knowledge, 

prior experience, and world view of the evaluator. Sadler (1981) 

indicates that value inertias "may affect what data are collected and 

how they are interpreted" (p. 26). Sadler addresses these biases in 

terms of the evaluator. In many evaluations however, because the 



evaluator works with data coders to collect and interpret the data, 

these first two categories also apply to data coders. 

Both ethical compromises and value inertias are distortions 

reflecting the individual coder's experience. For example, Scriven 

(1973) cautions about the possible biasing effects of knowledge about 

a program's objectives. In some situations, the individual's value 

systems and the individual's knowledge are intertwined--values being 

built on knowledge. Consciousness acts selectively on the great mass 

of stimuli, sorting out "what is and is not worth noticing, what is 

important and valuable, and what is insignificant or valueless" 

(Najder, 1975, p. 5, cited in Sadler, 1981). Elimination of these 

biases is a necessary but not sufficient condition for an unbiased 

inquiry. As much as possible, identifying these biases due to the 

limitations of information-processing capacity is essential. 

The third category Sadler discusses is that of cognitive 

limitations, the limitations in information-processing abilities. 

These limitations affect the reduction of any data set. Since 

narrative data reduction occurs within the individual coder's brain, 

the inferences drawn from the data can be only as good as the cognitive 

abilities and mechanisms of the human coder. Sadler indicates that 

there is evidence of misperception, misaggregation, and defective 

inference leading to suboptimal assessments. These biases appear to 

be linked to the individual's cognitive processes. 

Sadler identifies 13 biases affecting the performance of the 

intuitive data processor (the human coder). Those biases relevant to 

this study include: 1) data overload, or the amount of data the 
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individual is able to receive, process, and remember; 2) first 

impressions, or tEe effects of stimulus order on the judgements made; 

3) availability of information, or the ability to retrieve examples 

and to understand reasons and the display of information; and 

4) positive and negative instances, or the tendency to select 

information that would confirm a hypothesis. 

The Problem 

The effort an evaluator expends in minimizing the influences 

of persons and situations is rewarded in the long run by the quality 

of information produced by naturalistic methods. To minimize bias, the 

evaluator must design an evaluation to minimize these influences in 

each coding situation. A better understanding of the intuitive data 

process, and the factors that affect that process, should result in 

better evaluations. Sadler (1981) has identified several of these 

factors that may affect evaluators and the coders working with 

the evaluator. 

Drawing on his work, and that of Shulman and Elstein (1975) 

and Malitz (1978), this study assessed the effects of several variables 

upon the way naturalistic narrative data were reduced by coders. Coder 

performance is affected by each coder's previous experience and 

background (value inertias) as well as first impressions, availability 

of information, and positive and negative instances (cognitive 

limitations). Since these biases affect the evaluation of a project, 

the variables that were investigated in this study seemed most salient 

to conducting unbiased evaluations. l~ith information from this study, 
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the evaluator will be better able to plan a program evaluation to 

minimize bias from the influences of persons and situations. 

The variables explored here included one coder attribute 

variable and one manipulated cognitive limitation variable. The 

attribute variable was the coder's knowledge and sophistication of 

research methodology. This variable was divided into two categories 

(sophisticated and naive), on the basis of self report, along a 

continuum ranging from no knowledge to much knowledge. (Appendix A 

identifies the continuum guidelines.) The variable that dealt with 

cognitive limitations was the nature of the coder's knowledge of the 

project's expected outcomes; that is, whether that knowledge was 

positively, ambiguously, or negatively characterized. 

Hypotheses 

Hypotheses for this study then were as follows: 1) Coder 

research methodology sophistication affects the reduction of narrative 

data; and 2) The nature of coder knowledge of project outcomes affects 

the reduction of narrative data. 
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CHAPTER 2 

METHODS 

This chapter discusses the design of the study, the source of 

the stimulus material for the study, and the study's procedures._ 

Study Design 

Independent Variables 

The design for this study addressed two major factors. 

Factor A was the nature of the coder's exposure to expected project 

outcomes. Coders were randomly assigned into three levels of Factor A. 

Some coders were exposed to positive expected project outcome 

information. These coders constituted Group Al (positive). Group A2 

(ambiguous) was exposed to expected project outcome information of a 

mixed nature. Group A3 (negative) was exposed to negative expected 

project outcome information. This information was included as part of 

coder training. 

Factor B, an attribute variable, was the coder's research 

methodology sophistication. This factor had two levels: 1) no 

research methodology exposure or little research methodology exposure, 

or "naive"; and 2) some research methodology exposure or a lot of 

research methodology exposure, or "sophisticated." 
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Dependent Variables 

The dependent variables were several scores derived from the 

reduction of narrative data. As it was unlikely that the general-area 

content codes identified in the protocols were of equal significance, 

it was clear that their importance needed to be identified. This 

importance was classified with a weighting system in which the 

different possible responses were each assigned a weight indicating 

its level of importance. 

12 

To determine the level of importance, a list of content codes 

(Appendix B) was submitted to a panel of project-knowledgeable experts. 

A continuum was described in detail, along which the experts were to 

weight the possible responses, and each judge was asked to 

independently assign a "value of importance" to each positive, 

negative, and ambiguous statement-type in the content code category. 

The panel produced several weights for each type of statement 

in each content code category which, with good interjudge agreement, 

should not differ in terms of overall location on the response 

continuum. The mean of these weights became the weight for that 

statement type in each content area code category. This weight Has 

assigned by the researcher each time that response type occurred. 

After each response/statement was coded and weighted, the score 

for each case/response sets was computed using each of several 

different Indexes. 

There were several alternative indexes from which the 

evaluator could choose for computing the dependent variable. Since 

this study was concerned with the effect of exposure to expected 



project outcomes and with the level of research sophistication on the 

reduction of narrative data and not with the effect of any single 

Index, several dependent variable Indexes were used. Altogether, five 

different Indexes were identif.ied as appropriate for calculating the 

dependent variable scores. Only four were used for analysis, as the 

fifth Index was redundant in light of Indexes THREE and FOUR 

(Appendix C). It was expected that independent variables' effects 

would be apparent in all Indexes selected, while if only one Index 

had been used, it would not be clear whether the identified 

independent variables were producing the effect or if the Index used 

produced the effect; the outcome picture presented would in this case 

be limited. The several Indexes (Appendix C) used to calculate the 

dependent variable scores were as follows: 

1) Index ONE resulted from subtracting the sum of the weighted 

13 

statements coded to be negative for a case from the sum of the weighted 

statements coded to be positive for a case and dividing that value by 

the total number of statements in the case [(LHP-L\.JN) In] ; 

2) Index TWO resulted from subtracting the total number of 

statements coded to be negative in a case from the total number of 

statements coded to be positive in a case and dividing by the total 

number of statements in a case [(#P-#N)/n]; 

3) Index THREE resulted from dividing the total number of 

statements coded to be positive by the total number of statements in 

a case [lfP In] ; 



4) Index FOUR resulted from dividing the total number of 

statements coded to be negative in a case by the total number of 

statements in a case [#N/n]; 

5) Index FIVE resulted from dividing the total number of 

statements coded to be ambiguous in a case by the total number of 

statements in a case [#A/n]. 

The total number of statements in each case was used as the 

denominator for computing a case score because cases varied in total 

number of statements (Appendix C). Use of the average meant that case 

scores were not influenced by the varying number of statements in a 

case. Each score reflects the average weight of statements in a case, 

not the weight of the case. 

Index ONE and Index TWO could both result in a negative score. 

To eliminate negative values from the data sets, a constant of 100 was 

added to scores calculated with Index ONE and a constant of one was 

added to scores calculated with Index TWO. The ranges for each Index 

differed. With all Indexes except Index FOUR, high scores indicated 

positively coded statements; lower scores indicated more negatively 

coded statements. 

Design 

The project participation responses (the stimulus material) 

were considered a "subjects" (cases) variable and were crossed with 

each Factor ABC combination. The coders constituted Factor C, which 

was nested within each combination of Factors A and B. All levels of 

Factor A were crossed with all levels of Factor B. This design was 
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considered a three-factor nested repeated measures or mixed design 

(Winer, 1971; Myers, 1979). Each of the six different cells contained 

75 replications of the dependent variable. 

Source of Stimulus Material 

The narrative data used in this study were collected in 1981 

from open-ended interviews of 44 adult staff participants in a 

team--based nutrition-physical fitness program. The evaluation of 

this project involved both qualitative and quantitative methods. The 

quantitative results are reported elsewhere (Tinsley, Houtkooper, 

Engle, & Gibbs, 1981) and do not pertain here. The qualitative data 

results have not been previously reported other than to indicate that 

the responses were "very favorable" (Houtkooper, Engle, Simmons, 

Peterson, Davidson, Tinsley, & Gibbs, 1981). 

Procedures 

Preparation of Stimulus Material 

Twenty-five interview response sets (cases) were selected as 

representative of a full-range set of potential interview responses. 

This prevented positive skew from confounding the data classification 

and increased the probability of a main effect for Factor A. Each of 

the 25 response sets (case) was transcribed and typed (to control for 

penmanship), and all 25 typed responses were photocopied for 

each coder. 
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Coder Selection 

Eighteen coders were selected from university education 

classes. Coders were selected from the range of research methodology 

sophistication based upon responses from a "Coder SeleC'.tion Form" 

(Appendix D). Each Factor B level had nine coders. As coders were 

selected, they were randomly assigned to one of the three levels of 

Factor A. 

Coder Training 

According to Coulter (1976), coder training can be broken 

into at least three steps: 1) orienting the coders to the research 

project; 2) explaining, both in writing and orally, the categories in 

the coding system and how they are to be used; and 3) conducting a 

simulated practice using the category system. Coders must understand 

the basis of the category system and where their job fits into the 

total project. This study used the following coder training steps. 

The coders were given copies of the protocols for data 

reduction, content codes, and coding sheets (Appendixes E, F, G), and 

the photocopied response sets or cases. Training sessions were 

conducted to familiarize ~oders with the purposes of the program and 

with the protocols. A practice data set was also supplied. Coders 

were first instructed in the use of the protocols, content codes, and 

the coding score sheet using this practice data set. During the 

training sessions held for each of the three levels of Factor A, the 

coders ,,,ere told the nature of the "expected" proj ect outcomes 

(Appendix H). 
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Coders were instructed to work independently and to return 

the coding score sheets and the verbatim response transcripts within 

21 calendar days. All materials were returned directly to the 

researcher. Contingency follow-up procedures for noncompliance 

included telephone calls. 

Data Analysis 

The GENOVA generalized analysis of variance computer program 

(Brennan, 1983) was used to analyze the results. In addition to 

producing an F value for all main and interaction effects, this 

computer program also allows the researcher to investigate effect size 

and discuss variance components. Effect size (Glass, 1977) enables 

statistical results tp be examined in terms of practical significance 

(Cohen, 1977). 

The study was considered an exploratory rather than a 

confirmatory study (Cronbach, 1982). Since exploratory work is 

designed to lead ultimately to more well-defined scientific 

propositions, it is especially desirable in exploratory research to 

guard against Type II error. At the same time, however, some 

protection must be established against Type I error. This concern 

for balance, given the exploratory nature of this study, led to 

establishing the Type I level at .10. 
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CHAPTER 3 

RESULTS AND CONCLUSIONS 

This chapter presents the data analysis and discusses the 

results of that analysis. The two areas under consideration were the 

effectiveness of coder training and the effect of the independent 

variables on the dependent variables. 

The two major factors addressed in this study were the nature 

of coder exposure to knowledge of the expected project outcomes based 

on different levels of condensed versions of field reports (Factor A) 

and levels of coder research methodology sophistication (Factor B). 

Factor A had three levels: Al was exposure to positive project 

outcome expectations; A2 was exposure to ambiguous project outcome 

expectations; A3 was exposure to negative project outcome expectations. 

Factor B had two levels: Bl was coders naive in level of research 

methodology; B2 was coders sophisticated in level of research 

methodology. The study concerned the effect of those two factors on 

narrative data reduction, in this study defined as the classification, 

or coding, done by coders. 

The dependent variables were several scores derived from the 

classification of 25 different interview response sets or cases using 

each of several Indexes (Appendix C). The classification system 

involved weighting individual responses on an importance scale. Once 

each individual response was classified, a score for each response set 
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was derived. Each coder coded 25 different cases and each case was 

scored on four Indexes. 

Effectiveness of Coder Training 

If, in the training sessions, coders were accurately instructed 

in the rationale, purpose, and use of the category system, then coders 

should have been able to code the same statements the same way. Coding 

the same statements in the same way would mean that coders are 

highly reliable. 

Analysis 

The GENOVA generalized analysis of variance program was used 

to determine interjudge reliability. This program produces a 

coefficient of generalizability, which is the ratio of universe-score 

variance to observed-score variance (Allen & Yen, 1979). The 

reliability coefficient is its counterpart in classical true-score 

theory. Table 1 reports reliability coefficients (generalizability 

coefficients) for naive (B 1) and sophisticated (B
2

) coders separately 

for each level of Factor A and for each level of Factor A separately by 

dependent variable Index. 

Because the sampling distribution of generalizability 

coefficients has not been determined, tests of equality cannot be 

performed. Since the reliability coefficient is the classical 

true-score theory counterpart to the generalizability coefficient 

(Allen & Yen, 1979), it could be argued that Feldt's W could be used to 

test equality of coefficients as an approximate measure (Feldt, 1969). 

The appropriateness of this test is suspect, however, as 
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FACTOR 

Al B1 

Al B2 

Al 

TABLE 1 

RELIABILITY COEFFICIENTS FOR EACH LEVEL OF FACTOR B 
WITHIN EACH FACTOR A LEVEL AND FOR EACH LEVEL OF FACTOR A 

INDEX 1 INDEX 2 INDEX 3 INDEX 4 

.9813 .9806 .9899 .9617 

.9432 .9404 .9415 .9106 

.9788 .9767 .9821 .9693 

.9066 .9108 .9146 .8707 

.9683 .9693 .9644 .8673 

.9683 .9702 .9713 .9336 

.8868 .9199 .9181 .8690 

.9732 .9769 .9855 .9014 

.9579 .9669 .9747 .9221 
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generalizability coefficients treat multi-facet universes and 

classical theory does not (Brennan, 1983). Consequently, tests of 

significance for differences among coefficients were not performed. 

Discussion 

Reliability (generalizability) coefficients for each level of 

exposure to project outcome expectations were ~ .92 on all Indexes.

Reliability coefficients for both naive and sophisticated coders, 

regardless of level of exposure to project outcome expectations, were 

> .86 on all Indexes. The high reliability coefficients indicate 

sufficient power to perform a test of significance on the main effects. 

Interactions and Main Effects Using Multiple Indexes 

21 

This study investigated the effects of two main Factors 

(exposure to various project outcome expectations and level of research 

methodology sophistication) on several dependent variable scores derived 

from four different Indexes. In addition to a main effect A (exposure) 

and main effect B (research methodology), an effect for coders (C:AB) 

and an effect for cases (S) were computed. Interaction effects 

between A and B, between A and S, between Band S, and among A, B, and 

S were also computed. 

Results of Analysis 

The dependent variable scores were analyzed using the GENOVA 

generalized analysis of variance computer program (Brennan, 1983). The 

several Indexes (Appendix C) used to calculate the dependent variable 

scores were: 
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1) Index ONE: (EWP-EWN) In; 

2) Index TWO: (lfp-IIN) In; 

3) Index THREE: ffp/n; 

4) Index FOUR: liNIn; 

5) Index FIVE: #A/n. 

Analyses were done on Indexes ONE through FOUR only, as Index 

FIVE is redundant in light of Indexes THREE and FOUR. The means of 

Index FIVE were reported for additional clarification of tuends 

presented by the other Indexes. Since Indexes THREE, FOUR, and FIVE 

are all related, the means of Index FIVE were computed by subtracting 

the sum of Indexes THREE and FOUR from 100. Four Indexes were used 

to analyze dependent variable scores because no one Index was more 

appropriate than another. Each Index should present the same results 

picture if, in fact, an independent variable effect exists rather 

than an Index effect. 

The results reported in Table 2 present the! statistics and 

the probability levels for each source of variance for Indexes ONE 

through FOUR. Source tables for each Index appear in Appendix I. 

Quasi F ratio statistics were calculated for each main Factor 

-
effect and for the interaction of the main Factors. Quasi! statistics 

were calculated by the GENOVA program because the appropriate expected 

mean square values were not available from the experiment and 

consequently could not be calculated directly. In this case, an error 

term that does have the appropriate expected values is computed by 

adding and subtracting a combination of mean square values whose 



Index 

Effect 

A 

B 

C:AB 

S 

AB 

AS 

BS 

ABS 

TABLE 2 

F VALUES AND PROBABILITY LEVELS BY DEPENDENT VARIABLE 
INDEX FOR EACH SOURCE OF VARIANCE 

ONE TWO THREE FOUR 

F p F P F P F 

1. 07* >.25 0.05* >.25 0.26* >.25 1. 31* 

2.76* <.25 1.43* >.25 0.26* >.25 2.26* 

3.56 <.01 5.70 <.01 5.72 ~.01 3.99 

102.69 <.01 116.79 <.01 125.99 <.01 52.80 - -

2.10* <.25 3.35* <.10 1. 43* >.25 5.78* - -

1.43 <.10 1.29 <.25 1.18 <.25 1. 47 -

1. 23 <.25 1. 28 <.25 0.76 >.25 1.07 

1. 61 <.05 1. 83 <.01 1.24 <.25 1. 78 - -

*Quasi-! ratio 
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p 

>.25 

<.10 

<.01 

<.01 

<.05 

<.05 

>.25 

<.01 



expectations are equal under the null hypothesis (Winer, 1971; 

Myers, 1979). 
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Main Effects Results. Table 2 reports no probability level 

less than .25 for Factor A (exposure to levels of expected project 

outcomes), and only Index FOUR was significant at the .10 level for 

Factor B (level of coder research methodology sophistication). Coders, 

represented by C:AB, and cases, represented by S, were both significant 

at the .01 level for all Indexes. 

AS, BS, ABS, Interaction Results. The AS interaction was 

significant for Index ONE (p : .10) and Index FOUR (p 2 .05). The BS 

interaction was nonsignificant for all Indexes. The ABS interaction 

was significant for Index ONE (p < .05), Index TWO (p < .01), and Index 

FOUR (p < .01). 

Discussion 

Since coders are assumed to differ because of inherent coder 

characteristics, the results for Factor C were expected. This is also 

true with cases, as it is also known that cases differ. The 

significance of cases (S) contributed to the AS, BS, and ABS 

interactions at probability levels equal to or less than .25. This 

occurs with all Indexes and all interactions except the BS interaction 

for both Index THREE and Index FOUR, which have a probability level 

greater than .25. Because the interactions with (S) are unimportant 

to this study, no post hoc analyses were done. 



Results of AB Interaction Analysis 

The AB interaction was significant for Index TWO (p : .10) and 

Index FOUR (p ~ .05). In addition, the AB interaction for Index ONE 

resulted in a probability of < .25. A multiple comparison test, 

Tukey's HSD (Winer, 1971), was applied to all pairwise comparisons 

among AB means. Significant differences were found between the means 

of A1B1 and A3B1 and between the means of A3B1 and A3B2• 

Cell means for each AB cell combination by Index are presented 

in Table 3; standard deviations are reported in Table 4. Coder means 

for each cell combination by Index are presented in Table 5. 

Even though homogeneity of variance is less of an issue when 

each cell contains an equal number of scores (since the F test is a 

sufficiently robust test with equal numbers of cell scores), Cochran's 

test of variances was used to assess the equality of variances. No 

significant differences were found for any Index when Cochran's test 

for the equality of k-population variances was run on the variance of 

the AB cell combinations (Winer, 1971; Myers, 1979). 

Discussion of AB Interaction 

Interaction occurs when the effects of independent variables 
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act together on the dependent variable to produce a separate effect. 

With Indexes ONE and FOUR demonstrating AB interaction (p ~ .10), and 

Index TI~O demonstrating a trend (p ~ .25), it may be concluded that the 

independent variables acted together to produce a separate effect on the 

dependent variable. AB cell combination means (Table 3) and coder cell 

means (Table 5) were used to interpret the interaction; coder cell means 
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TABLE 3 

AB CELL MEANS BY DEPENDENT VARIABLE INDEX 

INDEX ONE INDEX TWO 

Bl B2 Bl B2 

Al 94.1 98.9 Al 83.8 98.8 

A2 107.4 96.3 A2 103.7 89.9 

A3 107.8 96.7 A3 109.0 86.7 

INDEX THREE INDEX FOUR 

Bl B2 Bl B2 

Al 38.4 43.8 Al 54.7 45.6 

A2 46.7 39.9 A2 42.9 48.8 

A3 42.4 39.4 A3 32.1 54.0 

INDEX FIVE 

Bl B2 

Al 6.9 10.6 

A2 10.4 11.3 

A3 25.5 6.6 
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TABLE 4 

AB CELL STANDARD DEVIATIONS BY DEPENDENT VARIABLE INDEX 

INDEX ONE INDEX TWO 

Bl B2 Bl B2 

Al 49.96 50.57 Al 72.60 72.56 

A2 49.07 47.22 A2 72.38 69.79 

A3 49.17 48.24 A3 65.18 68.76 

INDEX THREE INDEX FOUR 

Bl B2 Bl B2 

Al 37.10 36.81 Al 37.33 37.51 

A2 37.38 35.88 A2 36.94 36.09 

A3 35.80 35.65 A3 33.79 35.95 
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TABLE 5 

CODER CELL MEANS BY DEPENDENT VARIABLE INDEX 

INDEX ONE 
[(EWP-EWN)/n] 

Al A2 A3 

B1 B2 B1 B2 B1 B2 

99.0 98.5 98.2 102.6 104.2 95.2 

88.7 99.9 121. 6 93.6 117.2 92.6 

94.7 98.3 192.5 92.6 101. 9 102.4 

INDEX TWO 
[ (tIP-fiN) In] 

Al A2 A3 

B1 B2 Bl B2 Bl B2 

88.7 98.7 88.5 100.8 100.4 81.0 

76.6 93.9 i28.2 84.5 125.2 81.5 

86.2 103.9 94.5 84.4 101.4 97.4 
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TABLE 5, Continued 

INDEX THREE 
(ltP/n) 

Al A2 A3 

Bl B2 Bl B2 Bl B2 

40.1 46.2 40.7 41.2 36.6 40.5 

35.9 40.7 59.4 38.7 53.5 37.7 

39.3 44.5 39.9 39.9 37.1 40.1 

INDEX FOUR 
(lINin) 

Al A2 A3 

B1 B2 Bl B2 B1 B2 

51.5 47.5 52.3 40.4 36.1 59.6 

59.3 46.8 31.2 54.3 24.4 58.3 

53.2 42.4 45.4 51.6 35.8 44.1 



should be consistent with AB cell means and support the interaction 

interpretation. 
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Examination of AB cell combination means (Table 3) reveals that 

for each of the Indexes reported, sophisticated coders coded more 

statements positively (as evidenced by higher scores) when exposed to 

positive expected project outcomes. Naive coders, on the other hand, 

tended to code more statements positively when exposed to ambiguous or 

negative expected project outcomes. The pattern occurred regardless 

of which Index was used;- Because of the probability level associated 

with Index FOUR (p S .05), the clearest picture of this pattern is 

presented with this Index. However, as Indexes THREE, FOUR, and FIVE 

are all related, these three Indexes must be considered in interpreting 

the interaction. It may be that some characteristic of negative and 

ambiguous statements influences coders exposed to various expected 

project outcomes. 

Examination of coder cell means (Table 5) indicates that naive 

coders generally have higher means in the A3BI cells (Table 5) in 

Indexes ONE and TWO and lower scores in Index FOUR than sophisticated 

coders. This would tend to indicate that naive coders are more 

affected by exposure to negative project outcome expectations than 

sophisticated coders. Apparently the exposure to negative project 

outcome expectations contributed to increasing the naive coders' 

scores. In cell A3BI (Table 3), the cell means for Indexes ONE, T\~O, 

THREE, and FIVE are higher for naive coders than for sophisticated 

coders, while the cell mean for Index FOUR is lower. 



When coders were exposed to ambiguous expected project 

outcomes, coder cell means (Table 5) for Indexes ONE through THREE 

were generally higher for naive coders than for sophisticated coders, 

while the coder cell mean for Index FOUR was generally lower. This 

would tend to indicate that coders are affected differently depending 

upon the level of coder research methodology sophistication and the 

exposure to project outcome expectations. AB cell means (Table 3) 

support the same conclusion. Statements coded to be negative (Index 

FOUR) tended to be consistently coded as negative and statements coded 

to be positive (Index THREE) tended to be consistently coded as 

positive, while statements coded to be ambiguous shifted the overall 

score depending upon the combination of main effects. 

The results of multiple comparison tests indicate differences 

between means AlBl and A3Bl and between means A3Bl and A3BZ• The 

difference between the AlBl and A3Bl means indicates that naive coders 

tended to code more statments to be negative when exposed to positive 

project outcome expectations than did naive coders when exposed to 

negative project outcome expectations. The difference between A3Bl and 

A3BZ means indicates that naive coders tended to code more statements 

to be positive \lhen exposed to negative project outcome expectations 

than did sophisticated coders when exposed to the same expectations. 

Discussion of the AB interaction needs to include comparison 

of Indexes THREE, FOUR, and FIVE (Table 3). In Indexes THREE and 

FOUR, when naive coders were exposed to positive project outcome 

expectations, they coded more statements to be negative than did 

sophisticated coders. 'ihen exposed to ambiguous or negative project 
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outcome expectations, naive coders coded more statements to be positive 

than did sophisticated coders. The conclusion might be drawn that 

Indexes THREE and FOUR are each other's complement, as the same pattern 

of coding is observed. However, when statements were coded to be 

ambiguous (Index FIVE), a different view appeared and the perception 

of the interaction altered. Naive coders when exposed to positive 

project outcome expectations coded fewer statements to be ambiguous 

than did sophisticated coders. \Vhen exposed to ambiguous project 

outcome expectations, there was little difference between cell means 
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of sophisticated and naive coders. \{hen exposed to negative project 

outcome expectations, naive coders coded more statements to be ambiguous 

than did sophisticated coders. \{hen comparing Indexes THREE, FOUR, 

and FIVE, it appears that there is not just an interaction between 

Factor A (exposure) and Factor B (research methodology), but a three-way 

interaction between exposure, research methodology, and statements being 

coded. This may be the result of how statements are worded as well as 

the combination of exposure and research methodology. 

Further exploration of the AB interaction by examination of 

individual cell means for each coder across various AB combinations 

(Table 5) revealed the following trends: 

1) For Index ONE, naive coders tended to code more statements 

to be positive than sophisticated coders when exposed to ambiguous or 

negative project outcome expectations; sophisticated coders tended to 

code more statements to be positive when exposed to positive project 

outcome expectations. 

2) For Index TWO, the same trend occurred as with Index ONE. 
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3) For Index THREE, naive coders tended to code more statements 

to be positive when the project outcome expectations were ambiguous; 

sophisticated coders tended to code more statements to be positive when 

project outcome expectations were positive or negative. 

4) For Index FOUR, naive coders tended to code more statements 

to be positive (as reflected by lower scores on the negative index, 

Index FOUR) when project outcome expectations were ambiguous or 

negative; sophisticated coders tended to code more statements to be 

positive when project outcome expectations were positive. 

Although Index THREE (positive index) showed probability levels 

greater than .25 for the AB interaction, this Index must be included 

in the discussion as it adds clear support to the conclusion for Index 

FOUR (negative index), that the negative statements were affected by 

project outcome expectations. If indeed, Index THREE (positive index) 

and Index FOUR (negative index) were ipsative, then they would reflect 

the same results. This is not the case, however. Since a significant 

interaction was found with Index FOUR (negative index) the negative 

statements must be affected by some other factor. In this case, levels 

of exposure to expected project outcomes influence the way statements 

are coded. The statements coded to be ambiguous appear to be 

contributing to the significance found with Index FOUR. 

The trend identified with examination of these coder cell 

means tends to indicate that naive coders are more influenced by 

exposure to mixed/ambiguous and negative project outcome expectations 

than are sophisticated coders. Sophisticated coders tend to be more 

influenced by positive project outcome expectations. 



An argument could be made that sophisticated coders would 

demonstrate less variability than naive coders as a result of their 

preexisting personal bias. Examination of the Factor B means (Table 5) 

indicates that naive coder cell means (B
1

) tend to vary more widely 

than do sophisticated coder cell means (B
Z

) for all Indexes of the 

dependent variable. The wider variability for naive coders supports 

the trend that naive coders are more affected by ambiguous and negative 

expected project outcomes than are sophisticated coders. 

The same trends are observed with all four Indexes. Index FOUR 

presents the clearest picture of the effects of the AB interaction. 
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CHAPTER 4 

DISCUSSION 

This chapter discusses the recommendations and implications for 

evaluators based on this study's results. 

The Problem 

The results of this study indicate that coder performance is 

affected by a combination of each coder's previous experience and the 

situation in which the coding is done. These interactive biases affect 

the outcome of data reduction and, consequently, a project's evaluation. 

As implied by Sadler (1981), the biases of value inertia and cognitive 

limitations interact to affect the ultimate outcome of data reduction 

and, therefore, the project outcomes. The evaluator can limit these 

effects through the coder selection process. 

Recommendations 

The results o~ this study indicate that naive coders react more 

to exposure to project outcome expectations and tend to code statements 

more positively than do sophisticated coders. Sophisticated coders, on 

the other hand, tend to be more restrictive in their statement coding 

as evidenced by the smaller variability among the sophisticated coders 

(Appendix J). Since every project has the potential for positive, 

ambiguous, and negative field reports (which tend to be the basis for 

various project outcome expectations), it is unreasonable to expect 
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that coders would be immune to the effect of field reports. It is also 

unreasonable to expect coders to be isolated in order to avoid exposure 

to continuing field reports, although that certainly would be one way 

to control for the effect of expected project outcomes generated by 

field reports. 

Consequently, when evaluators select coders for narrative data 

reduction, the use of sophisticated coders would best minimize the 

effect of personal and situational biases, as sophisticated coders 

demonstrate less variability (Table 3 and Table 4) as might be expected. 

The less variability, the less the effect of the personal and 

situational biases. However, evaluators often have little choice in 

the selection of coders. For example, in many university project 

evaluations, potential coders come from graduate and undergraduate 

populations, yielding a wide range of coder abilities. Project budgets 

often dictate who gets hired. As graduate students ("ho are senerally 

more sophisticated in research methodology) tend to require higher 

salaries, it is likely that fewer sophisticated coders and more 

unsophisticated coders (undergraduate students) would be hired. 

The evaluator has several alternatives under these conditions. 

The evaluator can select an even mix of sophisticated and naive coders, 

training the naive coders on the implications of personal bias •. In 

this situation, it is possible that the coders' results would tend to 

balance. The evaluator needs to be aware that this is not the ideal 

situation. Another alternative would be to select only naive coders 

and, in the process of training them in the use of coding protocols, 

also train them on the implications of personal biases. A third 
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alternative would be to hire as many sophisticated coders as funds would 

allow, even though the final total number of available coders may be 

less than desired. 

In any case, coder training in the use of coding protocols 

becomes a primary consideration. The results of this study indicate 

that sessions for training coders in the use, rationale, and purpose of 

the category system increases the ability of the coders to code the same 

statements the same way. This is evidenced by the magnitude of the 

reliability coefficients (Table 1). It does not, however, give any 

indication as to what other effect training may have on data reduction. 

It also does not address the issues implicitly raised with the 

alternatives mentioned above. 

Certainly, coder training presents areas for future research. 

Additional research could identify how coders view statements that are 

eventually classified as mixed or ambiguous. This study indicates that 

statements generally coded as ambiguous are viewed more often by naive 

coders as negative (indicated by lower scores on Index FIVE when naive 

coders are exposed to positive and ambiguous expected project 

outcomes). This study has only begun to explore the various personal 

and situational biases which affect the reduction of narrative data. 

The reliability coefficients presented in this study indicate 

that the training procedures were effective in training coders to code 

the same statements the same way, regardless of level of exposure to 

expected project outcomes. However, since reliability coefficients 

varied with each level of exposure to project outcome expectations, 



further research is indicated to explore the effects of level of 

exposure to project outcome expectations. 

Summary 
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As data reduction, especially narrative data reduction, requires 

attention, commitment, and skill on the part of the coder, coder 

training facilitates the reduction of complex data by providing coders 

with a structure for data reduction. It is from this process that clear 

conclusions and valid interpretations can be drawn. 

Narrative data reduction completed by trained coders leads to 

meaningful conclusions about the project. By increasing the 

reproducibility of results and reducing reliance on individual coder 

judgements, coder training contributes to minimizing personal and 

situational biases. 

Using sophisticated coders, training naive coders, or using 

an even mix of sophisticated and trained naive coders will increase the 

likelihood that narrative data will yield meaningful results. These 

results are, in turn, a valuable contribution to any evaluation as they 

yield a wealth of information which mayor may not reflect the 

quantitative data. By capturing what people say in their mm \vords, 

the evaluator uses narrative data to understand the world as seen by 

project participants. qualitative data collected from naturalistic 

methods, when combined with data from other sources, will provide the 

evaluator with a comprehensive perspective on a program. \~en data 

are collected from qualitative and quantitative methods, each 



supplements the conclusions drawn from the other, better enabling the 

evaluator to use these conclusions in decision making and 

policy development. 
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APPENDIX A 

CODER RESEARCH METHODOLOGY SOPHISTICATION CONTINUUM 

LEVEL 

Naive 

Sophisticated 

Little 

CRITERIA 

The coder has been involved in no 
research. The coder has not 
conducted or assisted in any 
research. The coder has read few 
empirically based, experimentally 
designed studies. 

OR 

The coder has been involved in, 
assisted in, or read one or two 
studies on a very superficial level. 
The coder has not conducted an 
original research project. 

The coder has been involved in, 
assisted in, or read three or more 
studies on a superficial level. 
The coder has conducted one or two 
original research projects. 

OR 

The coder has conducted several 
original research projects. The 
coder has assisted in or 
collaborated on several projects. 
The coder reads extensively in 
journals that include many research 
studies. 

Some A lot 
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APPENDIX B 

CONTENT CODES 

Topic 

1. Positive general feedback (I really liked the project.) 

2. Neutral general project feedback (Project presents an 
interesting concept. I liked the concept; on the other 
hand, I found it hard to teach.) 

3. Negative general project feedback (I found the project 
boring.) 

4. Positive Curriculum Organization including format, 
structure, and activities (Worksheets ar.e very useful.) 

5. Neutral Curriculum Organization including format, 
structure, and activities (Some worksheets are more 
useful than others.) 

6. Negative Curriculum Organization including format, 
structure, and activities (Hard to find answers in 
worksheet.) 

7. Positive curriculum completeness and clarity (Reference 
material very clear.) 

8. Neutral curriculum completeness and clarity (Some 
worksheets were very clear but others were useless.) 

9. Negative curriculum completeness and clarity 
(Worksheets too complicated for students.) 

10. Positive specific content-related comments (I really 
liked the onion project.) 

11. Neutral specific content-related comments (I liked the 
onion project, but the tomato project was too messy.) 

12. Negative specific content-related comments (The onion 
project stunk.) 

13. Positive comments about project length or any comment 
regarding time (Activities well designed for class 
period time allotment.) 
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Topic 

14. Neutral comments about project length or any comment 
regarding time (Some activities worked well in class 
period time frame but others were too long.) 

15. Negative comments about project length or any comment 
regarding time (Project too long for semester's use.) 

16. Positive specific teacher/team member related comments 
NOT related to content (Team involvement added depth 
to project.) 

17. Neutral specific teacher/team member related comments 
NOT related to content (Nurses were a big help; on the 
other hand, foodservice could be more involved.) 

18. Negative specific teacher/team member related comments 
NOT related to content (Don't see why nurses were 
included.) 

19. Positive specific student-related comments NOT related 
to content (Students are eating fewer sweets.) 

20. Neutral specific student-related comments NOT related 
to content (Students are eating cookies but are 
exercising more.) 

21. Negative specific student-related comments NOT related 
to content (Students don't see relationship between 
snacks and exercise.) 

22. Positive specific parent-related comments NOT related 
to content (Parents liked newsletter.) 

23. Neutral specific parent-related comments NOT related 
to contents (Parents liked newsletter but don't see how 
to incorporate the information into children's diet.) 

24. Negative specific parent-related comments NOT related 
to content (Parents wanted to be involved in project 
from the beginning and not told at end.) 

25. Positive project continuation comments (Continue project!) 

26. Neutral project continuation comments (Continue 
project but spread over a year, not a semester.) 

27. Negative project continuation comments (Project too 
involved to be used next year.) 
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Index 

ONE 

TWO 

THREE 

FOUR 

FIVE 

APPENDIX C 

DEPENDENT VARIABLE INDEXES 

Symbolization 

lip-liN 
n 

lip 
n 

!fN 
n 

!fA 
n 

Description 

All statements coded to be positive 
in each case are weighted and summed. 
All statements coded to be negative 
in each case are weighted, summed, 
and subtracted from the summed 
weighted positive statements. The 
resulting difference is divided by 
the total number of statements in 
that case. 

The total number of statements coded 
to be negative in each case is 
subtracted from the total number of 
statements 
each case. 
is divided 
statements 

coded to be positive in 
The resulting difference 

by the total number of 
in that case. 

The total number of statements coded 
to be positive in each case is 
divided by the total number of 
statements in that case. 

The total number of statements coded 
to be negative in each case is 
divided by the total number of 
statements in that case. 

The total number of statements coded 
to be ambiguous in each case is 
divided by the total number of 
statements in that case. 
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APPENDIX D 

CODER SELECTION FORM 

1. Name: 

2. Address: 

3. Current degree program and area: 

4. Major: Minor: 

5. Previously earned degrees: 

Areas of previously earned degrees: 

CODER ID ,, __ 

Phone No.: 
(Day and night) 

6. List the research, statistics, methodology, and research design 
courses you have taken prior to this course. 

For the following questions check the ONE response that best applies: 

7. I have conducted original research: 

(a) Never (b) Once (c) Twice 

(d) Three or four times (e) Five or more times 

If you have conducted your own research project, answer question 8; 
if not, go to question 9. 

8. The original research I conducted was: 

(a) Master's thesis 

(c) Grant-funded research 
not (a) or (b) 

(b) Doctoral dissertation 

(d) Nongrant-funded research 
not (a) or (b) 
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9. I read current research reports in my field: 

(a) Never (b) Once or twice a year __ __ 

(c) Several times a year but less than monthly __ __ 

(d) At least monthly __ __ (e) Several times a week 

lOa. I have participated in, but not conducted, an original research 
project: 

(a) Never 
(b) Once 
(c) Twice __ __ 
(d) Three or four times 
(e) More than five times 

lOb. My participation in the project(s) was primarily: 

(a) Data coder 
(b) Data gatherer 
(c) Field worker ---
(d) Program participant 
(e) Other (Please explain) ____ 

lla. A statistics/research design/research methodology course is 
required for my current degree program: 

Yes No 

lIb. List course(s): 

12a. A statistics/research design/research methodology course was 
required for my previously earned degree(s): 

Yes No 

13. On the following continuum, please mark the point you think 
best represents your level of knowledge and sophistication of 
research methodology: 

None A lot 



APPENDIX E 

CODING PROTOCOLS 

I. Manifest Content: semantic content; categories intended to 
represent the dimensions and specifics of the actual content of 
responses (as identified in Appendix E). 

II. Latent Content: abstract feeling tone 

A. Response Type 

1. Positive: a response that only contains perceptions of 
the project that represent gain, development, benefit, 
improvement, satisfaction, interest, importance. Code 
'1' and include in the ~ota1 classification code. 

2. Mixed/ambiguous: a response that contains both negative 
and positive comments about the project and could result 
in a neutral conclusion about the project. Code '3' and 
include in the total classification code. 

3. Negative: a response that contains only perceptions of 
the project that represent decline, retardation, 
detriment, loss, dissatisfaction, disinterest, unimportance. 
Code '5' and include in the total classification code. 

B. Response Rationale 

Rationale for mixed response: if a response contains one part 
without any implicit feeling tone and one part which has 
feeling tone or with opposing feeling tone, and these parts 
are connected by a word or phrase indicating a reversal of 
feeling tone, it is considered a mixed response (e.g., 
connecting words: on the other hand, however). 

46 



APPENDIX F 

SEMANTIC CONTENT ANALYSIS CODE 

First digit Second digit 
General content category Feeling tone/Latent content 

l. General project feedback l. positive 3. mixed 5. negative 

2. Curriculum organization 1. positive 3. mixed 5. negative 
(includes format, 
structure, activities) 

3. Curriculum completeness, l. positive 3. mixed 5. negative 
clarity 

4. Specific curriculum 1. positive 3. mixed 5. negative 
content-related comments, 
including information 

5. Project length (any 1. positive 3. mixed 5. negative 
reference to time) 

6. Specific teacher/team l. positive 3. mixed 5. negative 
member related comments 
NOT related to content 

7. Specific student-related l. positive 3. mixed 5. negative 
comments NOT related to 
content 

8. Specific parent-related 1. positive 3. mixed 5. negative 
comments NOT related to 
content 

9. Project continuation l. positive 3. mixed 5. negative 
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RESPONDENT ID If 

COMMENT 
NUMBER 

APPENDIX G 

CODING SCORE SHEET 

Coder ID: 

General content Feeling tone 
analysis content analysis 
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APPENDIX H 

EXPECTED PROJECT OUTCm-m SCRIPTS 

1. Positive 

I'm involved in a long-term education and demonstration 

project that is up for refunding in the fall. We've just started 

gathering data for analysis (which is what you'll be doing). 

Prior to the collection of this data, we've had field workers' 

reports from team members. Team members are the adults working with 

this project--teacher, nurses, foodservice personnel. 

The field workers have been coming back with supportive and 

encouraging reports about the curriculum kit and the project as a whole. 

Most of the team members--some of the foodservice workers and 

nurses and most of the teachers--are finding the curriculum kit very 

easy to work with. The layout, or format, of the curriculum kit is 

very clear. Answers to the work sheets/lesson activities are easily 

identified. Students are enthusiastic about the specific activities 

including the various projects outlined in the curriculum. The team 

members seem to be working well together and enjoying the interaction. 

The activities could be completed in the time allotted for presentation 

of curriculum activities. 

Needless to say, all this positive feedback from the field 

workers leaves us excited about the project. Consequently, it's really 

important that we get as clear a picture as possible of the project as 
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a whole and the curriculum kit in particular. The information 

we gather from these data will be used to evaluate the project 

for refunding. 

II. Ambiguous 

I'm involved in a long-term education and demonstration 

project that is up for refunding in the fall. We've just started 

gathering data for analysis (which is what you'll be doing). 

Prior to the collection of this data, we've had field workers' 

reports from team members. Team members are the adults working with 

this project--teachers, nurses, foodservice personnel. 

The field workers have been coming back with some interesting 

and curious reports that are somewhat ambiguous about the curriculum 

kit and the project as a whole. 
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Most of the team members--some of the nurses and food service 

workers and most of the teachers--are finding the activities in the 

curriculum kit easy to work with, although they are having a hard time 

using the resource materials. They are finding the format very clear 

but having great difficulty finding answers to the activity worksheets' 

questions. They want the worksheet answers also in the spirit master 

form like the worksheets. They find the students are very enthusiastic 

about the snack activity but bored with the body type activity 

(heights/weights). The team members think the team concept is a 

wonderful idea, only they are having an extremely difficult time 

coordinating curriculum activities and work schedules to work together 



on the project. Some teachers are saying they have enough time; 

others say the need more. 
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Needless to say, all this mixed feedback from the field workers 

leaves us perplexed about the p~oject. Consequently, it's really 

important that we get as clear a picture as possible of the project as 

a whole and curriculum kit in particular. The information we gather 

from these data will be used to evaluate the project for refunding. 

III. Negative 

I'm involved in a long-term education and demonstration project 

that is up for refunding in the fall. We've just started gathering 

data for analysis (which is what you'll be doing). 

Prior to the collection of this data, we've had field workers' 

reports from team members. Team members are the adults working with 

this project--teachers, nurses, foodservice personnel. 

The field workers have been coming back with the most 

disappointing and discouraging reports about the curriculum kit and 

the project as a whole. 

Most of the team members--some of the nurses and food service 

workers and most of the teachers--are finding the curriculum kit very 

cumbersome to work with. They find the layout and format unclear. 

They are having difficulty finding worksheet answers to the lesson 

activities difficult at best. Students are frustrated with the 

activities and various projects outlined by the curriculum. Directions 

for integrating team members into presentations of the curriculum are 



basically confusing. They are finding the time allotted for 

presentation of curriculum activities insufficient, at best. 

Needless to say, all this negative feedback from the field 

workers leaves us despairing about the project. Consequently, it is 

really important that we get as clear a picture as possible of the 

project as a whole and the curriculum kit in particular. The 

information we gather from these data will be used to evaluate the 

project for refunding. 

52 



APPENDIX I 

SOURCE TABLES BY DEPENDENT VARIABLE INDEX 

INDEX ONE 

EFFECT df SS MS F P 
A 2 306.5 153.3 1.07 QF >.25 

B 1 376.2 376.2 2.76 QF <.25 

C:AB 12 1534.2 127.9 3.56 <.01 

S 24 88643.5 3693.5 102.69 <.01 

AB 2 630.1 315.1 2.10 QF <.7.5 

AS 48 2465.1 51.4 1.43 <.10 

BS 24 1060.3 44.2 1.23 <.25 

CS:AB 288 10358.9 35.9 

ABS 48 2787.7 58.1 1. 61 <.05 

TOTAL 449 108162.9 

QF = Quasi! ratio 

INDEX TWO 

EFFECT df SS MS F p 

A 2 364.8 182.4 0.40 QF >.25 

B 1 560.4 560.4 1. 43 QF >.25 

C:AB 12 4488.9 374.1 5.70 <.01 

S 24 183947.6 7664.5 116.79 <.01 

AB 2 2872.1 1436.0 3.35 QF <.10 

AS 48 4075.6 84.9 1.29 <.25 

BS 24 2017.1 84.0 1.28 <.25 

CS:AB 288 18900.3 65.6 

ABS 48 5780.3 120.4 1.83 <.01 

TOTAL 449 223007.3 

QF = Quasi F ratio 
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INDEX THREE 

EFFECT df SS 118 F E 
A 2 52.1 26.1 0.26 QF >.25 

B 1 23.7 23.7 0.26 QF >./.5 

C:AB 12 1152.5 96.0 5.72 <.01 

S 24 50725.0 2113.5 125.99 <.01 

AB 2 285.3 142.7 1.42 QF >.25 

AS 48 949.1 19.8 1.18 <.25 

BS 24 307.9 12.8 0.76 >./.5 

CS:AB 288 4836.3 16.8 

ABS 48 1000.4 20.8 1.24 <.25 

TOTAL 449 59332.6 

QF = Quasi! ratio 

INDEX FOUR 

EFFECT df SS 'HS F E 
A 2 382.8 191.4 1.31 QF >.25 

B 1 432.3 432.3 3.26 QF <.10 

C:AB 12 1567.1 130.6 3.99 <.01 

S 24 41381. 7 1724.2 52.80 <.01 

AB 2 1802.2 901.1 5.78 QF <. 05'~ 

AS 48 2311.1 481.5 1.47 <.05 

BS 24 835.9 34.8 1.07 >.25 

CS:AB 288 9404.0 32.7 

ABS 48 2784.9 58.0 1. 78 <.01 

TOTAL 449 60902.0 

QF = Quasi! ratio 



APPENDIX J 

MEANS AND STANDARD DEVIATIONS FOR FACTORS A AND B BY 
DEPENDENT VARIABLE INDEX 

FACTOR Al A2 A3 B1 B2 

INDEX X SD X SD X SD X SD X SD 

1 96.52 4.24 101.84 10.56 102.26 8.59 103.10 10.39 97.31 3.96 

GRAND MEAN 100.21 SD 8.18 

2 91.34 9.69 96.81 16.63 97.82 16.22 98.85 17.49 91.80 8.97 

GRAND MEAN 95.32 SD 13.96 

3 41;11 3.71 43.29 7.91 40.92 6.37 42.50 8.21 41.05 2.67 

GRAND HEAN 41. 77 SD 5.97 

4 50.12 5.96 45.86 8.85 43.02 13.82 42.23 11.83 49.43 6.90 

GRAND l1EAN 46.33 SD 9.92 
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