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Abstract 
 
 
It is well established that discussion networks have meaningful consequences for a variety of 

sociopolitical attitudes and behavior. In this project, we explore how social structure shapes 

reactions to disaster; in particular, the 2010 BP oil. We address the questions of how networks are 

relied upon following community-wide disaster, and to what extent to these networks mirror social 

structures in other domains. To examine these questions, we analyze data that experimentally vary 

the commonly employed discussion “name generator” questions, to see if oil spill discussants are 

fundamentally different from important matters discussants.  Relative to “important matters” 

discussants, we find strong support for a specialist model in response to disaster; oil spill discussants 

tend to be less intimate, more knowledgeable, more active, and more talkative about the oil spill. 

Ultimately, this suggests a contextual basis for the formation of and reliance on discussion networks. 

 
 

 

 

 

 

 



Introduction 

It is well documented that social context strongly shapes individual behavior. From decision-making, to information 

dissemination, to political behavior, and the ability to effectively manage a complex social environment, a growing 

body of scholarly work has demonstrated that social networks play both indirect and direct roles in shaping attitudes 

and behavior (Fowler and Cacioppo 2009; Berelson, Lazarsfeld and McPhee 1954; Huckfeldt and Sprague 1994, 

2004; Huckfeldt, Johnson, and Sprague 2004; Mutz 2006).  We extend this literature by exploring how social 

structure shapes reactions to disaster. In particular, we address the question of how networks are relied upon 

following community wide disaster, and to what extent to these networks mirror social structures in other domains.  

On one hand, it is recognized that networks are context independent; individuals typically rely on a core 

network of intimate ties, such as spouses, kin, and close friends (Klofstad, McClurg and Rolfe 2009; Marsden 1987).  

These intimate networks serve a variety of functions in crisis, providing social support, information, and 

opportunities to engage in behavior to cope with disaster (Hurlbert, Haines and Beggs 2000; Shavit, Fischer and 

Koresh 1994; Vardna et al 2009). These “strong ties” may also provide a social structure to navigate the emotional, 

physical, and economic consequences that accompany catastrophic life events. Indeed, scholars have shown that 

intimate relationships ultimately develop into cognitive schemata that are drawn upon to cope in threatening 

circumstances (Mikulincer and Shaver 2003).  

While networks of strong ties may be relied upon in a host of circumstances, we suspect that victims of 

disaster may also generate new relationships to cope with uncertainty. Less intimate acquaintances may possess 

knowledge and social resources not available in core networks, leading victims to turn to these individuals in times 

of crisis (Vardna et al 2009; Banks and Carley 1996). Such expectations are rooted in Granovetter’s (1973) seminal 

work on “weak ties,” in which less intimate interpersonal relationships facilitate information flow and integration 

into one’s community. As such, it is conceivable that specialist networks emerge following disaster, and these 

networks will be normatively beneficial, affording victims broader social resources (Klofstad et al 2009). 

In this paper we pick up where others have left off (Klofstad et al 2009) by examining whether disaster 

facilitates the formation of specialist networks. We contend that social networks are created to cope with unique, 

threatening circumstances, and social networks forged in the wake of disaster may be different from those in more 

commonly encountered domains. We examine this possibility in the context of the 2010 BP Oil Spill, a disaster with 

wide reaching financial and environmental implications that affected residents along the U.S. Gulf Coast. To 



examine what types of networks are relied upon, we experimentally vary the name generator question used in survey 

research which asks respondents to name up to five people with whom they discussed “important matters.”  Our 

experiment allows us to contrast networks that address important matters with those pertaining to the oil spill. Prior 

to describing our research design, however, we review the literature on network formation and elaborate on the 

unique ways in which interpersonal relationships are utilized in the wake of disaster. 

Social Networks and Disaster 

The BP oil spill had substantial consequences for the security of individuals, families and communities. 

Coastal communities experienced significant instability as the primary source of income shifted from tourism and 

fishing to relief efforts, and small towns, once a tourist destination, became the destination of relief workers and 

political figures. The summer of 2010, and the year that followed, was marked by heightened uncertainty about the 

long term ecological and economic consequences of the spill. Within this context, affected individuals had to 

navigate an environment that provided little concrete information about how the spill was likely to impact their 

health and economic security. One important way they sought to mitigate this uncertainty was to seek information 

from interpersonal others. 

Though it is likely the case that social networks helped structure behavioral and attitudinal reactions to the 

spill, there has not been much work examining the unique nature of disaster- oriented networks.  Much of the early 

research examining social network creation, and the consequent influence from conversations within those networks, 

assumed that people rely heavily on frequently encountered, intimate acquaintances, such as family and close friends 

(Mizruchi 1993). For instance, research on early childhood socialization placed an emphasis on the family as a 

primary agent of social influence (Jennings and Niemi 1968. 1974, 1981; Jennings, Stoker, and Bowers 2009). 

Doreian and Conti (2012) similarly find that social context and geography influence the formation of social 

networks. Accordingly, relationships marked by frequent contact, intimacy, and mutual respect, should be at the 

heart of the social influence process.  Indeed, numerous investigations dating to the studies of the Columbia School 

utilized this general expectation in the study of social influence (Lazarsfeld, Berelson, and Gaudet 1948; Berelson, 

Lazarsfeld, and McPhee 1954).    

Applied to crisis, this theoretical approach – the social cohesion model – implies that close, intimate 

interpersonal relationships should be heavily relied upon to cope with the physical and psychological consequences 

of disaster (House 1987). Hurlbert, Haines and Beggs (2000) similarly demonstrate that, in the wake of Hurricane 



Andrew, dense, core networks consisting of kin relationships were utilized. Similarly, Haines, Hurlbert and Beggs 

(1996) show that dense networks were also more likely to generate social support among respondents, such as 

material aid.  A separate literature in social psychology also supports the notion that core relationships are relied 

upon in threatening circumstances. Research on interpersonal attachment, an evolutionary theory on how intimate 

relationships shape expectations regarding the accessibility of close partners, provides a cognitive basis for the 

importance of close relationships in times of disaster (Bowlby 1969/1982, 1973; Ainsworth, Blehar, Waters, & 

Wall, 1978; Mikulincer and Shaver 2003). Originating in early development, individuals form a mental prototype of 

their caregiver (and eventually other intimate acquaintances), which become cognitively salient in times of pervasive 

threat and uncertainty  (Sroufe and Waters 1977). For instance, Mikulincer, Gilath and Shaver (2000) demonstrate 

that threat enhances the accessibility of others available for support. Thus, there is both a sociological and 

psychological foundation for how close ties condition an individual’s response to crisis. Socially well-adjusted, 

close relationships provide the cognitive tools necessary to cope with threat and uncertainty.  

On the other hand, it is important to consider that one’s social relationships are embedded within a broader 

social structure, whereby social influence may flow from similar social encounters, instead of being conditioned by 

close relationships. An alternative to the social cohesion model is the structural equivalence model, in which social 

position is a predictor of social influence (Burt 1987; Wasserman and Faust 1994). Individuals are said to be 

structural equivalent if they share network ties (Burt 1993; Lorrain and White 1971; Wasserman and Faust 1994). 

Accordingly, influence travels through jointly held positions (Mizruchi 1993). In the domain of medical innovations, 

for instance, Burt (1987) demonstrates that innovations are driven by constellations of similar relationships rather 

than cohesive ties.   

Structural equivalence and social cohesion models have been analyzed using both sociometric and 

egocentric data. The former is perhaps the more ideal data structure, as one is able to examine the full pattern of 

network relationships. However, in egocentric data -- in which data are available for a set of n respondents and j 

named discussants – it is also possible to contrast these two approaches. Although one is unable to identify 

equivalent ties relative to all network ties, community indicators, occupation, and socioeconomic positions may be 

used to describe the nature of network ties (and subsequent influence). For instance, Huckfeldt, Beck and Dalton 

(1995) examine social influence in the context of vote preferences, and they find that county level vote returns – a 

macro indicator – strongly predict vote preference among individuals who report social networks of at least one non-



relative. Socially cohesive networks isolate individuals from the broader community, creating echo chambers of 

like-minded individuals. However, less cohesive networks are more permeable and augment the impact of weaker 

community-oriented ties (Huckfeldt et al 1995; Huckfeldt and Sprague 1991). 

 Applied to disasters, according to structural equivalence, individuals may rely less heavily on cohesive 

relationships. The reasons are threefold: First, community wide disasters typically have a large impact, adversely 

affecting substantial swaths of a community or region. Thus, affected individuals may encounter opportunities to 

interact with others confronting similar situations. Second, by virtue of experiencing a common threat, community 

members may experience a linked fate, which may translate to new network ties (Varda, Forgette, Banks, and 

Contractor, 2009).  Finally, information is transmitted and disseminated through community organizations and local 

governments. In these settings, members may feel compelled to interact with more diverse acquaintances.  

Scholars have shown that “weak ties” provide superior “integration into several spheres of society, which is 

deemed advantageous for instrumental actions like gathering information (Grannovetter 1973; Line et al 1981; 

Campbell et al 1986)” (Marsden 1987, p.124). Varda et al (2009) provide a holistic account of how network ties are 

activated in crises. 

“These [ties] could include, but are not restricted to exploring new ideas, exploiting existing 

resources, mobilizing toward collective action, bridging across boundaries, bonding for 

social support, or swarming wherein a latent networks [sic] is rapidly activated.” (p. 20).  

In other words, a “swift trust” between less intimate acquaintances may emerge (Varda et al 2009, p. 20; Banks and 

Carley 1996). 

Specialist and Core Networks 

In terms of socially structured responses to disaster, one way in which these conceptual models differ is whether 

individuals rely on core networks of cohesive friends and family, or whether they create specialist networks of 

people based on the subjects of conversation.  According to the former, networks should “be composed of a core set 

of people who are there because they are family members, spouses, close friends, and co-workers (Klofstad et al 

2009, p. 466).” On the other hand, specialist networks are composed of people who possess information relevant to 

the topic of conversation.  According to this model, people seek out individuals whose views and expertise may not 

be available through their network of core associates.  As this statement implies, people are after the best sources of 

information, an undertaking that almost certainly takes them outside the confines of primary social groups (Klofstad 



et al 2009 p. 466). Obviously, core and specialist networks may overlap at times, as, for example, when spouses or 

close friends are knowledgeable on a particular subject of conversation. But, as we will argue later, the distinction is 

important for both the scholarly understanding of network construction, and for the opportunities for information 

and support these specialist networks can provide.   

Klofstad and colleagues (2009) provide one of the more comprehensive accounts of different networks 

using various name generator procedures. They compare a “politics” name generator with an “important matters” 

name generator in three surveys conducted over a ten year span. They find evidence supporting the core network 

model: Across name generators, networks consisted of the same group of family, friends, coworkers, regardless of 

the topic of conversation. These findings may be taken as evidence to support the notion that core networks 

transcend types of discussion; however, social networks may serve qualitatively different roles following disaster. 

Klofstad et al (2009) base their expectation that the core network model will prevail on issue salience; they argue 

that since most people do not pay much attention to politics most of the time, the political networks they construct 

during the stimulus of an election campaign will be drawn from the same network of individuals they utilize when 

discussing other important issues. Thus, the “political matters” and “important matters” prompts may trigger less 

salient, less emotionally evocative memories than something as catastrophic as an oil spill, hurricane or other large 

scale disaster. Considering the latter, these circumstances may motivate individuals to venture outside of their core 

networks.  

We do not disagree with the argument that issue salience should affect whether specialist social structures 

emerge. Instead, we suspect core, cohesive networks relied upon to discuss important matters will be qualitatively 

different, whereby specialized social structures will be constructed and/or activated to cope with the unique 

circumstances accompanying community-wide disaster.   We examine this by contrasting the “important matters” 

name generator with a disaster-specific name generator, which we administer to a sample of individuals along the 

Louisiana coast. 

Data and Methods 

 The BP oil spill provides a unique circumstance to examine whether qualitatively different interpersonal 

social networks emerged; networks that may have provided different information, psychological solace, and 

opportunities for political action. This environmental tragedy was unlike others in recent years, due to its protracted 

nature: The Deepwater Horizon explosion occurred in late April of 2010, and it was not until July 15, 2010 that the 



oil well was temporarily capped. In August of that year the well was permanently capped through the so-called 

“static kill” operation. Throughout this period, the Gulf Coast experienced a great deal of instability, as fishing areas 

were closed, tourists avoided the region, concern grew over the safety surrounding Gulf Coast seafood, and many 

shifted attention toward the cleanup effort. Over the year that followed, the longer-term environmental and 

economic consequences of the spill remained – and in many ways continue to remain -- largely unknown (Inkley, 

Kronenthal, and McCormick 2013).   

 In this project, we utilize a two-wave panel dataset gathered from 2010 -- weeks before the well was capped -

- through the fall of 2011. Our sample consists of residents in Louisiana zip codes affected by the oil spill. We 

surveyed Grand Isle and Venice, both coastal communities in Louisiana. Respondents were interviewed from 

Plaquemines, Lafourche, St. Bernard and Jefferson Parishes. Combining the two waves, our sample consists of 

n=1,801 adults. The first wave of data was collected from April 28, 2010 to July 31, 2010 and consisted of n=1,153 

respondents. The second wave consisted of n=897 individuals. Nine-hundred-and-four respondents participated in 

wave I, but not wave II. Given such substantial attrition, we supplemented the wave II data with a fresh sample of 

individuals not interviewed in wave I (n=648). Due to the lack of overlap in these datasets, we analyze the wave I 

and II data separately, rather than combining the data into a single panel dataset. 

 To measure characteristics of social networks, we rely on a variant of the “important problems” name 

generator commonly used in the General Social Survey and (in some years) in the American National Election Study 

(Marsden 1987). The methodology differs somewhat between first and second waves. In the first wave, respondents 

were offered the following prompt: 

Now let’s shift our attention to another area.  From time to time, people discuss important matters with 
other people.  Looking back to the days following the oil spill in the gulf, I’d like to know the people you 
talked with about the spill.  These people might be relatives, friends, coworkers, or neighbors.  Could I 
have the first name and last initial of anyone like this? 

 

The prompt asked the respondent to list the names of individuals, the discussants in which the respondent interacts 

with.  

 In the second wave we incorporated an experimental component to this name generator, in order to 

examine whether discussion networks relied upon during the oil spill were qualitatively different from networks 

relied on for other interpersonal communication. This randomized component allows us to explore whether crisis-

based networks are unique. Half of the sample was asked to provide information about respondents using the 



identical wording displayed above; the remaining half were offered the more traditional “important matters” prompt, 

lacking mention of the oil spill: 

Now let’s shift our attention to another area.  From time to time, people discuss important matters with 
others. I’d like to know the people who you talk with about important matters.  These people might be 
relatives, friends, coworkers, or neighbors.  Could I have the first name and last initial of anyone like 
this? 
 

 In both waves, each prompt asked for up to five of discussants. One by one, respondents were then asked a 

series of questions about these named discussants, which included relationship (e.g., family member, friend, 

coworker, etc.), the frequency of discussion, and the length of time the respondent has known the discussant. We 

also asked a variety of attitudinal, information-seeking, and behavioral questions (e.g., civic engagement, financial 

impact, emotional reactions). The question wording for each analyzed item appears in the supplementary online 

appendix (Table A2). 

The Nature of Crisis Networks 

We begin by describing the characteristics of oil spill discussion networks in Wave I; in particular, we elaborate on 

how these networks fulfill a host of psychological and informational needs. Recall, our Wave I data were collected 

in the months following the Deepwater Horizon explosion. While of limited value in directly contrasting the 

specialist and core models, these data allow us to briefly describe the unique characteristics of networks created in 

the wake of catastrophe. Following this, we corroborate the general pattern of findings with the name generator 

experiment, in which we contrast the “important matters” and oil spill name generators. 

***INSERT TABLE 1 ABOUT HERE*** 

 Table 1 depicts the characteristics of discussion oil spill discussion networks. In the data, the modal category 

was to not list a discussant (49%; M=1.25, SD=1.65). Unlike Klofstad et al (2009), our respondents were slightly 

more reluctant to list a discussant. For instance, Klofstad et al (2009, Table 2) contrast several name generators in 

three datasets. In these data, eight of nine name generators produced two or more discussants. The reluctance to 

identify network members may be due to the nature of our sample, which consists of relatively small, southern, rural 

communities, or it may be a function of the name-generator question itself.  

 Moreover, the oil spill networks were likely to consist of close acquaintances and to a lesser degree, family 

members. Forty percent of named discussants were non-relatives, 39% were relatives, and 21% were spouses. 

Roughly 4/5 of respondents identified discussants as being a friend or close friend, suggesting these networks 

consist of intimate, trusted acquaintances. These estimates are quite similar to the distributions detailed by Klofstad 



et al (2009, Table 2). Relatively few discussants were coworkers (18%). This underscores the importance of social 

trust in discussion networks. Respondents reporting greater reliance on social networks of close friends and relatives 

during this crisis, which undermines support for our first expectation. At first blush, our data seem to support the 

core, rather than specialist, network model. 

 Consistent with previous work, network formation does not seem to be a function of seeking out politically 

like-minded individuals. In our survey, we included a number of political questions. The overall level of media 

consumption was relatively high (M=2.57, SD=0.47), and discussants were reported to be moderately interested in 

politics (M=3.83, SD=1.05). We also find a fair amount of network disagreement. Discussants were only slightly 

more likely to have the same political beliefs (M=2.70, SD=0.94), 59% of discussants shared the same party label, 

and 52% shared the same ideological label.1 These findings too seem to provide support for the core model, in that 

discussion networks are formed from close-friends and family that are not formed for political discussion. 

 The data in Table 1, however, also demonstrate that these networks are specialized by consisting of 

knowledgeable and involved discussants. In particular, respondent’s reported a heightened degree of “oil spill 

discussion” (M=3.57, SD=0.58), and named discussants were quite knowledgeable on matters pertaining to the spill 

(M=2.64, SD=0.47). Discussants indicated they were “more likely” to be engaged in civic behaviors, such as 

attending meetings (M=2.14, SD=0.50) and contacting government officials (M=2.17, SD=0.55).  Though the 

overall composition of the oil spill networks seem to resemble a core network, the results also partially support the 

specialized model, in that these networks consist of discussants who engaged in information seeking and behaviors 

meant to address the consequences of the spill. 

 In many ways, these results provide mixed support for our contention that oil spill networks are unique 

relative to networks in other domains (e.g., politics). In some ways, the findings echo the work of others (e.g., 

Klofstad et al 2009), in that oil spill discussion occurred in the same interpersonal settings accompanying political 

discussion.   Respondents reported social networks of close friends and relatives, with relatively little interest and 

involvement in politics. And, these networks likely fulfilled an important role in providing information and support 

to respondents. Yet, oil spill networks were somewhat specialized -- discussants were quite knowledgeable and 

                                                        
1 We generated this indicator based on the respondent’s reported party identification and the party and ideological 
leanings of political candidates chosen by the discussant. Given the lack of complete overlap in question wording, this 
may be the reason for such heightened agreement. 



engaged in matters pertaining to the spill.  

 However, there are important limitations to these data. First, we do not have an appropriate baseline of 

comparison. Although we are able to document the basic characteristics that accompany the oil spill name generator, 

it is unclear if the characteristics of these networks are substantially different from important matters networks. We 

can contrast our networks to others (e.g., Klofstad et al 2009), but the context in which we collect our data is quite 

different. Much of the existing name generator data rely on larger more urban populations, and do not focus on 

small, tight-knit communities. Even if our data appear similar to other networks, it could be the case that the data 

generated by the same important matters name generator may be different, by consisting, for instance, of even 

closer, intimate core networks. Ultimately, our goal is to contrast the core network model to the specialist model and 

explore whether networks constructed in the wake of the spill differ important ways. To more effectively examine 

this, we turn to our Wave II data, which implements a randomized name-generator prompt. 

Contrasting Name Generators 

Consistent with the specialist model, we expect oil spill networks to be larger and less intimate than 

important matters networks.  The Wave I results provide mixed evidence of this, but we are unable to effectively 

compare name generators, as these data only relied on a single name prompt. In our Wave II data, we experimentally 

varied the name generator prompt, in order to examine whether oil spill networks are unique with respect to 

frequency of discussion, knowledge of the spill, and public activity.  Relative to the important matters name 

generator, we expect oil spill networks to display more frequent discussion of the spill, greater knowledge 

concerning the spill, and to be more active in response to the spill. We also anticipate different attitudinal and 

emotional responses in the oil spill name generator condition, as individuals are expected to surround themselves 

with others who have similar cognitive, behavioral, and affective reactions.2 

To explore these questions, we estimated a series of regression models in which the attributes of the jth 

discussant were regressed on a variable denoting whether the ith respondent was assigned the oil spill or important 

matters name generator. The coefficient thus represents the treatment effect. Because the data are “nested,” with the 

jth respondent being listed by the ith discussant, we estimated a series of regression models with robust standard 

                                                        
2 We do not find differences in “degree” between the name generators. The oil spill name generator produced an 
approximately equal number of discussants (Mean=2.07) relative to the important matters name generator (Mean=2.11; 
t=0.27).  



errors clustered at the level of the respondent.  This is necessary given the fact the discussant data are not 

independently observed. These results are displayed in Table 2. 

The parameterizations of our regression models were determined based on the nature of the dependent 

variable. The effect of the treatment on Network Intimacy (non relative, relative, spouse) was estimated using 

multinomial logit. Whether the discussant is a Close Friend, Coworker, has a College Degree, and Political 

Agreement were estimated using a binary logistic regression. Frequency of Discussion, Knowledge, Attend Meetings, 

Media Consumption, Subjective Political Agreement, and Political Interest were estimated using an ordered logistic 

regression. The remaining variables were estimated using linear regression. The full question wording may be found 

in the supplementary appendix. 

In terms of overall network intimacy, Table 2 demonstrates that oil spill networks were less likely to 

consist of spouses and relatives, relative to non-relatives. They were also less likely to consist of close friends, and 

respondents talked with discussants less frequently, on average, in oil spill networks. However, we do not find that 

coworkers are more likely to be named in oil spill networks.  To further clarify the magnitude of these effects, we 

plotted the predicted probabilities (for binary, multinomial, and ordinal logistic regression models) and expected 

values (for linear regression models) in both experimental conditions. The top panel of Figure 1 displays the results 

for our intimacy variables, as well as 95% confidence intervals surrounding each estimate. Overall, oil spill 

networks are less likely to consist of close friends and family. For instance, Figure 1 demonstrates that oil spill 

respondents were somewhat more likely to name non-relatives as discussants (pr(Non Relative|Oil Spill)=0.51, 95% 

CI=[0.47, 0.55]) than were important matters discussants (pr(Non Relative|Important Matters)=0.45, 95% CI=[0.41, 

0.49); with a marginal change in predicted probabilities (Δ=0.06, 95% CI=[0.006, 0.12]). Consistent with Table 1, 

spouses were significantly less likely to be named in the oil spill condition (pr(Spouse|Oil Spill)=0.10, 95% 

CI=[0.08, 0.11] ) than in the important matters condition (pr(Spouse|Important Matters)=0.15, 95% CI=[0.13, 0.17]; 

Δ =-0.05, CI=[-0.08, -0.02]). Similarly, the estimated probability that important matters discussants were friends or 

close friends was 0.89 (95% CI=[0.85, 0.93]), which decreased to 0.83 among oil spill discussants (95% CI=[0.79, 

0.88], Δ =-0.06, 95% CI=[-0.12, -0.002]).  On the whole, these results are consistent with the specialist model – oil 

spill networks consist of relatively “weaker ties” as evidenced by fewer close friends and family members and a 

reduced likelihood of discussion overall. 

***INSERT TABLE 2 AND FIGURE 1 ABOUT HERE*** 



Oil spill networks also displayed a greater degree of public activity related to the oil spill. Relative to 

important matters discussants, oil spill discussants were significantly more likely to attend meetings pertaining to the 

oil spill, had more knowledge about the oil spill, and were more likely to contact government officials. The bottom 

panel of Figure 1 displays the probabilities and expected values for public activity. The probability of reporting an 

increased likelihood in attending meetings was 0.27 (95% CI=[0.23, 0.31],) in the oil spill condition, but only 0.16 

(95% CI=[0.14, 0.19],) in the important matters condition (Δ =0.11, 95% CI=[0.06, 0.16]). The probability of 

discussants knowing a great deal about the oil spill was 0.59 (95% CI=[0.55, 0.63]), in the oil spill condition, yet 

0.48 (95% CI=[0.44, 0.52])  in the important matters condition ( Δ =0.10, 95% CI=[0.05, 0.16]). Finally, oil spill 

discussants were more likely to discuss the oil spill (pr(Discuss|Oil Spill)=0.29, 95% CI=[0.25, 0.33] ) and contact 

public officials about the oil spill (pr(Contact|Oil Spill)=0.29, 95% CI=[0.25, 0.33] )  (Discussion: Δ =0.06, 95% 

CI=[0.02, 0.11]; Contact: Δ =0.10, 95% CI=[0.05, 0.15]). Again, we take this as evidence supporting our 

expectations, as networks emerged to uniquely cope with the crisis as it unfolded along the coast. 

According to the specialist model, social networks are created in response to a particular stimulus and 

discussants are chosen based on their expertise and views related to that stimulus.  Consequently, oil spill 

discussants should not differ from important matters discussants on non-oil spill related issues.  As indicated in 

Table 2, we do not find differences between the name generators with respect to media consumption, party-based 

agreement, ideological agreement, subjective political agreement, or political interest.  The top half of Figure 2 

further underscores the negligible differences across name generators. In all cases, the confidence intervals overlap 

with the point estimates. These results underscore the notion that oil spill networks serve a unique function – 

providing a social basis for coping with the spill.  

***INSERT FIGURE 2 ABOUT HERE*** 

Finally, we consider whether the name generator prompt produced differences with respect to several 

psychological and demographic variables. This is the final row of estimates in Table 2.  

If issue salience is the important intervening factor in construction of a specialist network, then we would expect to 

see greater emotional reaction and reported adverse personal and social impact from oil spill discussants relative to 

important matters discussants.  We constructed a scale negative affect scale from six items – reported anger, fright, 



worry, hope, depression, and sadness – regarding the discussant’s emotional state.3 The scale was recoded to vary 

from 0 to 1, where high scores denote greater negative affect. Second, we constructed a scale of adverse impact, 

which is an average of three questions inquiring about the impact of the spill on one’s family, physical health, and 

financial well-being. This scale, too, was recoded to vary from 0 to 1, with higher scores denoting greater adverse 

impact.4 As can be seen, the negative emotional effects of the spill seem to be felt more keenly by oil spill 

discussants than by important matters discussants. Table 2 and the bottom half of Figure 2 demonstrate that while 

there were non-significant differences with respect to negative affect, oil spill discussants were more likely to report 

being concerned about the adverse impacts of the spill.  

 Finally, we find that males were more likely to be consulted in oil spill networks than important matters 

networks, which we suspect is due to the basic demographics of this region of south Louisiana and of gulf related 

occupations. If individuals in gulf related occupations (mostly oil and seafood) are more likely to be male, it stands 

to reason that males may be more likely to be consulted in discussions regarding the spill. This is precisely what we 

find, suggesting that the specialist model seemed to prevail in oil spill related discussion networks. 

Stability Analysis 

One potential limitation of our data is that networks may have changed across waves. Perhaps oil spill oriented 

networks relied on core acquaintances in the weeks and months following the spill, but subsequently shifted to a 

specialist orientation. Similarly, how different were wave II important matters networks relative to wave I oil spill 

networks. Recall we find that important matters and oil spill networks were indeed different – as evidenced in Table 

2 -- but these data were collected in 2011, one year after the spill. To address this concern, we conducted a stability 

analysis, examining whether oil spill networks in wave II were different from oil spill networks in wave I. Here, we 

explore whether important matters networks in wave II were different than oil spill networks in wave I? Although 

our data preclude us from looking at individual change, we are able to examine aggregate shifts in the questions 

shown in Table 2. We anticipate that our initial wave I oil spill networks will not be qualitatively different from 

those reported in wave II, though we should see systematic differences with respect to important matters networks 

(by virtue of relying on core acquaintances). 

                                                        
3 For up to five named discussants, these items scaled together well (Discussant 1: 𝛼𝛼=0.84; Discussant 2: 𝛼𝛼=0.84; 
Discussant 3: 𝛼𝛼=0.85; Discussant 4: 𝛼𝛼=0.88; Discussant 5: 𝛼𝛼=0.86) 
4 For up to five named discussants, these items also scaled together well (Discussant 1: 𝛼𝛼=0.76; Discussant 2: 𝛼𝛼=0.81; 
Discussant 3: 𝛼𝛼=0.81; Discussant 4: 𝛼𝛼=0.79; Discussant 5: 𝛼𝛼=0.80). 



 We examine these expectations by re-estimating the models in Table 2 with an indicator of whether the data 

come from the wave II oil spill name generator or the wave II important matters name generator. The coefficients – 

which are displayed in Table A1 of the appendix – are in reference to the wave I oil spill name generator. From 

these models, we then estimated changes in expected values and probabilities relative to the wave I oil spill name 

generator. These estimates were entered in Table 3. Positive values indicate a relative increase in the variable of 

interest, whereas negative values indicate a decrease. We also display 95% confidence intervals in brackets, which 

represent the amount of uncertainty in our estimates. 

***INSERT TABLE 3 ABOUT HERE*** 

 For several variables, we find changes across waves. For instance, relative to wave I, network degree 

increased for both important matters (∆=0.79, 95% CI=[0.59, 0.99]) and oil spill (∆=0.83, 95% CI=[0.63, 1.02]) 

prompts. Likewise, we find relatively uniform declines in general news media consumption (Important Matters ∆=-

0.22, 95% CI=[-0.28, -0.16]; Oil Spill ∆=-0.20, 95% CI=[-0.26, -0.14]) and negative affect (Important Matters ∆=-

2.32, 95% CI=[-2.39, -2.24]; Oil Spill ∆=-2.29, 95% CI=[-2.36, -2.21]). Recall, however, that our key test of the 

specialist versus core models is whether (1) individuals rely on qualitatively different social ties, and (2) whether oil 

spill related attitudes and behavior are different across prompts. 

 The amount of network intimacy was relatively similar from wave I to wave II oil spill name generators. 

While non-relatives were somewhat more likely to be listed in the wave II oil spill prompt (∆=0.09, 95% CI=[0.04, 

0.15]), the probability of listing a close friend, or coworker remained relatively constant. However, close friends 

were more likely to be listed in the important matters prompt (∆=0.08, 95% CI=[0.03, 0.15]). In terms of behavior, 

we find several relatively modest changes. The probability of oil spill discussants attending a meeting increased 

(∆=0.07, 95% CI=[0.02, 0.12]), whereas knowledge and discussion decreased (Knowledge: ∆=-0.08, 95% CI=[-

0.13, -0.02]; Discussion: ∆=-0.36, 95% CI=[-0.41, -0.31]). What is important to note, however, is that the important 

matters prompt generated considerably less knowledgeable discussants (∆=-0.18, 95% CI=[-0.23, -0.13]) that also 

discussed the spill less frequently  (∆=-0.42, 95% CI=[-0.47, -0.38]). Unlike Wave II oil spill discussants, Wave II 

important matters discussants were also less likely to engage in contacting public officials (∆=-0.05, 95% CI=[-0.09, 

-0.01]) 

 While Table 3 shows several changes in oil spill networks across waves, these differences do not consistently 

undermine the general finding that oil spill networks were more specialized in nature. Table 3 indicates oil spill 



networks, for some variables, grew more specialized, marked by less intimate contacts. We believe this general 

pattern of results emphasize how context – here, disaster -- shapes the nature of social interaction.    

Conclusion and Discussion 

 In this paper we examined how people in affected communities of south Louisiana used social networks in 

the wake of the BP oil spill of 2010.  We hypothesized that, given the unique circumstances accompanying this 

disaster, social networks were more likely to be characterized by the specialist model rather than the core network 

model.  By randomly assigning respondents to different name generators, we were able to contrast two distinct types 

of social networks. Contrary to previous studies comparing name generator questions, we find much greater support 

for the specialist model of network activation.  Oil spill discussants tended to be less intimate, more knowledgeable, 

more active, more talkative about the spill, and more affected by the spill than are the important matters discussants.  

Also, they were not substantially different with regard to issues unrelated to the spill.  We found non-significant 

differences for political interest, a finding consistent with the specialist model since neither name generator question 

asked for political discussants. 

 Three aspects of our study are particularly noteworthy and underscore the argument that individuals create 

specialist networks in the aftermath of community-wide disaster.  First, our results indicate that spill discussants 

were relied upon for conversations about the spill, rather than general conversation. Relative to important matter 

subjects, oil spill respondents reported more oil spill discussion, but less general discussion. This result indicates 

that, in this disaster, individuals ventured outside the confines of their core networks.  

 Second, our analyses provide relatively conservative tests of our primary expectation that disasters generate 

specialist networks. There is arguably substantial conceptual overlap between “important matters” and the oil spill – 

we suspect that some important matters discussions were oil spill focused. We chose this baseline intentionally, as 

the important matters prompt is widely used in the literature. Because respondents in both conditions were drawn 

from affected communities, and because the oil spill certainly constituted an “important matter,” it is noteworthy 

that we were still able to document a difference in treatment conditions. The important matters prompt is widely 

known to produce core network discussants (Klofstad et al 2009). However, we have demonstrated that a significant 

degree of specialized discussion occurs outside the confines of these core networks. 

 Finally, oil spill discussants were reported to have experienced greater financial, physical and emotional 

distress, relative to important matter discussants. It is perhaps because of this that oil spill discussants were 



knowledgeable and engaged in civic activities, such as attending community meetings. These findings attest to the 

emotional salience of this event, and further underscore Klofstad et al’s (2009) expectation that specialist networks 

are more likely to emerge in high salience circumstances.  

 Ultimately, these results point to how context affects network structure, thus promoting a greater 

understanding of social influence and deliberative democratic society. That we found instances where people 

construct specialized social networks to deal with particularly pressing problems implies that under certain 

circumstances individuals will consult others who carefully attend to information and engage in active deliberation. 

These interactions have desirable benefits for both individuals and society, by mirroring the normative model of 

deliberation advanced by democratic theorists and political behavior scholars. Encountering divergent viewpoints is 

more likely in specialist networks, which consist of greater numbers of weak ties.  Mutz (2002) has shown that 

cross-cutting discussion not only makes individuals more aware of legitimate rationales for dissonant political 

viewpoints, but also fosters tolerance towards those viewpoints as well.  As such, we suspect that the greater number 

of weak ties in oil spill networks means that these discussion networks are also performing the important role of 

bridging ties between social groups and the aggregate community as a whole (Granovetter 1973). This bringing 

together of the community through increased use of specialized networks means greater opportunity for discussions 

that provide information (and emotional support) relevant to the oil spill, and consequently, that help in coping with 

the after effects of the disaster.  

 We believe the next step is to identify the various conditions under which specialist networks are most likely 

to emerge.  We anticipate that issue salience is the important intervening factor, and precisely the reason why oil 

spill networks were qualitatively different from important matters networks. Yet, it is unclear what factors promote 

salience. For instance, it is conceivable that salience is driven by personal relevance, emotional vividness, physical 

threat, or some combination of these factors. Moreover, it is important to understand whether these networks are 

maintained once created, or if they are abandoned once the need for them has passed. Though we find evidence of 

specialist networks one year after the spill, it is unclear if these networks dissolved in the years that followed. 

Notwithstanding, the enhanced civic engagement undertaken by oil spill discussants provides a glimpse into the 

conditions under which citizens become more active, and the possibility of specialist network creation holds great 

potential for democratic society by connecting people in new and beneficial ways.   
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Characteristics of Oil Spill Networks (Wave I) 
Degree (N=1801) M=1.25, SD=1.65 

0 Discussants 566 (49%) 
1 Discussants 240 (21 %) 
2 Discussants 107 (9%) 
3 Discussants 88 (8%) 
4 Discussants 38 (3%) 
5 Discussants 114 (10%) 

Network Intimacy 
Discussant is:  
Non relative 40%  
Relative 39% 
Spouse 21% 
Coworker 18% 
Friend/Close Friend 81% 
Days talk to discussant [0,1] M=0.69, SD=0.38 

Oil Spill Related Behavior 
Discuss Oil Spill  
[1=Never, 4=Very Often] 

M=3.57, SD=0.58 

Oil Spill Knowledge  
[1=Not much at all, 3=A great Deal] 

M=2.64, SD=0.47 

Attend Meetings  
[1=Less Often, 3=More Often] 

M=2.14, SD=0.50 

Contact Officials  
[1=Less Often, 3=More Often] 

M=2.17, SD=0.55 

Political Characteristics/Media Consumption 
Media Consumption M=2.59, SD=0.47 
[1=Less Often, 3=More Often] 
Subjective Disagreement  
[1=Very Often, 4=Never] 

 
M=2.70, SD=0.94 

Partisan Agreementa 59% 
Ideological Agreementa 52% 
Interest  
[1=Not at all, 5=Extremely Interested] 

M=3.83, SD=1.05 

Demographic Variables/Psychological Outcomes 
College Degree 27% 
Female 37% 
Negative Affectb  
[1=Never, 4=Very Often] 

M=2.66, SD=0.71 

Table 1: Characteristics of oil spill discussion networks. a=calculated based on agreement between respondent and 
discussant party identification and ideology. b= mean affect from 4 questions pertaining to discussants level of the 
following emotions: angry, scared, worried, hopeful, depressed sad. 



 
 

Network Intimacy 
 Intimacya  Close Friendb  Coworkerb Discussionc  

ATE Relative/ -0.15 (0.13)   -0.52 (0.27) # 0.01 (0.17) -0.10 (0.02) *** 
       Spouse/ -0.54 (0.15) ***         
       

Oil Spill Related Behavior 

 Meetingd Knowledged Oil Spill Discussiond Contactd 
ATE 0.64 (0.14) *** 0.42 (0.12) *** 0.34 (0.12) ** 0.55 (0.13) *** 
     

Political Characteristics/Media Consumption 

 Mediad Partisan Agreeb Ideological Agreeb Subjective Agreementd 
ATE 0.10 (0.14)  -0.08 (0.14)  0.03 (0.16) 0.02 (0.12) 
        

 Political Interestd    
ATE 0.07 (0.11)          
            

Demographic Characteristics/Psychological outcomes 

 Negative Affectc Adverse Impactc College Degreeb Femaleb 

ATE 0.03 (0.02)  0.07 (0.02) ** 0.14 (0.14)  -0.35 (0.11) ** 
             

Table 2:  Average Treatment Effect (ATE) for name generator prompt (1=Oil Spill, 0=Important Matters). Each model predicts the jth 
discussant characteristic, with standard errors clustered in the ith respondent. The model parameterization was determined based on the 
characteristics of the data. a = multinomial logit, b = binary logit, c = linear regression, d= ordered logit. For the multinomial logit model – 
intimacy – we present the change in log odds of being in the relative or spouse condition, relative to the non-relative condition going from the 
important matters to oil spill name generator. For the logit model, we present the change in log odds of being in category 1 going from the 
important matters to oil spill name generator; for the linear model, the estimate is the mean difference contrasting the important matters to oil 
spill name generator. Finally, for the ordered logit model, the estimates represent the change in ordered log odds contrasting name generator 
questions. Intercepts and thresholds have been excluded for parsimony  #p<0.10, *p<0.05, **p<0.01, ***p<0.001, two-tailed 

 



 
 

 Intimacy (Non-Relative) a Friend b Coworker b Meeting d 
Important Matters 0.03 [ -0.02, 0.09] 0.08 [ 0.03, 0.15]  0.02 [-0.03, 0.07] -0.04 [-0.07, 0.00] 

Oil Spill 0.09 [0.04, 0.15] 0.02 [-0.03, 0.08]  0.02 [-0.02, 0.07]  0.07 [ 0.02, 0.12] 

 Knowledge d Oil Spill Discussion d Contact d Partisan Agreement b 
Important Matters -0.18 [-0.23, -0.13] -0.42 [ -0.47, -0.38] 

 -0.05 [-0.09, -0.01] 
-0.04 [-0.11, 0.02] 

Oil Spill -0.08 [-0.13, -0.02] 
-0.36 [ -0.41, -0.31] 

 
0.04 [-0.01, 0.09] 

 -0.06 [ -0.13, 0.002] 

 Ideological Agreement b Subjective Agreement d Political Interest d Negative Affect c 
Important Matters  0.01 [-0.06, 0.08] 0.03 [-0.01, 0.07]  -0.07 [-0.12, -0.03] -2.32 [-2.39, -2.24] 

Oil Spill  0.02 [-0.05,  0.09] 0.03 [ -0.01, 0.08]   -0.06 [-0.11, -0.02] -2.29 [ -2.36, -2.21] 

 College Degree b Female b News Media d Degree 
Important Matters  -0.02 [-0.07, 0.03] 0.07 [0.02, 0.12] 

-0.22 [-0.28, -0.16] 
0.79 [0.59, 0.99] 

Oil Spill  0.01 [-0.04,  0.06] -0.01[ -0.06, 0.04] -0.20[ -0.26, -0.14] 0.83 [0.63, 1.02] 

Table 3: Stability analysis. Estimates represent changed in predicted probabilities for logit, ordered logit, and multinomial logistic regression, expected values for 
linear regression. 95% Confidence Intervals in brackets. Bold entries indicate estimates where confidence intervals do not overlap with zero. Values were calculated 
by estimating the jth discussant characteristic, with standard errors clustered in the ith respondent. Entries are the change in predicted probabilities relative to the 
first wave “Oil Spill” name generator prompt. Positive entries indicate a relative increase, negative values indicate a decrease. The model parameterization was 
determined based on the characteristics of the data. a = multinomial logit, b = binary logit, c = linear regression, d= ordered logit. For the multinomial logit model – 
intimacy – we present the change in the probability of selecting a non-relative. For logistic and ordered logistic regression we present the change in the predicted 
probabilities of being in the most extreme category. 



 
 

 
 
 
Figure 1. Estimates for network intimacy and public behavior contrasting two name generators. 
 
 
 
 
 
 
 



 

 
 
 
Figure 2. Estimates for political characteristics, demographics, and psychological/emotional 
outcomes contrasting two name generators. 

 
 

 

 

 



Appendix A 
 

Network Intimacy 
 Intimacya  Close Friendb  Coworkerb   

 IM    Rel-IM -0.11 (0.12)    0.68 (0.25) ** 0.14 (0.15)    
 BP    Rel-BP/ -0.27 (0.12) *              0.16   (0.20)   0.15 (0.15)     
          Spouse-IM -0.15 (0.13)          
          Spouse-BP -0.69 (0.14) ***         
       

Oil Spill Related Behavior 

 Meetingd Knowledged Oil Spill Discussiond Contactd 

IM -0.24 (0.12) * -0.76 (0.11) *** -1.85 (0.12) *** -.29 (0.12) * 
BP 0.37 (0.13) ** -0.33 (0.11) *** -1.50 (0.12) *** .22 (0.13) # 
     

Political Characteristics/Media Consumption 

 Mediad Partisan Agreeb Ideological Agreeb Subjective Agreementd 
IM -0.90 (0.13) *** -0.18 (0.14)  0.04 (0.15) ** 0.14 (0.11) 
BP -0.80 (0.13) **** -0.26 (0.13) # 0.07 (0.14) ** 0.16 (0.11) 
        

 Political Interestd    
IM -0.35 (0.11) **         
BP -0.28 (0.11) **         
            

Demographic Characteristics/Psychological outcomes 

 Negative Affectc College Degreeb Femaleb  

IM -2.32 (0.04) *** -0.10 (0.12)    0.29 (0.10) ** 
BP -2.29 (0.02) *** 0.04 (0.13) ** -0.05   (0.10)     
             

Table A1: Models used to predict probabilities in Table 3. IM=Important Matters, Wave II; BP=BP Name Generator, Wave II. The baseline, 
excluded category is Wave I name generator. Each model predicts the jth discussant characteristic, with standard errors clustered in the ith 
respondent. The model parameterization was determined based on the characteristics of the data. a = multinomial logit, b = binary logit, c = 
linear regression, d= ordered logit. For the multinomial logit model – intimacy – we present the change in log odds of being in the relative or 
spouse condition, relative to the non-relative condition going from the important matters to oil spill name generator. For the logit model, we 
present log odds of being in category 1 going from the important matters to oil spill name generator; for the linear model, the estimate is the 
mean difference contrasting the important matters to oil spill name generator. Finally, for the ordered logit model, the estimates represent the 
change in ordered log odds contrasting name generator questions. Intercepts and thresholds have been excluded for parsimony, but may be 
provided by the authors upon request.  
#p<0.10, *p<0.05, **p<0.01, ***p<0.001, two-tailed 
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Network Intimacy 
 Intimacya  Close Friendb  Coworkerb   

 IM    Rel-IM -0.12 (0.13)    0.67 (0.25) *** 0.14 (0.15)    
 BP    Rel-BP/ -0.27 (0.12) ***      0.16   (0.20)   0.15 (0.15)     
          Spouse-IM -0.15 (0.13)          
          Spouse-BP -0.69 (0.14) ***         
       

Oil Spill Related Behavior 

 Meetingd Knowledged Oil Spill Discussiond Contactd 
IM -0.25 (0.12) * -0.76 (0.11) *** -1.85 (0.12) ** -.30 (0.12) ** 
BP 0.37 (0.13) *** -0.33 (0.11) *** -1.50 (0.12) ** .22 (0.13) # 
     

Political Characteristics/Media Consumption 

 Mediad Partisan Agreeb Ideological Agreeb Subjective Agreementd 
IM -0.90 (0.13) *** -0.18 (0.14)  0.04 (0.15) ** 0.14 (0.11) 
BP -0.80 (0.13) **** -0.26 (0.13) # 0.07 (0.14) ** 0.16 (0.11) 
        

 Political Interestd    
IM -0.36 (0.11) ***         
BP -0.28 (0.11) ***         
            

Demographic Characteristics/Psychological outcomes 

 Negative Affectc College Degreeb Femaleb  
IM -2.32 (0.04) *** -0.11 (0.12)    0.29 (0.10) ** 
BP -2.29 (0.02) *** 0.03 (0.13) ** -0.06   (0.10)     
             



Table A1: Models used to predict probabilities in Table 3. IM=Important Matters, Wave II; BP=BP Name Generator, 
Wave II. The baseline, excluded category is Wave I name generator. Each model predicts the jth discussant 
characteristic, with standard errors clustered in the ith respondent. The model parameterization was determined based 
on the characteristics of the data. a = multinomial logit, b = binary logit, c = linear regression, d= ordered logit. For the 
multinomial logit model – intimacy – we present the change in log odds of being in the relative or spouse condition, 
relative to the non-relative condition going from the important matters to oil spill name generator. For the logit model, 
we present log odds of being in category 1 going from the important matters to oil spill name generator; for the linear 
model, the estimate is the mean difference contrasting the important matters to oil spill name generator. Finally, for the 
ordered logit model, the estimates represent the change in ordered log odds contrasting name generator questions. 
Intercepts and thresholds have been excluded for parsimony, but may be provided by the authors upon request.  
#p<0.10, *p<0.05, **p<0.01, ***p<0.001, two-tailed 



 
Table A2: Original Question Wording for Variables Used in the Analyses 
 
Wave I 
 
Non relative: 
Relative: 
Spouse: Is [Named person] 
 1. A Spouse or Partner 
 2. Other Relative 
 3. Unrelated by blood or marriage 
 -8. Don't Know 
 -9. Refused 
Coworker: Is [Named Person] a coworker?  
 1. Yes 
 2. No 
 -8. Don't Know 
 -9. Refused 
Friend/Close Friend: Would you say [Named Person] is a:  
 1. close friend 
 2. friend 
 3. someone that you regularly come into contact with 
 -8. Don't Know 
 -9. Refused 
College Degree: What is the highest level of education [Named Person] has completed?   
 1 less than high school 
 2 a high school diploma 
 3 some college 
 4 a college degree 
 5 more than a college degree 
 -8. Don't Know 
 -9. Refused 
Female: Is [Named Person]   
 1. male 
 2. female 
 -8. Don't Know 
 -9. Refused 
Discuss Oil Spill: When you talk with [Named Person] how often do you talk about matters 
concerning the oil spill? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never  
 -8. Don't Know 
 -9. Refused 
  



Subjective Disagreement: When you discuss politics with [Named Person] do you disagree: 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
Oil Spill Knowledge: Generally speaking, how much do you think [Named Person] knows about 
matters concerning the oil spill?  Would you say: 
 1. a great deal 
 2. an average amount 
 3. not much at all                                  
 -8. Don't Know 
 -9. Refused 
Attend Meetings: Since the oil spill, would you say [Named Person] has done each of the following 
more often, less often, or about the same? 
Attended community meetings 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
            -9. Refused 
Contact Officials: Since the oil spill, would you say [Named Person] has done each of the following 
more often, less often, or about the same?] 
Contacted public officials 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
            -9. Refused 
Media Consumption: Since the oil spill, would you say [Named Person] has done each of the 
following more often, less often, or about the same?] 
Paid attention to the news media 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
 -9. Refused 
Interest: How interested do you think [Named Person] is in what's going on in government and 
politics?  
 1. Extremely interested 
 2. Very interested 
 3. Moderately interested 
 4. Slightly interested 
 5. Not interested at all 
 -8. Don't Know 
 -9. Refused 



Ideological Agreement: Do you think [Named Person] normally supports political candidates who 
are: 
 1 Conservatives 
 2 Liberals 
 3 both 
 4 neither 
 -8. Don't Know 
 -9. Refused 
Partisan Agreement: Do you think [Named Person] normally supports political candidates who 
are: 
 1 Republicans 
 2 Democrats 
 3 both 
 4 neither  
 -8. Don't Know 
 -9. Refused 
Negative Affect: 
As you think about [Named Person’s] reaction to the oil spill and the actions of those trying to 
contain it, how often do you think he/she felt angry? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often do you think [Named Person] felt scared? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often do you think [Named Person] felt worried? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
How often do you think [Named Person] felt hopeful? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
  



How often do you think [Named Person] felt depressed? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
How often do you think [Named Person] felt sad? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 
Wave II 

Intimacy: Is ___________ 
 1. A Spouse or Partner 
 2. Other Relative 
 3. Unrelated by blood or marriage 
 -8. Don't Know 
 -9. Refused 
Coworker: Is ___________ a coworker? 
 1. Yes 
 2. No 
 -8. Don't Know 
 -9. Refused 
Close Friend: Would you say ___________ is a:  
 1. close friend 
 2. friend 
 3. someone that you regularly come into contact with 
 -8. Don't Know 
 -9. Refused 
College Degree: What is the highest level of education  ___________ has completed?  Is it -  
  1 less than high school 
 2 a high school diploma 
 3 some college 
 4 a college degree, or 
 5 more than a college degree 
 -8. Don't Know 
 -9. Refused 
Female: Is _______  
 1. male, or 
 2. female 
 -8. Don't Know 
 -9. Refused 
  



Oil Spill Discussion: When you talk with ___________how often do you talk about matters 
concerning the oil spill? 
  1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
Discussion: During a normal week, how many days do you talk with ___________ 
              <0> less than 1 day a week/never 
 <1> 1 day 
 <2> 2 days 
 <3> 3 days 
 <4> 4 days 
 <5> 5 days 
 <6> 6 days 
 <7> 7 days/every day 
 -8. Don't Know 
 -9. Refused 
Subjective Agreement: When you discuss politics with ___________ do you disagree: 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
Knowledge: Generally speaking, how much do you think___________ knows about matters 
concerning the oil spill?  Would you say: 
 1. a great deal 
 2. an average amount, or 
 3. not much at all                                  
 -8. Don't Know 
 -9. Refused   
Meeting: Since the oil spill, would you say___________ has done each of the following more 
often, less often, or about the same? 
 Attended community meetings 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
 -9. Refused 
Contact:  

Contacted public officials 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
 -9. Refused 



Media: 
 Paid attention to the news media 
 1. More often 
 2. Less often 
 3. About the same 
 -8. Don't Know 
 -9. Refused 
Adverse Impact: 
To what extent has ___________been financially affected by the oil spill? 
 1. A great deal  
 2. Some  
 3. Not much  
 4. Not at all  
 -8. Don't Know 
 -9. Refused 
To what extent has___________ family's physical health been affected by the oil spill?  
 1. A great deal  
 2. Some  
 3. Not much  
 4. Not at all  
 -8. Don't Know 
 -9. Refused 
To what extent has___________ family's mental well-being been  affected by the oil spill? 
 1. A great deal  
 2. Some  
 3. Not much  
 4. Not at all  
 -8. Don't Know 
 -9. Refused 
Political Interest: How interested do you think ___________is in what's going on in government 
and politics?  
 1. Extremely interested 
 2. Very interested 
 3. Moderately interested 
 4. Slightly interested 
 5. Not interested at all 
 -8. Don't Know 
 -9. Refused 
Ideological Agree: Do you think ___________normally supports political candidates who are: 
 1 Conservatives 
 2 Liberals 
 3 both, or 
 4 neither 
 -8. Don't Know 
 -9. Refused 
  



Partisan Agree: Do you think ___________normally supports political candidates who are: 
 1 Republicans 
 2 Democrats 
 3 both, or 
 4 neither 
 -8. Don't Know 
 -9. Refused 
Negative Affect:  
As you think about ___________reaction to the oil spill, how often in the past month has he/she 
felt… Angry? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often in the past month has ___________ felt  

Scared? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often in the past month has ___________ felt  

Worried? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often in the past month has___________ felt  

Hopeful? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
How often in the past month has ___________felt  

Depressed? 
 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 



How often in the past month has ___________felt 
 Sad? 

 1. very often 
 2. sometimes 
 3. not very often 
 4. never 
 -8. Don't Know 
 -9. Refused 
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