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ABSTRACT 

This dissertation analyzes the interplay between culture and individual behavior using online 

communication data. Within the burgeoning lines of research produced on these topics by a 

growing roster of researchers, the distinctive contributions of this dissertation are the use of online 

communication data, at scale, as a strategic research site for the formulation, testing, and further 

theoretical modeling of hypotheses including community boundary spanning and diversity of tastes, 

the richness of public opinion, and the updating of individuals’ preferences as a result of their 

position within cultural, social, and economic fields.  

The cultural turn in American Sociology identified meaning making as central to 

understanding social phenomena which, in turn, has led to an expansion of the sphere of culture to 

include almost any form of social phenomenon, including but not limited to the musical tastes, 

words used in text or speech, performativity of market economics, and collective identity in social 

movements. While the works presented in this dissertation are concerned with analyzing the 

connections across cultural symbols such as genres and words shared by individuals to create a map 

of cultural symbols, and therefore can be considered as studies of the sociology of culture, this 

dissertation also analyzes the impact of the shared distribution of these symbols on other actions of 

the individuals, such as providing positive or negative feedback to others’ comments based on their 

cultural interests.  

The three articles presented in this paper complement each other in that regard. The first 

article explores how individuals’ diversity in music tastes impact the comments and evaluations 

they receive from other members of the online community they interact with. An online music-

related discussion network of more than 750K community members is analyzed and used to 

illuminate two existing perspectives in new ways. Consistent with the theory of cultural 

omnivorousness, my analysis shows that people often appreciate others who participate across 
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discussion of multiple taste-related topics. However, consistent with the boundary spanning 

literature, those with highly atypical tastes are penalized and face difficulties in fitting in with the 

community. Therefore, omnivorousness is not appreciated by the rest of the community unless 

omnivorous individuals are different but within community boundaries. These findings hold net of 

controls measuring weak culture and cultural embeddedness. 

The second article presents a comparison of methods of tracking online discussions to 

identify meanings generated by the online community in unfolding political events. Understanding 

the evolution of public opinion is central to analyzing the scope of political discontent, which 

significantly impacts the outcome of framing contests. Most studies analyzing the development of 

Twitter discussions related to a particular topic, such as a social movement or a political debate, 

focus on tracking tweets that contain one generic hashtag (for example, #BlackLivesMatter). 

However, exclusively tracking generic hashtags might not provide an accurate picture of the 

diversity of narrations coming from different opinion groups. This article develops and applies a 

snowball sampling method for tracking the evolution of new or replacement hashtags as events 

unfold. This article provides an exploratory analysis of the March 2019 Turkish local election 

discussions on Twitter to examine how tracking new hashtags significantly improves the power of 

the model to identify the diversity of narratives of an event, as compared to tracking the generic 

hashtag only.  

The third article sets forth and further develops a theoretical model of behavior. An 

endogenously updated preferences model is proposed, which can be empirically analyzed through 

non-experimental observation of changes in cultural decisions of individuals. A key assumption is 

that individuals’ preferences are determined by their disposition in a field and, therefore, by their 

access to knowledge, networks, and economic capital after each interaction, which leads 

preferences to be updated endogenously.  
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The introductory chapter provides a summary of the research and an explanation of how this 

research contributes to the sociology of culture and to related fields. 
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INTRODUCTION 

The studies presented in this dissertation analyze online communication data from a cultural point 

of view, from a relational sociology perspective, and as a field of partially interacting communities 

and partially overlapping logics of tastes and preferences. Interactions observed in these 

communities represent individuals’ behavior. Yet, collecting these micro-level behavioral data and 

creating a macro-level map of interactions using computational methods and social network 

analysis is the key to observing the cultural motivation behind these interactions. In that regard, 

individuals’ actions are modeled as originating from their preferences, and these preferences are not 

defined as given or exogenous, as commonly is the case in game-theoretic models, but as 

endogenously determined based on the cultural meanings attached to each strategy of behavior. To 

delve into these cultural meanings, this dissertation takes the approach of analyzing how the micro-

level behavior of all individuals participating in the social space defines the cultural toolkits 

available in the communities. The richness of online data used in the empirical studies presented 

here allows this analysis to be conducted on a large scale. 

This dissertation analyzes the interplay between culture and individual behavior using 

online communication data. The three articles presented in this dissertation complement each other 

in this regard. The first article explores how individuals’ diversity in music tastes impacts the 

comments and evaluations they receive from the other members of the online community they 

interact with. The second explores how the decisions individuals make on their discursive practices 

in social media shape the public discussions throughout the unfolding of a political event, which in 

turn shapes the political culture. The final article elaborates the theoretical model that underlies this 

dissertation. That model aims to explain the interplay between culture and meaning making and 

individual decision-making based on a thorough review of cultural sociology literature as well as 

studies in economics and psychology. 
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Understanding how individuals behave requires solving a complex problem, and social 

scientists have been analyzing this problem from different perspectives, and within various 

disciplines. Psychological research focuses on understanding how the human mind works in order 

to address this problem: the cognitive development of an individual from a young age, the amount 

of information stored in one’s memory both short and long term, information processing, and the 

speed of an individual’s response to stimuli are a few of the areas psychologists explore to clarify 

this complexity. Research in economics does not necessarily look at how the mind functions, but 

instead focuses on the situations the individuals are in and how the individuals respond to those 

situations at the micro level: for example, whether two prisoners would choose to remain silent or 

confess their crime if they were granted immunity, as in the famous Prisoner’s Dilemma game. 

Sociological studies, rather, focus on how social interactions impact individuals’ actions: how 

friendships, social circles, and collective identities interact with individuals’ perception of the 

world, and how this perception impacts the decisions individuals make. 

The descriptions I give above are quite clearly overgeneralizations, but I believe it useful to 

provide at least a rudimentary outline of various disciplines’ approaches toward behavior. On the 

one hand, these perspectives are hard to separate because their elements are intertwined. On the 

other, even though scholars from one discipline might criticize other scholars’ work based on what 

points are missing in other disciplines’ point of view, scholars also make criticisms within their 

own disciplines and call for approaches that synthesize these perspectives. The approach of this 

dissertation is to provide an interdisciplinary lens into behavior, or at least a small subset of 

behavior. In retrospect, this dissertation seems to be the expected trajectory for a scholar who began 

her academic training by learning the principles of mainstream economics, became inspired by 

microeconomics’ approach towards individual behavior, but also embraced the heterodox criticisms 
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towards this approach accompanied with a turn to social and psychological approaches, and then 

moved onto pursuing a doctoral degree and an academic career in sociology.  

To explain the perspective this dissertation takes to analyze individual behavior, however, I 

must inform the reader about what the learning trajectory of individual behavior and collective 

action research of mine has been. Clearly, I could write about the behavior theories that influence 

the research presented here in any order: following the chronological order of the papers or 

categorizing them based on the disciplines. Yet, as studies in my research area shows, the 

historicity of the events matter as to how individuals behave, and as a human being, I am not 

immune to this. Therefore, the perspective presented in this dissertation is closely related to that 

learning trajectory. 

Rational Action and Strategic Behavior 

The microeconomic theory perspective towards individual behavior is based on creating various 

scenarios and providing mathematical representations of those scenarios. As opposed to a sociology 

student, my first introduction to game metaphor was not through a Bourdieu reading, but through 

my introductory microeconomics course. The first couple of games we learned, such as the 

classical Prisoner’s Dilemma, were fun to think about, not because I thought the prisoners were 

having the time of their life, but because I was sensing that this analytical approach to observing 

person-to-person interactions was opening a new way of understanding social interactions for me. 

Because, until I took a microeconomic theory course, I never thought that life could resemble 

playing a card game, or that, perhaps, card games were fun because they resembled real life a bit. 

Usually, looking only at the “cards” you have is not enough to win a game, unless it is a lucky day: 

the game is also about guessing what cards other players have based on whether they decide to 

draw a card or pick the card from the pile, or which cards among the two decks dealt for the game 

were already discarded. Also, guessing what other players might have, one should be thinking 
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about which cards they should not hand over to their opponents, in order to win the game. So, 

maybe, I could approach my daily interactions based on those principles as well. At least, this was 

my first thought. I will come back to this. 

Yet, it was not the Prisoner’s Dilemma game, or the dove-hawk game, that made me get 

hooked to the studies of individual behavior. It was the pie sharing game. There are two players. 

One player is given $100 and asked to share it with the second player. The first player is expected 

to decide how much of the pie to share. Let’s say that amount is $X. Then, the second player learns 

that the player had $100 and decided to share X much of it. The second player is asked whether 

they accept or reject the offer. If the second player accepts, the first player gets $100-X and the 

second player gets the rest, $X. If the second player rejects this offer, then, all of the money is 

gone, and both players are left with zero dollars. So, the students in the class were asked how much 

they would decide to share with the second player if they were to be the first player in this game. 

Some said $20, some said $50, some said $33. That day, in that class, I was taught that the correct 

answer was $1. Because 1>0, the second player would be better off with any amount that is higher 

than zero, and, therefore, the second player would accept any amount greater than zero. Knowing 

that the second player would act in that way, as the first player, the rational thing for me to do 

would be to leave them with $1. 

Well, I was definitely not approaching life like that. I was not calculating any of thatwhile I 

was trying to find an answer to that question. I was rather thinking: what amount to share would be 

acceptable? I was both excited to see that the answer I gave was wrong and therefore I could learn 

so much from that class, but I was also extremely puzzled, because I thought I was making very 

decent decisions in life until then. Was I doing it all wrong until then? 

This question stood at the back of my mind while I was learning the principles of game 

theory and solving the games based on the scenarios given. What makes game theory attractive is 
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its strength of reducing the complexity of the real-life scenarios. Let’s say the prisoner’s dilemma 

game were to be played repeatedly; would the behavior of the individuals change? Suppose a 

person is planning to buy a car from a second-hand market; how could a person trust a seller who is 

a complete stranger? How might a person decide to invest their money based on the risks involved? 

Being puzzled by these questions was one of the best things that happened in my life: this was 

when my academic big-bang moment occurred. 

Reducing the complexity of these puzzles requires making certain assumptions. While those 

assumptions help reduce the complexity of the scenarios, they also remove some of the crucial 

aspects of the interactions among individuals from the equation. First, one of them is the rationality 

assumption. As illustrated in the pie sharing game, the game assumes human behavior is guided by 

instrumental reason. Accordingly, individuals always choose what they believe to be the best 

means to achieve their given ends, which usually are considered as monetary payoffs. However, in 

the last two decades heterodox critics within economics touched upon the fairness and altruism 

aspects of human behavior, and with the emergence of behavioral economics as a new field, Daniel 

Kahneman was awarded Nobel Prize for his work on explaining how the human mind has a 

tendency to take short-cuts when possible rather than calculating all the costs and benefits in each 

interaction. These approaches are mainly inspired by psychological studies, and I was lucky to 

follow those developments as a young economics student.  

Yet, there is another assumption that is not related to rational choice theory per se, but 

rather to the fact that almost all of those games assumed that there is no personal interaction among 

individuals. In the Prisoner’s Dilemma game, the prisoners sit in different rooms; they cannot see 

or talk to each other. The free-riding principle that argues that individuals have a tendency not to 

act collectively because they will benefit from the public outcome regardless of them putting an 

effort towards it, again, is based on the assumption that those people are not friends, they are 
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complete strangers to each other. In other words, there is little consideration of social or cultural 

structure in these theoretical scenarios. 

Structure vs. Agency 

Although my low GPA at the end of my freshman year appeared as an obstacle to pursuing a dual 

major in economics and sociology (due to other social interests of mine, such as student clubs), I 

began taking elementary courses in sociology as a sophomore. While learning the nuances of 

Durkheimian, Weberian, and Marxian perspectives was interesting, I needed to learn about one 

sociologist who also used the game metaphor in his studies until I could understand this lack of 

structure in game theory. Turning back to my initial idea of thinking of daily interactions as a card 

game, I was now realizing that I never thought of who or what was dealing the cards, and what that 

actually meant: we cannot choose where to start living our lives to begin with. If our parents, our 

living standards, the neighborhood our family lives in, the schools that are close to our 

neighborhood are our cards; then, we all were playing a game with those cards dealt to us. I never 

thought of the structure of the game, itself, in detail – I always thought of it as given. In game 

theory, given what the players have, the players tried to make the best of it. In Bourdieu’s field, 

however, the concern was who was located where conditional on the cards they had. 

My interest, from then on, was to find ways to illustrate both aspects of the game. As Prof. 

Cem Behar would say while teaching history of economic thought, “there is nothing new under the 

sun.” So, it came as no surprise that I was not the first person to think of this. Somewhere between 

my junior and senior year, while I was enjoying the readings in Prof. Şemsa Özar’s Gender and 

Economics course, and Prof. Fikret Adaman’s course dedicated to Karl Polanyi, one article 

appeared as the answer to my curiosity related to the structure vs. agency debate: Emirbayer’s 

Manifesto for Relational Sociology. Emirbayer’s criticism of both rational-action-based and norm-

based models was based on their static nature. Rational action models were taking the structure as 
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given and focusing solely on the agency of the individual. The structural models, rather, were 

simply ignoring the agency of the individuals and were arguing that the social norms are the sole 

motivators of individuals’ actions. In that regard, both perspectives were substantialist: to explain 

one aspect of social behavior, each perspective was presuming another constant. Emirbayer, similar 

to other scholars of relational sociology, was rather arguing that these two aspects were together in 

play, and, therefore, the question that sociologists were confronted with was not the “structure vs. 

agency” question but rather was the “substantialism vs. relationalism” issue. I was glad to read this 

piece and to see that someone was using the academic language and reasoning I, at the time, lacked 

to explain the similar thoughts I had.  

What I had no clue about, however, was how social network analysis could be the method 

for adopting a relational approach while conducting empirical research. Reading one article about 

social embeddedness and another on the strength of weak ties was not enough for me to figure this 

out. Therefore, I had to move to the other side of the globe to learn social network analysis, so that 

I could conduct my own research to explore individual behavior from a relational point of view.  

The cultural turn in American Sociology opened up an area for the development of 

meaning-centered sociological analysis (Friedland and Mohr 2004). Following Ann Swidler’s 

(1986) argument that culture is not the ultimate source of motivation which leaves no autonomy to 

individuals’ actions but rather is a toolkit from which individuals choose and, therefore, is the 

source of behavior justification, the cultural turn paved the way for new explorations analyzing the 

role of culture on behavior. This new route of research is not only limited to the analysis of the 

production of culture but all fields of sociological research. For instance, the move in the social 

movements research field from resource mobilization and political process theories toward frame 

theory and new social movements theory is one of the indicators of this shift. In economic 

sociology, Zelizer’s (1994, 1997) and Almeling’s (2009) studies that draw the connection among 
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pricing and cultural attribution of value is another example. In that regard, as opposed to a 

“sociology of culture” that studies the production of cultural products, cultural sociology does not 

restrict its attention to this area but rather expends it to various topics including but not limited to 

civic engagement, social movements, and markets (Alexander, Jacobs, and Smith 2012).  

The cultural turn accompanied by  Emirbayer’s (1997) call for relational sociology and use 

of social network analyses methods opened the way for quantitative analysis of meaning-making 

based on individuals’ connections to cultural products and tastes (Lizardo, 2014), organizational 

affiliations and connections among organizations (Diani, 2000, 2001), and text analysis (Gibson 

2010). The use of quantitative methods, however, is not limited to SNA: Mohr and Duquenne's 

(1997) work that analyzes the models for poor relief in New York City based on archival text data, 

as well as Mische's (1995) work on movements and social networks in Brazil make use of Galois 

lattices (also see Breiger, 2000); and Bourdieu’s works on academic fields (1988) and housing 

production and consumption (2005) incorporates Correspondence Analysis, to name a few.  

Adoption of social network analysis (SNA) methods in studies of cultural sociology, 

however, enables cultural sociologists to use the SNA measures and concepts. For instance, Lizardo 

(2014) implements the idea of structural holes (Burt 2005) in his analysis of whether individuals 

consume high-brow and low-brow tastes separately or in combination by generating two-mode 

networks in which individuals have ties to the genres based on their consumption of the musical 

genres. Schultz and Breiger (2010) adapt the strength of the weak ties argument of Granovetter 

(1985) to define weak culture as the strength of making new connections with strangers for those 

who are knowledgeable of various cultural domains although they are not immersed in those 

domains.  

This dissertation follows the footsteps of these works in the sense of using SNA methods 

while analyzing cultural phenomena. However, the work presented in this dissertation steps out of 



18  

the traditional data sources used in these analysis (archival texts, books, interviews, surveys, etc.) 

and rather uses online communication data to analyze cultural meanings associated with online 

discussions.  

Online Communities as Cultural Fields 

Online communities provide rich text and communication data, which led social scientists to 

explore ways to collect and organize such data in order to incorporate it into their analyses. On one 

hand, as opposed to surveys that collect information on individuals’ perceptions of their own 

behavior, data collected from online communities provide information on individuals’ actual 

behavior. On the other, because the participants of online communication are not sampled and, 

therefore, may not be representative of the whole population, the data collected from online sources 

is often unstructured. In addition, because online data tend to be large in size, the vast amount of 

data cannot be organized by hand, which requires computational skills. Despite its weaknesses, 

however, online data is valuable because it enables researchers to analyze cultural evolution in real 

time (Bail 2014). 

In that regard, online communities are social venues where social interactions take place.  

where individuals share their opinions based on their interests and preferences, and where cultural 

meanings are formed. These characteristics of online communities are what make them similar to 

any community. The accessibility to the researcher of micro-level interaction data, however, is 

what makes these communities catch social scientists’ attention and interest. Obviously, individuals 

might self-censor their behavior due to privacy concerns, but these concerns originate from the 

social dynamics, not the research design.  

The first article of this dissertation research synthesizes cultural omnivorousness and 

boundary spanning research to analyze how the contributions of individuals are evaluated in an 

online music-related discussion network of more than 750K community members. Although the 
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cultural omnivorousness literature suggests that diverse tastes will be rewarded, the category 

spanning literature suggests that the categorical ambiguity associated with such diverse tastes will 

be penalized. Using online discussion data uniquely suited to the task of evaluating each 

perspective, I show that these perspectives are not necessarily mutually exclusive, and I provide an 

integrated approach that is more complete. Consistent with cultural omnivorousness, my analysis 

shows that people often appreciate others who participate across multiple discussion topics. 

However, consistent with the boundary spanning literature, those with highly atypical tastes are 

penalized and face difficulties in fitting in with the community. Therefore, omnivorousness is not 

appreciated by the rest of the community unless omnivorous individuals are different but within 

community boundaries. These findings hold net of controls measuring weak culture and cultural 

embeddedness. 

The second article presents a comparison of methods of tracking online discussions to 

identify meanings generated by the online community in unfolding political events. Understanding 

the evolution of public opinion is central to understanding the scope of political discontent, which 

significantly impacts the outcome of framing contests. Most studies analyzing the development of 

Twitter discussions related to a particular topic (such as a social movement or a political debate) 

usually focus on tracking tweets that contain one generic hashtag (for example, 

#BlackLivesMatter). However, exclusively tracking generic hashtags might not provide an accurate 

picture of the diversity of narrations coming from different opinion groups, as such generic 

hashtags can be used by both supporters and opponents of the same opinion or cause. In addition, 

online discussions evolve over time and new hashtags appear, which can replace the generic 

hashtag. Therefore, tracking solely the generic hashtag results in omitting from analysis those 

tweets that contain only such replacement hashtags. Not following the evolution of hashtag use 

relevant to an event, therefore, could result in overlooking significant aspects of the emergent 
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collective narratives of a social movement or political debate. This article provides an exploratory 

analysis of the March 2019 Turkish local election discussions on Twitter to examine whether 

tracking new hashtags significantly improves the power of the model to identify the diversity of 

narratives of an event, as compared to tracking the generic hashtag only. As the mayoral elections 

of the biggest city in Turkey, Istanbul, unfolded over a two-week period, the online community 

discussed their concerns and suspicions widely throughout the time period 31 March – 18 April 

2019, and even later on. This article compares the hashtags contained in tweets collected through 

(a) tracking one generic hashtag, #Secim2019 (#Election2019), and, (b) tracking multiple hashtags 

identified through a snowball sampling method that starts with the generic hashtag #Secim2019. 

The results of the analysis show that although using the generic hashtag is only as effective as using 

the hashtags with the highest betweenness centrality scores among tweets collected through the 

snowball sampling method, a supervised selection of the hashtags collected through the snowball 

sampling method appears to be more effective in collecting tweets that belong to various opinion 

groups, as opposed to hashtags collected through using the generic hashtag only. Therefore, 

supervised methods of data collection appear to be more effective as compared to unsupervised 

methods when the goal is to track public opinion through online discussions. 

The third article proposes a theoretical model of behavior that incorporates the role of 

culture in individual behavior and collective action. The cultural turn in sociology has led 

sociologists to prioritize the role of cultural aspects in analyzing individual and collective behavior 

(Nash, 2001), mainly concentrating on “the task of analyzing cultural codes through social 

interactions” (Lima Neto, 2014). This turn to relational sociology in analyzing culture led Swidler’s 

notion of cultural repertoires to become central in analyzing the cultural boundaries and 

legitimization of behavior (Swidler, 1986; 2013). The debate in the literature as to whether 

individuals choose their cultural actions through a loose repertoire of justifications or a strong set of 
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motivations, however, has not reached a consensus. Therefore, in this paper, I propose an 

endogenously updated preferences model, which can be empirically analyzed through non-

experimental observation of changes in cultural decisions of individuals. While Swidler argues that 

“Culture … is more like a style or a set of skills and habits than a set of preferences or wants” 

(1986), I rather argue that individuals’ preferences are determined by their disposition in the field 

and, therefore, their access to knowledge, networks, and economic capital after each interaction, 

which leads preferences to be endogenously updated. In that regard, I define the actions neither as 

motivations or justifications, but rather as decisions made based upon individuals’ perception of the 

“game.”   

Contributions and Future Directions 

The empirical studies presented in this dissertation use online communication data, thus joining a 

growing stream of sociological work (reviewed by Bail 2014) that brings “big data” and 

computational social science to the center of analysis of cultural structure. Within this stream of 

research, the distinctive contributions of this dissertation are the use of online communication data 

at scale as a strategic research site (Merton 1973) for the formulation, testing, and further 

theoretical modeling of hypotheses including community boundary spanning and diversity of tastes, 

the richness of public opinion, and the updating of individuals’ preferences as a result of their 

situation within cultural, social, and economic fields.  

The analyses provided in these works are limited to network data, although the datasets also 

provide rich text data. It is highly desirable, therefore, that the future direction of these works 

should involve an analysis of the content of the texts within which the cultural symbols(music-

related topics and hashtags, respectively) are compared and contrasted.  

While the work in this dissertation on discursive interaction on Twitter provides an 

exploratory analysis based on small samples of hashtags collected within a short period of time, this 
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analysis can be extended through use of large tweet datasets.  The next iteration of this project will 

include a wider set of tweets and therefore can also integrate Natural Language Processing methods 

to the analysis. Yet, given the 280 character limit of Twitter, users are constrained to post short 

texts, which leads word embedding methods to appear less effective as compared to comment 

datasets as in IMDB. Future work should also address these concerns.  

Overall, the work presented in this dissertation provides an interdisciplinary approach to 

individual behavior. The theoretical model presented in the third article aims to address the 

following criticism of Swedberg (2005, p. 4) on relational sociology at the theoretical level: 

In several types of modern sociology...interests are seen as having no or little 

influence on what is happening. According to so-called relational sociology, for 

example, it is old fashioned and wrong to explain things through 'substances' (such 

as interests); everything should be seen in terms of relations, and only relations can 

be used to explain. 

Yet the empirical analysis provided in the other chapters of this work does not address this issue 

from an empirical point of view yet. Future work should focus on collecting data that enable an 

analysis of both the relationality and the interest aspects that affect individual behavior.   
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APPENDIX A 

STAND OUT AND FIT IN: HOW DIVERSITY IN TASTE IMPACTS EVALUATION IN 

ONLINE DISCUSSIONS 

 
Summary 

 
This research synthesizes two lines of research, cultural omnivorousness and category spanning, 

to analyze whether individuals with various and atypical cultural tastes make high quality 

contributions to cultural talk while conversing within a community. The analysis, based on an 

online music-related discussion network among more than 750K community members, shows that 

people often give positive evaluations to others who acquire multiple tastes which are considered 

to be typical by other members of the community, and therefore appreciate such members. 

Therefore, omnivorousness is beneficial for standing out in communication as compared to other 

community members. However, individuals face a tension between standing out and fitting in 

while making an effort to contribute to talk with high quality content. The contributions to the 

discussion of individuals with a typical combination of tastes receive better evaluations because 

the range of tastes they choose are also recognized by the audience. However, those with highly 

novel tastes (i.e., with atypical combinations) get penalized. Therefore, community members who 

acquired multiple yet typical tastes, who are “different but like the other members,” are 

appreciated the most in the community. These findings hold even after the analysis is controlled 

for weak culture and cultural embeddedness hypotheses. 

 
Introduction 

Making a significant contribution to community discussion often requires balancing between the 

tensions of fitting in and standing out. On the one hand, having a diverse range of tastes can  
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lead individuals to stand out with unique character. On the other hand, broadening the scope of 

interests comes with a price of participating in a single community less often which, in turn, can 

lead individuals to being penalized because they are not perceived as a member of the 

community. This study focuses on the question of how effectiveness in communication is 

influenced by the composition of acquired tastes of individuals. 

Studies of cultural sociology can provide different perspectives to explain cultural 

communication and its quality, even though few of these studies focus directly on quality of 

contributions measured by the total number of likes (minus dislikes) associated with those 

contributions. Research on cultural omnivorousness implies that combining various cultural tastes 

is appreciated by the society and therefore valuable (Warde, Wright, and Gayo-Cal 2007). 

Findings from research on boundary spanning imply the opposite: combining various cultural 

tastes is associated with penalties because this creates confusion for the audience as they find it 

difficult to fit the combination of tastes to a specific category However, when the similarities and 

differences of the combined tastes are taken into consideration, this line of research provides a 

different argument: the audience perceives individuals who combine cultural tastes that are 

perceived to be related to each other as creative, while those with atypical tastes get penalized, 

again, due to categorical confusions (Goldberg, Hannan, and Kovács 2016; Hannan and Kovács 

2010). This study contributes to the synthesis of the two lines of research through combining the 

mathematical methods each line of research uses to measure boundary spanning and bridging the 

cultural holes. In doing so, this study emphasizes the duality of the structure. 

Weak culture hypothesis, however, follows a different approach. This line of research 

does not focus on the typical vs. atypical combination of tastes but, rather, considers how weak 

or strong the connection of the individuals to the cultural tastes are. Following the strength of 
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weak ties argument of Granovetter (1973), having many weak cultural ties with less 

commitment can serve as a means to having quality cultural talk with various audiences with 

different cultural interests. 

While boundary spanning, cultural omnivorousness, and weak culture focus on the role of 

standing out on effectiveness, cultural embeddedness focuses on the opposite. This line of 

research implies that being perceived as a member of the community is crucial, and therefore 

becoming an effective member requires making continuous interactions within the community. 

This study uses a relational sociology approach to provide an empirical analysis of the 

perceptions of communication participation quality with respect to cultural diversity and 

matching. This research uses communication data on music-related topics from an online opinion 

sharing platform, Reddit, with more than 750K unique participants and 462 distinct communities 

of various musical interests. This dataset is used to generate a two-mode network of individuals 

and their musical tastes based on their interaction with the community, and to analyze the role of 

acquiring typical or atypical tastes in becoming a significant contributor of the community. 

Specifically, this research finds an answer to the question of how the atypicality of 

boundary spanning, i.e., combining various categories, as well as the frequency of 

contributions, impacts an individual’s level of effectiveness in communication. The results 

have parallels with the findings of the boundary spanning literature, even after the weak 

culture and cultural embeddedness hypotheses are controlled for. 

Cultural Tastes, Relational Sociology of Culture, and Social Network Analysis 

Swidler’s (1986) conceptualization of culture opened a new line of sociological research. Rather 

than seeing culture as the main supplier of values that determine individuals’ actions, she argues 

that culture shapes the repertoire of habits, skills, and styles that provides a toolkit for strategies 
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of action. In other words, individuals do not operate under a set of master values; rather, they 

choose different actions based on their skill set and knowledge of available strategies in their 

environmental settings, and “action and values are organized to take advantage of cultural 

competences” (Swidler, 1986: 275). This understanding of culture not only provides a middle 

ground between a highly structural, deterministic understanding of how individuals choose their 

actions and the understanding of the theory of rational choice wherein individuals have 

exogenous preferences and choose their actions to maximize their interest, but also indicates that 

both views are inadequate. 

Conceptualizing culture as a toolkit of repertoires of action provides a solid grounding for 

relational sociology to analyze cultural phenomena, as relational sociologists “reject the notion 

that one can posit discrete, pregiven units such as the individual or society as ultimate starting 

points of sociological analysis (as in the self-actional perspective)” (Emirbayer 1997: 287). The 

strength of relational sociology, in this regard, comes from taking the relations as the unit of 

analysis: a study of relations enables this methodology to take both individual characteristics and 

the overall structure seriously while analyzing social phenomena. (Wellman, 1988; Emirbayer, 

1997; also see Mische, 2011 on the emergence and development of the discipline). 

If culture is inherently relational (Crossley 2015), then cultural tastes and consumer culture 

are also developed and acquired at the relational level, and they need to be analyzed and theorized 

as such. Social Network Analysis (SNA) provides both the tools and the perspective for that 

purpose. Even though many social scientists understand the relation between cultural tastes and 

relations based on Bourdieu’s conceptualization of forms of capital, habitus, and disposition of 

individuals based on their lifestyles (Bourdieu 1984), his fundamental objective was to explain 

class reproduction and not cultural tastes (Puetz, 2015). Even though Bourdieu’s work shaped 
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early studies on cultural tastes and consumer culture (Beisel 1993; Bryson 1996; DiMaggio 

1982a, 1982b; Lamont 1992; Levine 1988), there is a recent shift toward cultural tastes of 

“coordination” as opposed to “domination” (Erickson 1996) that takes personal networks as the 

center of analysis rather than class relations (Puetz, 2015). 

Mische (2011) identifies three lines of research that link social networks and culture. The 

first takes cultural elements such as information, ideas, attitudes, and practices as external to 

personal networks and analyzes their circulation and diffusion through social networks (Podolny 

2001; Watts and Dodds 2007; Gibson 2000). The second major line of research looks at how 

networks shape culture: how close-knit networks create solidarity based on identity (Melucci 

1989; Taylor, Whittier, and Morris 1992), how positions of individuals in the social network 

structure determine their group identity (Gould 1991; Bearman 1993), and how social connections 

that bridge close- knit communities contribute to cultural innovation and status (Granovetter 1977; 

Burt 1992; Erickson 1996; Uzzi and Spiro 2005; Lizardo 2006). The third and final line of 

research conceptualizes culture itself as networks (DiMaggio 2011). This perspective analyzes 

culture based on individuals’ cognition of it using various mathematical techniques, including 

Galois lattices (Mohr and Duquenne 1997; Breiger 2000) and correspondence analysis techniques 

(Sonnett 2004). The present study does not use personal networks but conceptualizes musical 

tastes as a network of social space, yet it also analyzes the impacts of bridging in this cultural 

network. In other words, this research conceptualizes musical tastes as a network and then 

analyzes the impact of bridging in this cultural network. 

Cultural Omnivorousness 

From a social networks perspective, if the shared number of people between genres defines the 

connectivity of cultural tastes, then Burt’s definition of structural holes and brokers (1992) can 

be applied to the cultural space to identify the cultural omnivores: the individuals who acquire 
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atypical tastes and therefore “bridge” across wider cultural holes. Having an atypical 

combination of tastes in music, such as arabesque and metal, for example, would bridge a wider 

cultural hole; and having a typical combination of music tastes, such as liking both RnB and Hip 

Hop, would bridge a narrower one. Lizardo’s (2014) mathematical formulation measures the 

level of atypicality in tastes based on this idea: in the cultural space, individuals’ musical tastes 

are ties that connect them to the musical genres they follow. This perspective conceptualizes the 

cultural space as a two-mode network: individuals being on one side, and musical genres as 

categories on the other. This understanding of culture is relational as it captures a dual relation, 

or duality (Breiger 1974): the people who listen to the genre and their understanding of what the 

genre is define the musical genres, and the musical genres that individuals choose to listen to 

define their musical taste. Using this two-mode network, Lizardo first measures the overlap 

between each genre (the percentage of users shared by each pair of genres) and then uses the 

overlap score to measure each person’s level of bridging (his work defines this as Cultural 

Network Efficiency or CNE) based on the overlap scores of the genres they follow. 

Even though cultural omnivores are open to a variety of tastes, this appreciation of variety 

can still serve as a marker of status. Therefore, having a taste for a broader variety of musical 

categories may not lead the communities to be open to a greater diversity of tastes but, rather, can 

reproduce the cultural boundaries (Bryson 1996; Erickson 1996; Johnston and Baumann 2007; 

Warde, Wright, and Gayo-Cal 2008; Goldberg, Hannan, and Kovács 2016). Therefore, this 

research looks at how online music-related discussion groups evaluate community members’ 

participation based on the variety and atypicality of tastes they acquire. 

Even though Lizardo takes the level of contrast between categories into account while 

measuring bridging scores of individuals, or CNEs, he does not conceptualize or measure 

contrast scores for the categories, and thus misses an opportunity to theorize the bridging of 
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holes among the categories, which is dual to his object of study (i.e., individual-level bridging 

scores). The present study turns to category spanning literature to add a contrast measure to the 

analysis. This way, Lizardo’s mathematical formulation is revised to measure both individual 

bridging scores and category contrast scores based on a unified  mathematical formulation. 

Hypothesis 1: People who acquire multiple musical tastes receive higher evaluation scores. 

Category Spanning, Boundary Crossing, and Novelty 

Another line of sociological research analyzes the role of boundary spanning in market products. 

While evaluating these goods, people often make (dis)similarity judgments to make sense of 

them; which leads these objects to get categorized into different groups, genres, or topics. These 

categories can be useful in easing the process of identifying new objects, based on their 

characteristics, or the labels attached to them. For instance, one can decide whether to go to a 

newly released movie based on its genre: for a person who is fond of romantic comedies and 

scared of thrillers, a new thriller movie will be something to avoid, and a new rom-com might be 

worth the watch – at least the trailer. However, when a new object does not perfectly fit into one 

genre, then, making a judgment can become more difficult: for instance, determining whether or 

not to eat at a fusion restaurant that combines Chinese and Mexican elements. 

Sociological studies look at the impact of combining genres for individuals in various 

industries, and generally the consequences are negative (Kovács and Hannan 2014): film actors 

who act in various genres will be less likely to get additional roles (Zuckerman et al. 2003), or, 

the productivity of researchers with interdisciplinary work is lower (Leahey, Beckman, and 

Stanko 2017). Studies that analyze the results of bridging for organizations or market products 

also find similar results (Zuckerman 1999; Rao, Monin, and Durand 2005; Kovács and Hannan 

2010). 
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These results, however, differ based on the level of similarity of the categories combined, or, 

“the fuzziness between categories:” if the spanned categories have a low contrast, then, spanning 

these categories creates less confusion for the audience and are associated with fewer penalties 

(Kovacs and Hannan, 2015).  

Hypothesis 2: People who acquire an atypical combination of tastes (i.e., who bridge across 

wider holes) receive lower evaluation scores. 

Further research focuses on how different audiences evaluate new products: Pontikes (2012) 

finds that while market makers, those who work to produce innovative products, appreciate 

boundary spanning products more, while the market takers, the consumers, appreciate it less. 

Therefore, the first group will define category spanning as flexible and appealing, while the 

second group will argue that it is unclear and confusing. The contrast score variable in this 

research will analyze community level effects on evaluations. 

This analysis incorporates the contrast scores of the communities as the variable to identify the 

different characteristics of the communities. As the contrast of a community increases, the 

community separates itself from the reproduced cultural boundaries, and positions itself in 

between various cultural boundaries. Considering that in-group bias can be at play within 

reproduced cultural boundaries, participants of communities with high contrast scores are 

expected to receive lower evaluation scores. 

Hypothesis 3: Communities with low contrast scores operate within the reproduced cultural 

boundaries, and such communities give higher evaluation scores to their members due to in-

group bias. 

In their analysis of book evaluations on Goodreads.com,  Kovacs and Sharkey’s (2014) find that 
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increased number of evaluators also increase the diversity in tastes and therefore might translate 

into less favorable evaluations. Therefore, smaller communities are expected be correlated with 

higher evaluations. 

Hypothesis 4: Smaller communities are correlated with higher evaluations, which might 

indicate that such communities act as free and open space for their participants that 

facilitates acceptance and even empowerment. Communities with higher number of 

participants, however, bring more negative criticism to their communities. 

Kovacs and his colleagues (Kovacs and Hannan, 2010, 2014; Goldberg, Kovacs and Hannan, 

2016) created mathematical measures for label/category contrast and object/entity niche width to 

embed the structural properties to test the impacts of combining fuzzy categories and used these 

measures in their empirical studies. In that regard, this study follows their perspective and 

approach; yet stresses how these measures capture the duality of the cultural structure with 

stronger emphasis. Therefore, this study intends to further Goldberg et al.’s (2016) call for 

combining omnivorousness and category spanning research; and proposes to carry such analysis 

of cultural product evaluation to the area of communication. 

This research also employs two other theories of effective communication and tests their 

interaction with the cultural omnivorousness and the category spanning hypotheses: Weak 

Culture, and Cultural Embeddedness. 

Cultural Embeddedness and Weak Culture 

Cultural Embeddedness 

Zukin and DiMaggio’s (1990) definition of cultural embeddedness relates to the similarity of 

norms and shared thoughts. While weak culture emphasizes the role of standing out with regard 

to making high quality participation, embeddedness stresses the role of fitting in to the 
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community. While bridging across different cultural tastes can bring benefits, it comes with an 

expense of participation intensity (Goldberg et al, 2016). Therefore, the embeddedness 

hypotheses will test whether increased participation in the music-related communities leads the 

individual’s communication to be more effective, and how that affects people who span the 

boundaries. 

Hypothesis 5: The higher an individual’s contribution share to the community in frequency 

(which indicates embeddedness), the higher the evaluation scores of that individual received 

from the community. 

 
Weak Culture 

Schultz and Bregier (2010) extend Granovetter’s (1973) theoretical work on the strength of 

weak ties to the study of cultural objects and relations: As cultural similarities help strangers to 

begin communicating with each other, weak culture (i.e., having an interest in various cultural 

topics with weak commitments) has the potential to bridge across disconnected social groups. 

Engaging in “cultural talk” is a resource of interaction (Lizardo, 2016), and people capable of 

conversing about different cultural topics can have better access to opportunities, such as having 

an advantage in getting creative jobs (Koppman 2016; Rivera 2012, 2015), because they can 

establish weak ties more easily. Therefore, the weak culture hypotheses will test whether having 

a high music-related subcommunity participation rate (i.e., devoting more time as compared to 

other categories and therefore having a strong commitment) is associated with fewer penalties. 

Hypothesis 6: The lower an individual’s contribution share to the community in percentage 

(which indicates weak culture), the higher the evaluation scores of that individual received 

from the community. 

Data and Methods 
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To test these hypotheses, I rely on data collected from Reddit (Read it! = Reddit!), a publicly 

available social media and news aggregation website. Reddit provides an interactive and 

participatory way of sharing information about anything from politics to world news, from cute 

animal photos to soap operas, from programming techniques to travel. The users of Reddit, also 

called Redditors, use the website to read information that is relevant to their interests and share 

information that they think the communities (i.e., Subreddits) they are a part of might find 

interesting. According to Alexa,1 Reddit.com is ranked as the 4th most popular website in the US 

and ranked as the 16th most popular over the globe; which makes Reddit a large online 

community with more than 600,000 unique users joining the community every month.2  

A visitor to the Reddit webpage finds nearly 1.2 million Subreddits on the website. A 

Subreddit, very similar to subforums in web forums, is a virtual room or space named based on 

the topic of interest, where the visitors of Reddit can enter in and read the relevant discussion 

online. 

Therefore, the discussion content on Reddit is organized based on topics, and Subreddit 

names generally signal the topic discussed in that subcommunity. The categories range across a 

wide variety of topics. For instance, one can find politics-related discussion under the r/politics 

Subreddit, or cute animal pictures that will make people viewing them say “aww” under the 

Subreddit r/aww. The r/superbowl Subreddit, on the other hand, has an intentionally misleading 

name: even though one would expect the Subreddit to contain posts and comments related to 

“super bowl,” actually its subscribers post pictures of “superb owls.” Visitors can choose which 

Subreddit to visit based on their interests. 

 
1 Alexa is a marketing company owned by Amazon. See more details about the Reddit rankings here: 
http://www.alexa.com/siteinfo/reddit.com 
2 For more information please see https://www.reddit.com/r/AskReddit/about/traffic/ 

http://www.alexa.com/siteinfo/reddit.com
https://www.reddit.com/r/AskReddit/about/traffic/
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A Reddit visitor finds a list of titles of published posts as they click on the Subreddit of 

their interest. The visitor can click on the title to read the content in the post, and the content 

shared can take different forms such as pictures, gif images, web links, or videos. Underneath the 

posts, the visitor can find the comments other people made based on the post. The visitor can read 

all this information, yet cannot share a post or a comment unless they register and become a 

Redditor (i.e., registered Reddit user). In addition to being able to post their posts and comments, 

Redditors can also vote on other Redditors’ published content: They can give one upvote or one 

downvote to each post or comment shared on Reddit. The overall score (i.e., total number of 

upvotes received minus total number of downvotes) of a post or comment is also visible to 

Redditors and Reddit visitors. Redditors can also become a moderator for one or multiple 

Subreddits and monitor whether the posts shared in the Subreddit violate the rules of the 

community and delete the content if that is the case. A Subreddit generally has 1-10 moderators 

depending on its level of popularity. 

Therefore, each post and comment shared on Reddit contains the following publicly 

visible information: (a) Message content (text, image, video, etc.), (b) Redditor name (the 

person who wrote the post/comment), (c) Subreddit name (the Subreddit under which the 

post/comment is shared), (d) post/comment score (total number of upvotes minus downvotes), 

and (e) Time (when the post/comment is published). 

The analysis of this study is limited to music-related Subreddits, and the list3 comes from r/music 

Subreddits. Reddit post and comment datasets publicly available on Google’s BigQuery are used 

to retrieve the communication data of these Subreddits during a two-year period, between January 

2016 and December 2017. This study uses the following variables from the dataset: (a) Message 

 
3 https://www.reddit.com/r/Music/wiki/musicSubreddits 

https://www.reddit.com/r/Music/wiki/musicSubreddits
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content, (b) Redditor name, (c) Subreddit name, (d) post/comment score, and (e) Time. These 

variables are used to create a social network graph where post and comments form a binarized tie 

between the Redditor who published the post/comment and the Subreddit under which the 

Redditor publishes the post/comment. The analysis also controls for the dynamic character of the 

communication network by creating monthly network graphs at 48 time points and creating 

cumulatively evolving communication graphs at 47 time points.Only 462 of the 662 the music-

related Subreddits listed were significantly active throughout the two-year time span. Therefore 

the current analysis is limited to the active set of Subreddits. 

Measuring Object/Individual Bridging Scores and Category/Community Contrast Scores 

Because this study draws a connection between Lizardo’s (2014) Central Network Efficiency 

(CNE) measure that calculates the level of bridging and Kovacs and his colleagues’ measures of 

Category Contrast Scores and Object Niche Width (Kovacs and Hannan, 2010, 2014; Goldberg, 

Kovacs and Hannan, 2016), the similarities and the differences used in this study and the other 

measures mentioned must be clarified. 

Kovacs and his colleagues (Kovacs and Hannan, 2010, 2014; Goldberg, Kovacs and 

Hannan, 2016) use the term “category” or “label” for mental boundaries, and they use the term 

“object” or “entity” to define a product, an individual, or an organization that engages in boundary 

crossing. They measure the level of contrast between labels first, and then, based on the contrast 

scores of the categories, they construct a variable entitled niche width for objects, which measures 

the level of boundary crossing each object does. 

Lizardo, however, focuses only on measuring the level of bridging (aka boundary 

crossing) of individuals. Because his point of reference is Burt’s work on bridging structural 

holes, and because his work applies this concept to cultural studies (i.e., bridging cultural holes, 
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for more detail, see Pachucki and Breiger 2010), Lizardo adapts Burt’s term network efficiency 

to his work, and uses the phrase Cultural Network Efficiency (CNE) to refer to Kovacs and 

Hannan’s (2010) Niche Width measure. Mathematically speaking, these two measures (CNE 

and Niche Width) are not the same. However, the two measures are similar not only because 

the concept they intend to measure is the same, but also due to the similarity of their 

mathematical approach. While Lizardo emphasizes the duality of the two-mode network 

structure, Kovacs and colleagues emphasize the role of structure without conceptualizing or 

discussing duality. 

Because this work analyzes the structure from a social networks perspective yet labors to 

test its hypothesis that originates from the boundary crossing research, the terminology used in 

the current study is shaped based on the former perspective. The term “bridging,” rather than 

“niche width,” stresses the role individuals take in generating a conversation between two genres 

and the influence of this act on the cultural structure, and therefore the current study uses that 

terminology. However, whether making this connection across two genres is efficient or not 

(referring to Burt’s terminology) is a lengthy topic of discussion, and therefore beyond the scope 

of this paper. Therefore, this study does not use the term Cultural Network Efficiency and rather 

uses “Object/Entity/Individual Bridging Scores” for individuals who choose different musical 

genres; restaurants combining different cuisines; or research papers with an interdisciplinary 

focus. For categories, this study adopts the same terminology that Kovacs and colleagues use: 

“Category/Label/Community Contrast scores” for different communities in which individuals 

converse with each other; different labels or tags assigned to each research paper; or categories of 

food varieties each restaurant serves. 

Because the empirical portion of this study focuses on individuals and their choice of 
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online communities of music-related discussion topics, the remainder of this article will use 

the term Bridging Scores for individuals and Contrast Scores for the communities. 

The binary matrix A represents the connections in the two-mode network, where the 

individuals are represented as rows, and communities are represented as columns. Each cell entry 

𝑎𝑎𝑖𝑖s = 1 implies there is a connection between Redditor i and Subreddit s. By using Breiger’s 

(1974) formulation for the concept of duality and emphasizing that music Subreddits are 

connected and related to each other through the Redditors who choose them, the following 

matrix multiplication generates the adjacency matrix M that reflects the strength of connection 

among each Subreddit: 

𝑀𝑀 = 𝐴𝐴𝑇𝑇𝐴𝐴 

 

Where the entries of the square matrix M, m𝑗𝑗k, represents the number of Redditors who 

comment both in Subreddit j and Subreddit k. With similar logic, the diagonal cells of the matrix, 

m𝑗𝑗𝑗𝑗, represent the total number of Redditors commenting in Subreddit j. In the following, I 

calculate the level of overlap among each Subreddit, by using the formula: 

𝑜𝑜𝑗𝑗𝑗𝑗 =  
𝑚𝑚𝑗𝑗𝑗𝑗

𝑚𝑚𝑗𝑗𝑗𝑗
4 

𝑜𝑜𝑗𝑗k   is defined as the overlap scores. For example, if there are 500 unique individuals 

who.participate in community 𝑗𝑗, 300 unique individuals who participate in community 𝑘𝑘, and 150   

individuals share membership in both communities, then, m𝑗𝑗𝑗𝑗 = 500, mkk = 300, and m𝑗𝑗k = mk𝑗𝑗 = 

150. Then, the overlap scores o𝑗𝑗k and ok𝑗𝑗 are calculated as: 

 
4 While Lizardo’s (2014) measures overlap scores symmetrically, and therefore does not differentiate between the 
percentage of users Subreddit k shares with Subreddit j through using the formula, 𝑜𝑜𝑗𝑗𝑗𝑗 =  

𝑚𝑚𝑗𝑗𝑗𝑗

min�𝑚𝑚𝑗𝑗𝑗𝑗,𝑚𝑚𝑗𝑗𝑗𝑗�
, , the current 

study rather aims to identify nuances such as whether a community k is the subset of community j and not vice versa 
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Overlap scores take values in the [0,1] range. 𝑜𝑜𝑗𝑗k = 1 implies j is a subset of k; and 𝑜𝑜𝑗𝑗k = 0 

implies that the two Subreddits comprise completely distinguished audiences. 

 The next step is to measure 𝑤𝑤𝑖𝑖s, Redditor i’s contribution to the contrast score of Subreddit s, 

using the overlap scores. This score will be used to measure three different variables: multiple 

and atypicality at the individual level and contrast at the community level. The example below 

illustrates the procedure: 

 
Redditor 𝑖𝑖 in the network above connects Subreddit 𝑠𝑠 to two other Subreddits: 𝑘𝑘 and 𝑗𝑗. 

Subreddit 𝑠𝑠 shares 1/4 of its population with 𝑘𝑘, therefore the overlap score 𝑜𝑜sk = .25. Similarly, 

Subreddit 𝑠𝑠 shares 2/4 of its population with Subreddit 𝑗𝑗, thus 𝑜𝑜sj = .5 . Because Redditor 𝑖𝑖 has ties 

to 3 different Subreddits, its degree is 𝐷𝐷𝑖𝑖 = 3. 

Redditor i’s contribution to the contrast score of Subreddit s, defined as the tie weight 𝑤𝑤𝑖𝑖s, is 

measured as: 

 

 

where 𝐷𝐷𝑖𝑖 refers to the degree of Redditor i. 
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And therefore: 

 
  

We can also define 𝑤𝑤𝑖𝑖s as the tie weight for the tie 𝑎𝑎𝑖𝑖s, which takes a value within the 

range [0,1]. When 𝑤𝑤𝑖𝑖s is closer to 1, Redditor i created connects wider structural holes between 

Subreddit s and other Subreddits. However, please note that 𝑤𝑤𝑖𝑖s equals to 1 only if Redditor i is 

connected to Subreddit s only. Therefore, in our example, 𝑤𝑤𝑑𝑑s = 𝑤𝑤𝑒𝑒s = 1. 

The contrast score of Subreddit s (Cs) is measured by the average of the tie weights of all 

of its ties. Therefore, by definition, Cs value has a range of [0,1]. A Subreddit with Cs = 1 is a 

Subreddit that does not have any ties to other Subreddits via its contributors; and a Subreddit with 

Cs = 0 is a subset of [an]other Subreddit[s] because all participants also share membership in other, 

and exactly same, Subreddits. If CSs is closer to 1, then, the Subreddit has a more unique set of 

audience as compared to other Subreddits, and therefore its contrast score is higher. CSs is measured 

as: 

𝐶𝐶𝑠𝑠 =  �
1

𝑛𝑛(𝑠𝑠)
𝑤𝑤𝑖𝑖𝑠𝑠 =  

1
4

(𝑤𝑤𝑖𝑖𝑠𝑠 + 𝑤𝑤𝑑𝑑𝑠𝑠 + 𝑤𝑤𝑒𝑒𝑠𝑠 + 𝑤𝑤𝑐𝑐𝑠𝑠) =  
1
4
�

5
8

+ 1 + 1 +
1
2
� = .785

𝑖𝑖 ∈𝑁𝑁(𝑠𝑠)

 

where n(s) is defined as the total number of unique participants of Subreddit s; and N(s) id 

defined as the set of all unique participants of Subreddit s. 

The bridging score of Redditor 𝑖𝑖 is also measured as the average score of the weight of 

all the ties the Redditor has with other Subreddits: 

𝐵𝐵𝑖𝑖 =  �
1
𝐷𝐷𝑖𝑖
𝑤𝑤𝑖𝑖𝑠𝑠 =  

1
3
�

5
8

+
1
2

+
1
3
� = .486

𝑠𝑠 ∈𝑆𝑆(𝑖𝑖)
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𝐵𝐵𝑖𝑖 ranges between [0,1]. 𝐵𝐵𝑖𝑖 equals to zero if Subreddit s shares all of its participants with all 

other subreddits that Redditor i connects Subreddit s to. It is important to note that Redditors who 

are affiliated with only one category will have B𝑖𝑖 =1. In figure 1, for instance, because 𝑤𝑤𝑑𝑑s= 1 and 

this is the only tie Redditor d has, Bd= 1
1
(1) =1. Therefore, even though Redditors who have higher 

IBS are expected to bridge across categories that are more contrasted (i.e., less fuzzy), there is an 

exception for those who have the highest possible bridging score, which is 1: they do not acquire 

multiple tastes, therefore they acquire mono-taste. 

Data Characteristics 

According to a Pew Research Center survey,5 even though Reddit ranks as one of the webpages 

that gets the highest volume of traffic in the US, only 6% of the internet users use Reddit. 

Among the respondents of the survey, 15% of male internet users aged 18-29 say that they 

use Reddit, compared with 5% of women in the same age range. The research also looks at 

Redditors’ demographics and indicates that 79% of Redditors are male, and more than half of the 

users are 19-25 years old. Given the results of another social media study by Pew,6 it is not 

surprising to find that the age group 19-25 dominates the Redditors’ demographics, as young 

adults are most likely to use social media. Yet, women and men use social media at similar rates  

as of 2014 in the US, making Reddit’s primarily male population an outlier in comparison to other 

popular social media sites. Therefore, this dataset looks at a population that is predominantly 

young and male. 

The Subreddit topics on Reddit are defined by the community members themselves. The 

categories of musical interests in this analysis are solely based on the Subreddit names and, 

 
5Accessible through http://www.pewinternet.org/2013/07/03/6-of-online-adults-are-reddit-users/ 
6 Accessible through http://www.pewinternet.org/2013/07/03/6-of-online-adults-are-reddit-users/ 

http://www.pewinternet.org/2013/07/03/6-of-online-adults-are-reddit-users/
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therefore, the categorization developed by the community itself. As such, compared to survey 

data where the researchers define the categories, this dataset is expected to provide a more 

accurate categorization. Second, this dataset directly records the action of communication and, 

therefore, the actual choice of tastes rather than the perceived choice of tastes, which eliminates 

the potential of response bias. However, this dataset has limitations of access to additional 

personal information since it does not contain demographic data. 

All the observations are collected at individual(i)-community(s)-month(t) level. 

Cleaning Procedures 

This study implements two cleaning procedures before proceeding with the analysis. The 

first step cleans the accounts that generate automated texts, and the second identifies 

Subreddit moderators who often publish posts and comments not as a contributor but as a 

regulator. 

Cleaning Bots 

A bot is a software application that runs automated tasks over the internet. These tasks are usually 

simple and repetitive, and managed at a higher speed than would be possible for a human. The 

internet bots operating on Reddit usually post spam, which are comments with repetitive content 

that does not contribute to the overall discussion in the Reddit community. Many of the bots 

operating on Reddit includes the word “bot,” and this cleaning procedure is designed to clean such 

bots. The procedure starts with identifying Redditor names which include ‘bot’ or ‘Bot’. Then, the 

second step uses comment and post text data available at Google Big Query to clean those accounts 

that publish repetitive comments (i.e., comments containing the same words and sentences). 

Removing Moderators 

Subreddit moderators frequently publish comments to explain why they deleted or removed 
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other users’ posts. Because their published messages often do not contribute to the overall 

discussion, we remove the ties between Subreddits and their moderators. The procedure uses 

Reddit API to retrieve moderator data for all 462 Subreddits, and then removes those Subreddit-

moderator ties from the dataset. 

Dependent Variable 

Evaluation Scores(ist).  

The dependent variable measures the level of participation quality each Redditor has in the 

Subreddit they participate in using other community members’ evaluations of their published 

content. The monthly comment/post level evaluation scores are used to create a Redditor(i)-

Subreddit(s)-month(t) level measure. First, the comments and posts of each Redditor are grouped 

by the Subreddit they published in, and then, the average score of the Redditor is calculated for 

each group. Outliers are omitted to obtain robust results. Therefore, evaluation scores have a 

range of [-20, 1000] after the cleaning. Because online evaluation scores are often power law 

distributed, and this also is the case for the dependent variable, the logged version of the measure 

is used in the analyses. The log transformed variable is calculated based on the following 

formula: 

 

The descriptive statistics for all person-Subreddit-month (ist) observations indicate that 

Redditors receive 6.04 points for each comment/post published on average. This score does not 

vary significantly between Redditors who bridge across more than one Subreddit and those who 

participate in only one Subreddit (i.e., people with mono-taste). 

Independent Variables: Category Spanning and Omnivorousness 

Bridging and Contrast Scores are generated using the communication network data, as explained 

above.  These are the independent variables that test for the cultural omnivorousness and 
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boundary spanning hypotheses. 

Multiple(it) and Atypicality(it).  

Bridging (𝐵𝐵𝑖𝑖) measures atypicality of all Redditors based on their level of bridging across 

categories in the cultural space. 𝐵𝐵𝑖𝑖 ranges between [0,1) for Redditors who acquire multiple tastes, 

and increases as the level of atypicality of their tastes increase. Bi takes the value 1 for those 

Redditors who acquired a single taste only. To identify the effect of participating in multiple 

communities and the atypicality of these tastes distinctively, two new variables are generated 

based on𝐵𝐵𝑖𝑖. The first variable, Multiple, is a categorical variable, which equals 1 for Redditors 

with 𝐵𝐵𝑖𝑖scores lower than 1 and equals 0 for those with a 𝐵𝐵𝑖𝑖 value of 1. The second measure, 

Atypicality, takes a value of zero for individuals who participate only in one music-related group 

and therefore do not acquire multiple tastes, and takes the Bi  score calculated for Redditors who 

acquire multiple tastes. 

𝐴𝐴𝑡𝑡𝑡𝑡𝑡𝑡𝑖𝑖𝑡𝑡𝑎𝑎𝑡𝑡𝑖𝑖𝑡𝑡𝑡𝑡𝑖𝑖𝑖𝑖 =  � 0 𝑖𝑖𝑖𝑖 𝐵𝐵𝑖𝑖𝑖𝑖 = 1
𝐵𝐵𝑖𝑖𝑖𝑖𝑖𝑖𝑖𝑖 𝐵𝐵𝑖𝑖𝑖𝑖 < 1 

 

𝑀𝑀𝑀𝑀𝑡𝑡𝑡𝑡𝑖𝑖𝑡𝑡𝑡𝑡𝑒𝑒𝑖𝑖𝑖𝑖 =  �1 𝑖𝑖𝑖𝑖 𝐵𝐵𝑖𝑖𝑖𝑖 = 1
0 𝑖𝑖𝑖𝑖 𝐵𝐵𝑖𝑖𝑖𝑖 < 1 

 

Outliers with 𝐵𝐵𝑖𝑖𝑖𝑖 < 0.65 are omitted. 45% of the person-Subreddit-month observations belong to 

bridging Redditors. Bridging scores of this subset of observations is 0.94 on average. 

Community Contrast(st). 

Community contrast equals the 𝐶𝐶𝑠𝑠 measure explained above, and it is measured separately for 

each month. This measure assigns a contrast score to all music-related Subreddits (N=462) based 

on their level of category spanning in the cultural space. Outliers with 𝐶𝐶st < 0.7 are omitted for



 

Table 1. Correlations and Descriptive Statistics for Redditor-Subreddit-Months (All, N=4,072,794) 

 
 

Variable 

 
 
Mean 

 
 

St.Dev. 

 

Log Eval. Score 

 
 
Multiple 

 
 
Atypicality 

 
 

Contrast 

 
 

PRate 

 
 
Log PCount 

 
 
Log Size 

LogEvalScore 3.26 0.31 1 -0.01 -0.01 0 0.03 0.09 0.09 
Multiple 0.45 0.50  1 1 -0.2 -0.86 0.11 -0.13 
Atypicality 0.42 0.47   1 -0.18 -0.87 0.1 -0.14 
Contrast 0.98 0.02    1 0.22 -0.01 0.46 
PRate 0.73 0.35     1 0.1 0.15 
LogPCount 0.82 1.00      1 -0.01 
LogSize 8.27 1.78       1 

 
 
 
 

  Table 2. Correlations and Descriptive Statistics for Redditor-Subreddit-Months (Bridgers only, N= 1,812,655) 
 

Variable Mean StDev LogEvalScore Atypicality Contrast PRate LogPCount LogSize 
         
Log Evaluation Score 3.26 0.31 1 -0.09 0 0.07 0.1 0.12 
Atypicality 0.94 0.47  1 0.23 -0.1 -0.09 -0.17 
Contrast 0.97 0.02   1 0.13 0.03 0.48 
PRate 0.4 0.35    1 0.55 0.11 
LogPCount 0.94 1     1 0.06 
LogSize 8.02 1.78      1 
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robustness. The variable CSS has a score of .98 on average across all individual(i)-community(s)-

month(t) observations. This value is lower for individuals with a variety of tastes, which is 0.94. 

Independent Variable: Weak Culture 

Participation Rate(ist).  

Subreddit Participation Rate tests the weak culture hypotheses and measures the monthly 

participation rate of the Redditors in each Subreddit. The measure takes the number of 

posts/comments published in a Subreddit; it is calculated for each Redditor first, and then 

calculates the percentage of published posts/comments among all posts published by the same 

Redditor. On average, Redditors publish 73 percent of their messages in one Subreddit. For those 

who acquire multiple tastes, however, this value drops to 40 per cent. 

Independent Variable: Cultural Embeddedness 

Log Participation Count(ist).  

Log transformed participation count (LogPCount) variable counts the total number of 

comments/posts posted by each Redditor under each Subreddit. While weak culture variables 

measure across-Subreddit contribution of each Redditor, LogPCount measures within-Subreddit 

contribution. All Redditors publish 2.27 messages in each Subreddit on average. The mean is 2.55 

for bridging Redditors only, which indicates that people with multiple tastes are slightly more 

devoted to the overall community. 

Control Variable 

 Size(st).  

The Size variable takes the log transformed version of the total number of Redditors with one or 

more post/comments published in each Subreddit and is measured monthly. Subreddits have an 

average of 3,904 active participants. Redditors with a variety of acquired tastes participate in 

Subreddits with less active members, which is 3,041 on average. 
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Results 

Table 3 shows the results for the fixed effects model. Fixed effects are controlled at the subreddit 

and month levels, adding 461 (462-1) dummy variables for the subreddits and 23 (24-1) dummy 

variables for the months. Model 1 includes independent variables that test boundary spanning and 

omnivorousness hypotheses only. Model 2 adds a control for community size, and Model 3 adds 

the interaction term community contrast and community size. Models 4 and 5 add the controls for 

weak culture and embeddedness hypotheses. While Model 4 omits the interaction terms, Model 5 

includes those. Finally, Model 6 presents the full model. 

Although Table 1 indicates the correlation between the evaluation score and dummy 

variable Multiple is low, when Atypicality and Contrast are added as in Model 1, this relation 

changes significantly. According to Model 1, those who participate in more than one Subreddit 

receive higher evaluation scores as compared those who do not bridge across multiple Subreddits 

(H1). However, those who have atypical tastes receive lower scores (H2), which indicates that 

combining atypical tastes is penalized. This relation does not change in Models 3 and 4 either. 

The cumulative atypicality score has significant, yet very small impact. 

Although the community contrast coefficient in Model 1 indicates that Subreddits with low 

contrast scores are evaluated more harshly as compared to Subreddits with higher contrast scores, 

this relation changes in Model 3 as the interaction term of Contrast and Size is added. Therefore, 

Model 3 results support H3 and H4: communities that have low contrast score give higher 

evaluations to their participants in overall, as well as smaller communities. 
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Table 3. Impact of Category Spanning and Cultural Omnivorousness over Evaluation Scores. 
  Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 
(Intercept)                          2.778***    2.792***    3.500***    2.780***    2.823***    3.645*** 
                                   -0.021 -0.021 -0.058 -0.021 -0.023 -0.059 
Atypicality                         -0.170***   -0.168***   -0.169***   -0.125***   -0.041***   -0.040*** 
                                   -0.005 -0.005 -0.005 -0.005 -0.011 -0.011 
Multiple                             0.168***    0.166***    0.168***    0.120***  -0.002 -0.003 
                                   -0.005 -0.005 -0.005 -0.005 -0.013 -0.013 
Contrast                             0.432***    0.370***   -0.369***    0.417***    0.417***   -0.450*** 
                                   -0.022 -0.022 -0.061 -0.022 -0.022 -0.061 
Size                                                0.009***   -0.113***                                 -0.139*** 
                                                  -0.001 -0.009                               -0.009 
Contrast*Size                                            0.126***                                  0.145*** 
                                                                 -0.01                               -0.01 
PRate                                                                     0  -0.044***   -0.044*** 
                                                                                -0.001 -0.008 -0.008 
LogPCount                                                                          0.023***    0.026***    0.026*** 
                                                                                0 0 0 
Multiple*PRate                                                                 -0.096***   -0.098*** 
                                                                                               -0.024 -0.024 
Atypicality*PRate                                                                0.158***    0.160*** 
                                                                                               -0.024 -0.024 
Multiple*LogPCount                                                                0.137***    0.140*** 
                                                                                               -0.005 -0.005 
Atypicality*LogPCount                                                              -0.153***   -0.156*** 
                                                                                               -0.006 -0.006 
Var(~1|Subreddit)                0.004 0.003 0.003 0.003 0.003 0.003 
Var(~1|Time)                       0 0 0 0 0 0 
Total                              4072794 4072794 4072794 4072794 4072794 4072794 
Subreddit                          462 462 462 462 462 462 
Time                               23 23 23 23 23 22 
Significance: *** = p < 0.001; ** = p < 0.01; * = p < 0.05 
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Model 4 includes two variables that test weak culture and embeddedness hypotheses: 

PercentWeak, which measures participation in percentage (H5) and logEmbed, which measures 

logged participation frequency (H6), respectively. Adding these variables themselves does not 

alter the evaluation scores. Yet, adding the interaction terms of these variables with Multiple and 

Atypicality shows that both weak culture and embeddedness hypotheses are conditionally 

supported. Those who have a lower share of their total participation in one community, in other 

words, weakly connected to the community, receive higher evaluation scores if they participate in 

less atypical communities. Also, embeddedness in one community brings higher scores if a 

person participates in multiple communities, yet increased atypicality of these communities leads 

embeddedness to have a negative relation with the evaluation scores. 

 The full model (Model 6) supports H1-5. According to the full model, people who 

acquire a variety of tastes receive higher scores (H1), but this score decreases with atypicality 

(H2), as expected. When the participation rate (i.e., PercentWeak = .73) and participation 

frequency (i.e., LogEmbed = .82) variables are set to their mean values, the model finds that each 

.1 increase in atypicality relates to a 1.3% decrease in evaluation scores. In addition, those who 

participate in multiple communities with an atypicality score lower than .70 receive higher 

evaluation scores as compared to those who do not participate in multiple communities, and 

those with scores higher atypicality than that value get lower scores of evaluation [exp(.04(.7)-

0.098(.73) +.16(.73) (.7)+.14(.82)-.156(.82) (.7))-1=0]. 

 
Low Community Contrast indicates stronger connections across other Subreddits 

connected, therefore implies being part of the reproduced cultural boundaries. As expected (H3), 

the relation between Community Contrast and the dependent variable is negative, which suggests 

that Subreddits with low Community Contrast give higher evaluations possibly due to in-group 
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bias. Specifically, a 0.1 decrease in Community Contrast is associated with 4.7% higher 

evaluation scores. Although the coefficient for the Size variable is significant (H4), when the 

effect of change in community size is considered together with the interaction term, the total 

effect of change in size on evaluation scores is minor, less than 1% even when the contrast score 

of the community is as low as 0.7. Yet, controlling for the community size is crucial since adding 

this variable changes the direction of the contrast coefficient from positive to negative. 

As the interaction terms for weak culture and embeddedness coefficients are added to 

Model 4, as seen in the full model (Model 6), the Participation Rate (PRate) coefficient becomes 

negative (H5), indicating that a 10% increase in participation rate is associated with a 0.43% 

decrease in evaluation scores [exp(-0.044)-1=-0.043]. Given that those who do not acquire a 

variety of tastes have a PRate equal to 1, this indicates that those who acquire a variety of tastes 

receive slightly higher evaluation scores due to their diversification of interests on average, and 

therefore benefit from weak culture. 

However, whether those individuals who acquire multiple taste benefit from weak 

culture varies based in the atypicality level of the tastes they acquire, as illustrated in Figure 1. 

According to the analysis, those with an atypicality score of 0.8875 receive the same 

evaluation score regardless of their PRate, i.e., what percentage of their post and comments 

are posted in the given community. Individuals with lower scores of atypicality benefit from 

weak culture: they receive higher scores from groups in which they post a lower share of their 

posts and comments. For example, evaluation scores of an individual with an atypicality score 

of 0.7 increase by 3% as their PRate (i.e., participation rate) is reduced by half. Therefore, 

individuals with lower atypicality scores benefit from weak culture. 

Those with a highly atypical combination of tastes, however, experience an opposite 

effect, as increasing the PRate is associated with higher evaluation scores. For instance, for an 
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individual with an atypicality score of 0.95, doubling their participation rate in a community 

increases the evaluation scores they receive from that particular community by 1%. 

Increasing the level on embeddedness in communities, however, impacts the 

evaluation scores positively for all individuals,  contrary to the findings for the impact of 

weak culture on evaluation scores. The correlation between the level of embeddedness and the 

evaluation scores again changes based on whether the individuals participate in multiple 

communities (which signal multiple tastes) and whether the individuals acquire atypical 

tastes. While those with lower atypicality scores benefit more from embeddedness, those with 

highly atypical tastes benefit less, as illustrated in Figure 2. For instance, while doubling the 

total number of comments and posts submitted to a community is associated with a 1% 

increase in the evaluation score coming from that particular community for an individual with 
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an atypicality score of 0.095, this value increases to 5.7% for an individual with an atypicality 

score of 0.7. 

 
 
Discussion 

 
To empirically investigate the role of cultural omnivorousness and boundary spanning, this 

study analyzed comment data collected from Reddit, an online opinion sharing platform, of 

750K Redditors (individuals) among 462 music-related Subreddits (subcommunities) formed 

based on categories of musical interest. The research finds small yet significant results that 

indicate Redditors who stand out with multiple interests receive significantly higher 

evaluation scores on average as compared to those who interact with only one community. 

Yet, whether individuals with multiple taste will receive higher or lower evaluation scores 

depends on the level of atypicality of the groups they participate and therefore the atypicality 
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of their tastes.   

Level of atypicality of taste of the individuals also determines whether an individual 

will benefit from being familiar with multiple various cultural tastes yet with weak connections. 

The tests of weak culture hypothesis indicate that weak culture is beneficial for those who 

combine more typical tastes, and weak culture rather hurts the evaluation scores of those who 

combine atypical tastes. Although embeddedness benefits all individuals regardless of whether 

they acquires multiple tastes or not, again, for those who acquire multiple tastes, the correlation 

between how frequently an individual participates in a community and the evaluation scores the 

individual receives from the given community changes by taste atypicality, and those with 

lower atypicality scores benefit more from embeddedness. 

Therefore, the findings of this study underline the tension that individuals face between 

standing out and fitting in. Individuals who are taking part in multiple communities are able to 

distinguish themselves through receiving higher evaluations scores, which indicates that those 

individuals stand out as different and interesting. Yet, those who acquire highly atypical tastes are 

not only not benefiting as much as those who acquire more typical tastes but also take the risk of 

falling behind those who rather decide to participate in only one community and one cultural 

interest. Those with atypical tastes, therefore, also face difficulties regarding fitting in the 

communities that they interact with. For those with highly atypical tastes, therefore, restricting the 

number of interests to a limited number and increasing the level of embeddedness with the 

communities might be the way to receive higher evaluations, since diversifying cultural tastes 

through weak connections rather hurts their evaluation scores.  

This study also makes several theoretical and methodological contributions to the 

literature. First, this research promotes a synthesis of two lines of sociological research on 

boundary spanning, as Goldberg et al. (and Kovacs and Hannan, 2016) also proposed, and 
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provides an application of that to the study of participation quality in communication. In 

doing so, this study makes use of social network analysis methods and emphasizes the 

duality between the individuals’ tastes and the formation of categories. This study also 

creates the methods that not only provides a mathematical synthesis of cultural 

omnivorousness measures of Lizardo (2014) and boundary spanning measures of Kovacs and 

colleagues (Kovacs and Hannan, 2010, 2014; Goldberg, Kovacs and Hannan, 2016), but also 

tests for other cultural theories. This empirical analysis shows the connections between 

boundary spanning, weak culture and embeddedness arguments distinctively. 

The dataset used is another contribution of this study to this line of research. While most of 

the studies analyzing cultural omnivorousness use survey data, this study also uses large online 

communication data, which collects data on behavior rather than perceived behavior. In addition, 

because the methods used in this study are based strongly on the categorization of musical tastes, 

using the categorical groupings of the community participants, themselves, is another strength of 

the data. 

Because the line of research using online data to test the impact of boundary spanning on 

communication quality is rather new, extensions will be fruitful. This analysis defines connections 

across categories based on population share. Similarities can also be identified based on shared 

content similarity using text data and Natural Language Processing techniques. In addition, this 

dataset does not involve variables of demographic characteristics. Extending this research to online 

datasets that combine both communication data and individual demographic data would allow 

researchers to analyze the dynamics of quality based on both boundary spanning and other 

individual characteristics 
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APPENDIX B 

TRACKING THE DISCURSIVE OPPORTUNITY STRUCTURE ONLINE: 

IDENTIFICATION OF RELEVANT HASHTAGS AS TOKENS OF PUBLIC OPINION 

Introduction 

Understanding the evolution of public opinion is central to understanding the scope of political 

discontent, which significantly impacts the outcome of framing contests. Online discussions 

provide rich yet unstructured public discussion data for such analyses. Especially the use of 

social media as a mode of recruitment in the 2010s mass street mobilizations (including but not 

limited to Occupy Wall Street, so-called Arab Spring and anti-austerity movements in Europe) as 

well as the emergence of hashtag movements (including but not limited to #BLM and #MeToo) 

led researchers to explore methods that incorporate unstructured social media text data into their 

analyses of political discontent and formation of public opinion. Recent research on political 

opinions explore methods to use such data to detect events (Iyengar, Finin, and Joshi 2011), 

identify opinion groups and the level of opinion diversity within groups as a response to 

perceived threat (Galesic, 2019) as well as the level of polarization across groups (Bail et al. 

2018).  

A significant portion of case studies that focus on social media participation regarding of 

political events and social movements analyze the frequency of information share to illustrate the 

public discontent simply through tracking a generic hashtag (for example, #BLM for Black Lives 

Matter) (van Haperen, Nicholls, and Uitermark 2018; Ince, Rojas, and Davis 2017). While this 

method is useful to reflect the public reaction as a response to the unfolding of events relevant to 

a particular case of political debate or social movements, the data collected using a generic 

hashtag may not necessarily provide an accurate picture of the diversity of opinions coming from 
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different opinion groups, mainly because generic hashtags can be used by both supporters and 

antagonists of the same opinion or cause. In addition, online discussions evolve over time and 

new hashtags appear, which can replace the generic hashtag. Therefore, tracking the generic 

hashtag only results in tweets that contain such replacement hashtags only to be omitted from the 

analysis. Not following the evolution of hashtag use relevant to an event, therefore, could result 

in overlooking significant aspects of the emergent collective narratives of a social movement or 

political debate.  

This article provides an exploratory analysis of the March 2019 Turkish local election 

discussions on Twitter to examine whether tracking new hashtags significantly improves the 

power of the model to identify the diversity of narratives of an event, as compared to tracking the 

generic hashtag only. As the mayoral elections of the biggest city in Turkey, Istanbul, elapsed 

over a two-week period, the online community discussed their concerns and suspicions widely 

throughout the time period 31 March – 18 April 2019, and even later on. Those discussions 

reflect the political discontent of different voter groups and, therefore, provide a picture of the 

discursive opportunity structure in which the politicians framed their perspectives regarding the 

unfolding of events throughout the two-week period.  

This article compares the hashtags contained in tweets collected through (a) tracking one 

generic hashtag, #Secim2019 (#Election2019), and, (b) tracking multiple hashtags identified 

through a snowball sampling method that starts with the generic hashtag #Secim2019, in order to 

test for the power of each method in identifying the concerns of voters belonging to different 

voting groups. The results of the analysis show that although using the generic hashtag only is as 

effective as using the hashtags with the highest betweenness centrality collected through the 

snowball sampling method, a supervised selection of the hashtags collected through the snowball 
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sampling method appears to be more effective in collecting tweets that belong to various opinion 

groups, as opposed to hashtags collected through using the generic hashtag only. Therefore, 

supervised methods of data collection appear to be more effective as compared to unsupervised 

methods when the goal is to track the public opinion through online discussions. 

Public Opinion, Discursive Opportunity Structures, and Mapping the Discussion Space 

Using Twitter Data 

Perception of events, as discussed often in collective memory literature often from a symbolic 

interactionist point-of-view (Cunningham, Nugent, and Slodden 2010; Jedlowski 2001), is a 

social process: individuals codify perceptions based on the meanings they attach to them, and 

those meanings are defined based on their knowledge of the world which they acquired through 

social interactions. In that regard, individuals perceive and recollect the event based on their 

membership of quasi-collective groups or collective identities (Bartlett 1934; Jedlowski 2001). 

The variations in individuals’ perceptions of the events is reflected in how they narrate 

those events and how they frame the unfolding of the events. In that regard, we can consider the 

public discussion and narration of the events as a duality (Breiger 1974, 2000) between 

individuals’ perceptions and the set of frames available in the social interaction field. The frames 

constructed by collective groups provide interpretive schemata for individuals that “enable 

[them] to locate, perceive, identify and label occurrences within their life space and the world at 

large”(Polletta 1998:139; Snow et al. 1986:137; Snow and Benford 1992:464; also Tarrow 2011; 

Zald 1996). Those frames follow a “policy of identity” (Jedlowski 2001) as they choose the 

events and select only those that sustain the collective identity of the groups. Frames, in that 

regard, clearly identify the injustice (Gamson and Gamson 1992), provides a diagnosis of the 

social cognition and grievances (Snow and Benford 1992), and a rationale for action (Polletta 
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1998). When individuals narrate the unfolding of the socio-political events, they focus on 

specific moments and omit others depending on whether those events sustain their acclaimed 

frames (Jedlowski 2001) and based on the groups they identify as members of. Therefore, 

individual perceptions are formed through their observation filtered through the frames available 

to them. Similarly, individual narrations add new information and perspectives to the previously 

constructed frames which alter the frames over time. In that regard, frames are not static 

constructions but are dynamic, and the discursive process of frame articulation takes place 

through the narrations of the individuals (Goffman 1981:63; Snow 2004) 

While narratives provide a more complex picture of public opinion, they underline the 

interpretive participation of individuals who construct, deconstruct, and reconstruct their 

collective or quasi-collective identity. Frames, on the other hand, are constructed by collectives 

to legitimize their point of view by associating themselves with and disassociating themselves 

from other actors, organizations, and collectives (Hunt and Benford 1994); and categorizing and 

labeling the objects and events (Klandermans 1992). Although framing and narrative are both 

discussed in length in social movements literature, the distinctions between the two are over-

stated as compared to the connections between the two (Olsen 2014), and this paper emphasizes 

the duality between individuals’ interpretations and the framing of the events in order to 

underline the latter. 

While narrations are analyzed widely through the use of speeches, books, pamphlets, 

official documents and so on, with the development of internet technologies, online discussion 

data emerge as an extremely rich resource of information on public discussion. While former 

resources are commonly published and circulated through organizations and, therefore, reflect 

the frame they articulate, public discussions do not necessarily reflect the opinion of collective 
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groups. Rather, public discussions provide a more “noisy” and complex nature of the discursive 

interpretations of individuals that identify themselves as a part of quasi-collective group, which 

does not necessarily take action as a “group-for-itself, but rather form a “group-in-itself.” Given 

that computer-mediated communication is effective in enhancing existing bonds (Diani 2000), 

the discursive nature of those discussions can help researchers to draw the connections between 

the narrations and the frames available in the discussion space regarding a political event.  

Background of March 2019 Turkish Local Elections 

Local elections are held every five years in Turkey, and the latest local elections were held on 31 

March 2019. Citizens vote for, (i) one of the candidates running for the mayoral election at the 

provincial (city) level, (ii) one of the candidates running for the municipal election at the district 

(town) level, and (iii) one of the candidates running for the neighborhood representative. As 

opposed to elections in the U.S., voters cannot vote early or vote via mail; they are expected to 

show up at their assigned ballot box on election day. The voting ballots open at 8:00 AM in the 

morning on election day and close at 5:00 PM on the same day. The participation rates in 

Turkish elections have been traditionally high, fluctuating in the range of 80-90%, and in the 

March 2019 local elections the participation rate was 84.67%. Among 57 million voters in the 

country, 48.3 million went to the ballot box, and 46.4 million of the votes were counted as valid.  

Each ballot box is assigned to one ballot council during the elections. The ballot council 

is composed of the head of the ballot council and the council members. Those individuals are 

selected by the High Election Council and town election councils among government employees 

(most frequently among teachers working at public schools). Both the head and the members are 

responsible for carrying out the election duties: collecting the ballots, checking whether all the 

envelopes are sealed (and therefore valid), checking the IDs of the voters, counting the total 
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number of votes for each candidate at the end of the election period, and preparing the original 

election report with signatures of all members of the ballot box council. In addition, the party 

representatives (i.e., müşahit) are allowed to be present to follow the election process. Due to the 

low level of trust in the election process (including suspicions regarding manipulating the total 

number of votes and distribution of the votes in the original report, replacement of the ballots 

with invalid ones, ballot theft after the ballots are counted, etc.), civilians created online 

initiatives since 2013 such as oyveotesi.org and teyit.org, where they can easily volunteer for 

becoming party representatives at ballot box locations. Once the report is finalized, the head of 

the council is responsible for bringing all the ballots to the town election council. Again, due to 

ballot theft suspicions, the heads of ballot councils are usually accompanied by police officers 

until the ballots are delivered to the town election council. 

The ban on broadcasting the vote count statistics ends at 9:00 PM on the same day. In the 

last two local elections, Anadolu News Agency (AA) was the only agency that is allowed to 

release the vote count statistics in real-time. AA gets the statistics updates from the High 

Election Council (YSK or Yüksek Seçim Kurulu) directly, and the media use the information they 

get from the agency. Not only the news agencies but also the parties can get the statistics from 

the High Election Council Database in real-time. 

The self-censorship in Turkish media is frequently documented: The close connections of 

the media owners with the government (either through kinship ties or ties through municipal-

level construction investments7) lead critical journalists to often get jailed, fined, or fired. This 

environment leads a significant portion of the public to have a low level of trust in the statistics 

shared by the AA. One of the events that contributed to this level of mistrust was the major 
 

7 See  http://mulksuzlestirme.org/turkey-media-ownership-network/ for the media ownership network created by the 
Network of Dispossession: the map shows the media owners and their other investments across the country.  

http://mulksuzlestirme.org/turkey-media-ownership-network/


 
 

68 
 

power outage in the capital city of Ankara on the day of the 2014 local elections, as the vote gap 

between the mayoral candidates of the main opposition party and the governing party started 

narrowing to the advantage of the main opposition party. Even though the main opposition party 

shared the statistics they received from the High Election Council right before and after the 

power outage, and declared that their candidate surpassed his competitor, the High Election 

Council declared the governing party’s candidate as the winner of the mayoral elections. 

Perhaps due to such concerns, social media tools were incorporated in new ways during 

the 2019 local elections, both by the journalists and the political candidates. While media 

corporations were the only source for the citizens to follow the voting statistics in real-time in 

previous local elections, this time widely known journalists Cüneyt Özdemir and Nevşin Mengü 

created their own studios and YouTube channels to broadcast the results they obtained from AA. 

One of the common themes of these two broadcasts was their criticism of the media corporations 

for not broadcasting the press releases of the candidates of the main opposition party during the 

election day. This criticism was raised especially when the vote gap between the mayoral 

candidates of the ruling and main opposition parties in Istanbul, the biggest city of Turkey with a 

population of approximately 16 million citizens, began narrowing to the advantage of the main 

opposition party’s candidate, Ekrem İmamoğlu. Given the similarity of the case to the mayoral 

elections of Ankara in 2014, similar concerns around corruption were raised, not only in these 

broadcasts, but also in online public discussions, such as on Twitter.  

The mayoral candidate Ekrem İmamoğlu, as opposed to the 2014 Ankara case, also used 

social media tools, especially his own Facebook channel, to broadcast his news releases. From 

the moment when the main opposition party gathered data from High Election Council indicating 

that he not only closed the gap but also surpassed his opponent Binali Yıldırım, he gave news 
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releases every two hours. During these news releases, İmamoğlu shared his concerns about AA 

not updating the information shared with the media and emphasized his trust in the High Election 

Council. He demanded that the High Election Council  share their results with the public through 

a press release. Given that the candidate of the ruling party, Binali Yıldırım, declared his victory 

right after AA stopped updating the voting statistics information, İmamoğlu also shared his 

disappointment with his competitor, arguing that all candidates must wait until the results are 

certain and official. Overall, İmamoğlu used social media tools to share his point of view in the 

unfolding of events regarding the mayoral elections in Istanbul effectively, and his framing of 

the situation was shaped around “embarrasing the target” as the main tactic, which is frequently 

used by organizations and movements that lack the power and resources to pressure their targets 

(Gamson, Blackwell Companion ch11). As a result, both through the Youtube channels 

described above and İmamoğlu’s own social media accounts, the generated public pressure led 

the High Election Council to step in and declare that İmamoğlu had more votes as compared to 

his competitior, 12 hours later AA stopped updating the information of voting statistics. 

From then on, the mayoral elections in Istanbul stayed as a heated debate until the final 

voting results were declared on 18 April 2019. Twitter was one of the main channels on which 

citizens could follow the public debate. While a generic hashtag, #Secim2019 (and its variations) 

was the main token to follow such information at the beginning of the election day, new hashtags 

appeared in the discussion space especially after the broadcast ban time had passed, often 

replacing the generic hashtag. When AA stopped updating information, for instance, hashtags 

such as #AA and #YSK (referring to the High Election Council, Yüksek Seçim Kurulu) started 

being used frequently. Other hashtags started appearing during the two-week period that reflect 

individuals’ opinion by the use of party slogans, or phrases used by the politicians. For instance, 
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supporters of the ruling party candidate used a phrase taken from the main song used for the 

campaign, #bizimkisibiraskhikayesi (#OursIsALoveStory), given that the ruling party used the 

theme “love” and “love towards the nation” as the main theme for their campaign. Or, the 

supporters of the main opposition party’s candidate used #MartınSonuBahar 

(#SpringComingAtTheEndOfMarch) to refer to main opposition party’s theme for the campaign 

(i.e., “we will win and spring will come back again”). As the vote count period extended to a 

two-week period due to the recounts of invalid ballots as requested by the ruling party, the 

supporters of İmamoğlu started sharing hashtags demanding the mandate be handed to İmamoğlu 

(which would officially announce his victory) by the High Election Council through using the 

hashtag #MazbatamızıVerin (#GiveOurMandate). Voter groups from each side accused the other 

group of corrupt actions through sharing the hashtag #HırsızVar (#ThiefHere), and so on. 

While reporting the information above regarding hashtag share, I am relying on my own 

participant observation through my personal Twitter account. Needless to say, this information 

would be biased, based on my Twitter network due to Twitter’s algorithm, which shares the 

information that is similar to the Twitter users’ and their personal network’s intersts. Therefore, 

in this paper, I am proposing a systematic way to collect tweets that reflect the general public 

discussion about the 2019 local elections via tracking the hashtags used during the two-week 

time period.  

Data and Methods 

This paper proposes a snowball sampling method for identifying hashtags relevant to a particular 

event on Twitter, especially when the researchers are interested in identifying various opinion 

groups participating in the discussion of the analyzed event. This section will first illustrate how 

the snowball sampling of hashtags is applied to the March 2019 Turkish local elections case. As 
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the snowball sampling is expected to collect a high number of new hashtags, the set of hashtags 

must be reduced to an effective number of hashtags that are both widely used in the Twitter 

discussion space but also span the wide-ranging opinions represented in the conversation. 

Therefore, a discussion of different methods of identifying the set of hashtags for event analysis 

will follow the illustration of the snowball sampling method. The last part of this section will be 

devoted to a comparative analysis of Tweet data collected through three different sets of 

hashtags. 

Snowball Sampling 

A snowball sampling method is used for the hashtag data collection. First, I identify a widely-

used hashtag that refers to Turkish elections, in Turkish (The English hashtag used on Twitter to 

refer to the Turkish local elections, #TurkeyElections, was mainly used to circulate news in 

English, not the individuals’ opinionated comments; therefore the analysis focuses on the 

Turkish generic hashtag). #Seçim2019 (and its non-Turkish-letter and upper- and lower-case 

variations, such as #secim2019, #Secim2019) became one of the trending hashtags on March 

31st, and because it combines the words “election [seçim]” and the year of the election, this 

hashtag is chosen as the starting point. One hundred and eighty (180) calls from the Twitter API 

collects approximately 100 tweets each, which gives a maximum of 18K tweets that contain the 

hashtag #Seçim2019. In the next step, I identify which hashtags are most commonly used 

together in this dataset by creating bigrams (i.e., sets of two adjacent hashtags) from each tweet. 

For instance, consider the example: 

[“#MazbatamiziVerin”,”#ysk”, “#Seçim2019”] 

From the hashtags used together in this tweet, the following two bigrams are generatedt: 

(“#MazbatamiziVerin”,”#ysk”) 
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(”#ysk”, “#Seçim2019”)8 

After the bigrams are generated, the next step is to count the total number of each bigram and 

identify those most commonly used. From this information I create an undirected graph. Even 

though I identify all these hashtags using the hashtag #Seçim2019, this graph is not necessarily 

represented as the ego-network of #Seçim2019, mainly because the ties that have weights less 

than 10 are deleted. Graph 1 shows the network visualization of this graph. As we reduce this 

graph to the ego network of #Seçim2019, we end up with 9 hashtags excluding the original 

hashtag, #Seçim2019, as listed below: 

#2019yerelsecimleri [#2019localelections] another generic name used for addressing the 

local elections. 

#Istanbul The biggest city of Turkey where the race between the two candidates for the 

mayorship of the city, Binali Yildirim from the ruling party (Justive and Development Party, 

AKP, AK Parti or Adalet ve Kalkınma Partisi) and Ekrem Imamoglu from the main 

opposition party (Republican People’s Party, CHP or Cumhuriyet Halk Partisi) was close. 

#EkremImamoglu, #imamoglu The candidate of the opposition party, CHP, for the mayorship 

of Istanbul. 

#MazbatamiziVerin [#GiveOurMandate] Following Imamoglu’s declaration9, this hashtag 

became a trending topic. 

#16milyonkazandi [#16millionwon] One of the themes Ekrem Imamoglu frequently used 

since his party received the data from High Election Board (YSK) that Imamoglu is leading 
 

8 Bigrams function of the bigram package in Python takes the sequence of elements into account, therefore the set 
(“#MazbatamiziVerin”,” #Seçim2019”) is not generated. This should be corrected for obtaining more accurate 
results using this analysis.  
9 As stated in a Reuter’s news report, the declaration goes: “We want justice. We demand our mandate from the 
YSK, which has given the numbers, as the elected mayor of this city... The world is watching us.” 
https://www.reuters.com/article/us-turkey-election/turkish-election-board-rules-in-favor-of-partial-istanbul-recount-
idUSKCN1RF0MT 

https://www.reuters.com/article/us-turkey-election/turkish-election-board-rules-in-favor-of-partial-istanbul-recount-idUSKCN1RF0MT
https://www.reuters.com/article/us-turkey-election/turkish-election-board-rules-in-favor-of-partial-istanbul-recount-idUSKCN1RF0MT
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the race on March 31st. 16 million refers to the whole population of the city, and this theme 

is used to support the argument he used in this campaign that he will serve the whole 

population of Istanbul, not only to the portion who voted for him.  

#HirsizVar [#ThiefHere] during the seven-day period after the local elections started, this 

hashtag is used not only by the opponents but also by the supporters of the ruling party, 

although this term traces back to use by opponents of the AK Party in December 2013 

following bribery and corruption accusations against the government. During the 7-day 

period, opponents of the government used another variation of this hashtag, #hirsizAKP, and 

the supporters of AKP used multiple variations of it, such as #hirsizchp and #hirsizchpkk (the 

term “chpkk” is commonly used by those who argue that the main opposition party supports 

the guerrilla group PKK, Kurdistan Workers' Party).  

Given the sequence of events during the first seven days right after the elections started, it seems 

that these hashtags cover the development of the events more clearly than simply using the 

hashtag #Seçim2019 only. For instance, the hashtag #MazbatamiziVerin became a trending topic 

while the use of the hashtag #Secim2019 was in decline. 

In the second step, 90 calls are made to the Twitter API for each hashtag. Each call collects 

approximately 100 tweets, which gives approximately 9K tweets for each hashtag, 63K tweets in 

total. This procedure returns 66 new hashtags and 73 hashtags in total. In the third and final 

stage, 45 calls are made to the Twitter API for each new hashtag, collecting approximately 4.5K 

more tweets for each hashtag.  
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After the tweet collection procedure was complete, the lists of all of tweets collected were 

merged, duplicate tweets were removed, and a new list of bigrams was generated. Graph 1 

represents the hashtag bigram network. In this graph, edges that have a weight less than 75 are 

dropped, and the isolates are removed. The graph contains 33 strong components. The largest 

component contains 70 hashtags, and the rest contains fewer than 16 hashtags, 11 of which 

contains only 2. Looking at the hashtags more in detail, most of the components with fewer than 

13 hashtags or that contain irrelevant hashtags. There are two possible reasons why these 

irrelevant hashtags are present in the final graph. First, the hashtags at the periphery of the event 

might have been oversampled, especially at the third stage of snowball sampling. Second, 

because some of the hashtags in this dataset became trending topics on Twitter, some Twitter 

Graph 1 
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bots might have included these hashtags in their tweets for higher visibility. Such components, 

for example, in the dataset include hashtags such as #blockchain, #mapping or #dataviz. 

Graph 2 

Graph 2 shows the biggest component in this graph. The graph resembles a spanning tree, 

although a number of hashtags, such as #EkremImamoglu, #Secim2019 and #MazbatamiziVerin 

create a local core (Bearman, Moody, and Stovel 2004). As mentioned earlier, some of the 

smaller components contain irrelevant hashtags. Graphs 3 and 4 illustrate the most relevant ones. 

The two components in Graph 3 includes hashtags that are relevant to the political discourse in 

Turkey but not necessarily relevant to the local election discussions. Graph 4 represents three 

components that contain hashtags that are relevant to the March 2019 local election discussion 

and debates. All three components represented in Graph 4, however, contain at least one hashtag 
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that is a variation of a hashtag contained in the biggest component (#binaliyildirim and 

#BinaliYildirim; #hukuktankorkma and #HukuktanKorkma; #sessafliktankorkma and 

#SessafliktanKorkma; #hirsizchp and #HirsizCHP; #HIRSIZCHPKK and #HirsizCHPKK; 

#istanbul and Istanbul; #imamoglu and #EkremImamoglu). Therefore, I decided to turn to the 

biggest component only to identify hashtags that can collectively reflect the highest variety of 

discourse relevant to the local elections.  

Graph 3 
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Identifying Hashtags 

Because the goal is to identify the hashtags that can collect tweets that represent a great variety 

of opinions representing various groups of voters’ concerns and thoughts, I start by using the 

betweenness centrality measure to identify the hashtags (i.e., nodes) that have the highest 

influence over the information flow. For an efficient tweet collection method, the list of hashtags 

must contain the lowest number of hashtags possible that can branch across a high percentage of 

the hashtags in the network. The cutoff is set at a betweenness centrality score of 300. Graph 5 

Graph 4 
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represents the hashtags with a betweenness score higher than 300 in black, and the rest in gray. 

The same hashtags and their betweenness centrality scores are shown in Table 1. 

Graph 5 

The list of hashtags does not contain all the hashtags collected in the second round of the 

snowball sampling, which shows that adding multiple steps to the snowball sampling method is 

useful. Surprisingly enough, even though #Secim2019 is one of the hashtags with high 

betweenness centrality, it is not necessarily among the list of hashtags with highest betweenness 

centrality scores.   
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Table 1 

Hashtags of the largest component with Betweenness Score > 0 
#İstanbul #Ekremİmamoğlu #BaharGeldi #SakinSakin 
1574 1006 975 672 
#MansurYavaş #AnadoluAjansı #MazbatamiziAlacagiz #MazbatamızıVerin 
489 455 445 412 
#Ankara #YSK #MazbataMilletindir #Muş 
391 338 329 329 
#AA #ŞeffaflıktanKorkma #HırsızVar #MazbatımızıVerin 
326 308 287 272 
#CHP #HukuktanKorkma #uyumuyoruz #Seçim2019 
265 239 222 210 
#NeyimVarKi #YandaşMedya #İstanbulAlnımızınAKıyla #ProtestoEdiyorum 
198 198 158 135 
#Gaziosmanpaşa #Hürriyet #İstanbul'da #OyVer 
134 134 68 68 
#5NisanAvukatlarGünü #HırsızCHP #Acil #İmamoğlu'nun 
68 68 68 68 
#Kan #DHA #FETÖ #MansurYavaşınZaferi 
68 68 68 43 

Hashtags of the biggest component with Betweenness Score = 0 
#OyKullanırkenUnutma #Seçim #BinaliYildirim #MartınSonuBaharOldu 
#ysk #hdp #istanbulAlnımızınAkıyla #HırsızEkrem 
#16MilyonKazandi #ÖmerHalisdemir #Erdoğan #MazbatamızıAlacağız 
#Çok #MazbatamızıAl #değişenbirşeyyok #Trombosit 
#Hematoloji #Ekremİmamoğ #Pursuit #Mazba 
#Ekremİmam #Mazbatamız #SakinS #MekanÖnerisiAkhisar 
#Saki #Balıkesir #iyipartiye #HDP'ye 
#TRT #BuketAydın #Başkent #OY 
#Malazgirt #Ank     
 

Even though the hashtags with the highest betweenness centrality scores are relevant to 

the local elections case, there are a number of concerns associated with this dataset. First, the 

dataset contains three hashtags that are the names of three cities in Turkey (#Istanbul, #Ankara 

and #Mus). Even though these cities gained particular attention during the elections, given that 

Istanbul is the biggest city in Turkey and Ankara is the capital city, not all tweets containing 

these hashtags will necessarily be relevant to the local elections case. Therefore, using these 
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hashtags as the core of a snowball for data collection will lead to the collection of a high number 

of irrelevant tweets and hashtags. Second, except for the #BaharGeldi [#SpringArrived] hashtag, 

all hashtags contained in the dataset can be used by all opinion groups. For instance, even though 

#EkremImamoglu is the opposition party’s candidate for the mayorship of Istanbul and, 

therefore, it is more likely that the supporters of the opposition party would use this hashtag 

frequently, the ruling party supporters can also use the same hashtag to criticize the candidate, 

and, therefore, identifying the opinion groups through collecting tweets that contain the 

#EkremImamoglu hashtag would not be straightforward. Or, hashtags such has 

#MazbatamiziVerin [#GiveOurMandate] and #MazbatamiziAlacagiz [#WeWillGetOurMandate] 

are used to demand the mandate by the supporters of the opposition party from the High Election 

Council. As the vote counts in Istanbul elapsed through a two-week (and more) period, the 

supporters of the ruling party also started raising similar demands, and, therefore, the same 

concerns raised regarding the #EkremImamoglu hashtag also applies here. In addition, the 

dataset contains three different versions of ‘mandate’ related concerns; therefore using all three 

of the hashtags for data collection can cause over-sampling of tweets relevant to this 

subcategory. Within the set of the hashtags with highest betweenness centrality scores, there is 

only one hashtag that clearly would be used by a particular group of voters. As the opposition 

party used “Spring will come [after elections]” as its main slogan during their election campaign, 

#BaharGeldi [#SpringArrived] is more likely to be used by people who support the candidate(s) 

of the opposition party only. This also means that this set of hashtags has a likelihood of 

collection bias towards the supporters of the opposition party. Although the overall set of tweets 

collected by using the generic #Secim2019 hashtag clearly shows that the supporters of the 

opposition party dominated the local elections related discussion during the first couple of days 
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following  election day, if the goal of the researchers is to identify the variety of discussions 

rather than the dominant topics of discussion, this situation appears to be an important issue to 

address. Therefore, a new set of tweets that are fine-tuned by a human coder is proposed.  

For the new set of hashtags to be selected among the highest ranking hashtags in betweenness 

centrality, I step in as the human coder to choose hashtags that (i) balance the general concerns 

of the voters about the election process (criticisms against institutions such Anadolu News 

Agency and High Election Council, demands for the election being over, concerns about the 

continual recounts, etc.) and (ii) reflect the opinion of the Twitter users clearly (using slogans of 

the party they support; accusing the party they oppose, etc.). As a result, the set created by the 

human coder is composed of the following hashtags: 

#AnadoluAjansı, The only news agency that shared the updated voting statistics information 

gathered from the High Election Council’s database in with the media, through which the 

citizens could follow the results in real-time. 

#YSK, Abbreviation for Yüksek Seçim Kurulu, or High Election Council. 

#MazbatamızıVerin, [#Give Our Mandate] (described above) 

#ŞeffaflıktanKorkma, [#DoNotBeAfraidOfTransparency], a criticism emerging out of the 

low-level of trust to the election process, demanding transparency in vote-count process. 

#SakinSakin, [#StayCalm] while waiting for the election results to be officially announced, 

rather than causing outrage. 

#HırsızVar, [#ThiefHere] (described above) 

#BaharGeldi, [#SpringArrived] referring to the main opposition’s main theme for election 

campaign: “Spring will arrive after the elections [because we will win].” 



 
 

82 
 

#Ekremİmamoğlu, the main opposition party’s mayoral candidate in Istanbul in March 2019 

local elections. 

#İstanbulAlnımızınAKıyla, [#IstanbulWithProud] The Turkish idiom “Alnımın akı” (which 

could be translated as clean, white forehead) here means “succeeding without cheating and 

therefore with pride”, and the word “ak” (i.e., white) is capitalized to refer to AKP or AK 

Parti, the ruling party. Therefore, the hashtag is used to emphasize that the ruling party will 

win the mayoral election in Istanbul with no suspicion whatsoever. 

#HırsızCHP [#ThiefCHP], also described above as a part of #HırsızVar hashtag description. 

Comparative Analysis 

This paper proposes a snowball sampling method of multiple hashtag identification as an 

alternative to using one (or more) generic hashtags for public discussion tracking. Therefore, in 

this section I compare the tweet dataset collected through (a) the generic hashtag, with the tweet 

datasets collected through the identified sets of hashtags through the proposed snowball sampling 

method that are (b) identified by betweenness centrality rankings and (c) fine-tuned by the 

human coder, also to compare supervised hashtag selection method (as in c) with the 

unsupervised one (as in b). Table 2 represents the three sets of hashtags and the characteristics of 

the datasets. All three datasets are collected on 15 April 2019, two weeks after election day and 

while the Istanbul vote count was still ongoing (Ekrem Imamoglu was given his mandate on 18 

April 2019). Each dataset is collected following 180 calls of 100 tweets in total. Not all the calls 

necessarily bring 100 tweets as the total number of tweets posted during 8-15 April and that 

contain the given hashtag might be less than 100*n, where n is equal to the total number of calls 

initiated for the hashtag. Dataset 1 is composed of tweets that contain the hashtag #Secim2019. 

180 calls of tweets with unique identifiers are initiated for the keyword “#Secim2019,” which 
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returned 1457 unique tweets in total. Dataset 2 distributes the weight of the total number of calls 

initiated for each hashtag according to the betweenness centrality ranking of each hashtag. A 

total of 180 calls are distributed according to this rule (details are available in Table 2). A total of 

5771 unique tweets are collected. For Dataset 3, the 180 calls are distributed evenly across all 

hashtags contained in the keyword set. Dataset 3 is composed of 4773 unique tweets. 

Table 2 

  Dataset 1 Dataset 2 Dataset 3 

Search terms 
for Twitter 

Data 
Collection and  
Total number 

of calls for 
each search 

term 

#Seçim2019 180 #İstanbul 36 #AnadoluAjansı 18 
  #Ekremİmamoğlu 22 #YSK 18 
  #BaharGeldi 22 #MazbatamızıVerin 18 
  #SakinSakin 15 #ŞeffaflıktanKorkma 18 
  #MansurYavaş 10 #SakinSakin 18 
  #AnadoluAjansı 10 #HırsızVar 18 
  #MazbatamızıVerin 9 #BaharGeldi 18 
  #Ankara 9 #Ekremİmamoğlu 18 
  #YSK 8 #İstanbulAlnımızınAKıyla 18 
  #MazbataMilletindir 8 #HırsızCHP 18 
  #Muş 8   

  #AA 8   
    #ŞeffaflıktanKorkma 7     

Total number 
of calls   180  180   180 
# New 

Hashtags 
collected 

161 190 120 

Total number 
of unique 

tweets 
collected 

1457 5771 4773 
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After the new set of tweets is collected based on three different rules, a human coder 

coded the hashtags collected by the tweets in each dataset based on the hashtag characteristics. 

Those hashtags that signaled support for the ruling party (for example, 

#wearewithyouMayorBinali [#seninleyizBinaliBaskan]) or accused the main opposition party 

(for example, #thiefCHP [#HirsizCHP]) are coded as “AKP” (referring to the ruling party). 

Similarly, those hashtags that signaled support for the main opposition party (for example, 

#EkremImamogluKazandi [#EkremImamogluwon]) or accused the ruling party (for example, 

#thiefAKP [#HirsizAKP]) are coded as “CHP” (referring to the main opposition party). Dataset 1 

contains a total of 161 hashtags, out of which 2  are coded as AKP and 5 are coded as CHP. 

Therefore, 4.3% of the hashtags have attributes that can directly be related to a particular voting 

group. Dataset 2 performs quite similarly to Dataset 1 when it comes to collecting hashtags with 

attributes that can directly be related to a particular voting group. Of the 190 hashtags, 2 are 

coded as AKP and 5 are coded as CHP. Dataset 3, however, outperforms the other two datasets 

in terms of collecting AKP and CHP hashtags, although it collects a slightly lower number of 

hashtags in total as compared Dataset 1 and 2. Collecting a low number of hashtags is not 

necessarily a negative characteristic, mainly because Datasets 1 and 2 collected hashtags that are 

not directly relevant to the local elections. Out of 120 hashtags in total, Dataset 3 contains 11 

AKP and 12 CHP hashtags, which reflects a greater level of polarity. For the full list of AKP and 

CHP hashtags in all three datasets, please see the supplementary data section. 
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Graphs 6,7 and 8 visualize the hashtag network of Datasets 1, 2 and 3 respectively. Given 

these illustrations, Graph 8, which represents the hashtag network of Dataset 3, gives a clearer 

picture about which hashtags are used more frequently by AKP/CHP voter groups. While 

mandate requests as well as comments about the High Election Council and Anadolu News 

Agency seem to be more frequently made by the proponents of the ruling party / opponents of 

the main opposition party, the opponents of the ruling party / proponents of the main opposition 

party seem to accuse the main opposition party of “organized infraction” by using the hashtag 

#OrganizeUsulsuzluk (#OrganizedInfraction). Some hashtags, such as #SeffafliktanKorkma 

(#DontBeAfraidOfTransparency) seem to be owned by both voter groups, while 

Graph 6 Graph 7 
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#HukuktanKorkma (#DontBeAfraidOfLegalSystem) seem to be owned by AKP supporter group 

only.  

Graph 8 

 

Even though Graphs 6, 7, and 8 illustrate the positioning of the most central nodes (in 

terms of degree centrality) in comparison to the AKP/CHP hashtags, such comparison can be 

done for any of the hashtags represented in these graphs. For instance, Graph 9 explores which 

voter groups seem to support the idea of counting all the votes (in Istanbul) from scratch, to 

illustrate as an example. This hashtag is connected to four other hashtags in total. Among these 

hashtags, one of them is tagged as an AKP hashtag, and the rest do not have an attribute. This 
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may be considered as weak evidence for this hashtag being used more widely by the supporters 

of the AKP candidate rather than the supporters of the CHP candidate. 

Graph 9 

 

Discussion and Concluding Remarks 

The data collection methods in this paper focused solely on hashtag collection, although the 

written content on Twitter is not limited to hashtags. There are a number of advantages of 

limiting the analysis to hashtags, however. First, tweets have a 280-character limit, and, 

therefore, the shared written content by the vast majority of twitter users, especially during the 

unfolding of a heated political event, does not contain in-depth discussions or analyses of the 

events. Rather, the vast majority of the tweets are short, not following grammatical rules, and 
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intended to share a message using hashtags, images, and memes rather than words. Due to these 

reasons, creating vocabularies using the twitter content to conduct an elaborate text analysis can 

be a difficult challenge. Using hashtags as tokens might not provide an elaborate text analysis, 

but it is useful to track sets of arguments belonging to opinion groups with the given 

characteristics of written communication. 

The methods section compared three methods of tracking tweets about the March 2019 

local elections in Turkey: searching tweets that contain a generic hashtag, #Secim2019; 

searching tweets that contain multiple hashtags, selected among hashtags identified through 

snowball sampling of the generic hashtag #Secim2019 with the highest betweenness centrality 

scores; and searching tweets that contain multiple hashtags, selected among hashtags identified 

through snowball sampling of the generic hashtag #Secim2019 using a supervised method that 

balances hashtags that address the general concerns of the voters about the election process with 

those that reflect which opinion group the twitter users belong to. Among these three methods, 

the supervised method of hashtag selection among the snowball sampled set has the highest 

success rate in collecting tweets that involve hashtags which are easily associable to opinion 

groups. There are a couple reasons why the supervised method has a higher success rate in 

identifying diverse opinion groups not only more clearly but also in a more balanced way. First, 

the supervised method selected hashtags that are less likely to collect irrelevant tweets. While the 

hashtag #Istanbul was one of the most central hashtags in the snowball sampled tweets network, 

it also is very likely to be used for other topics apart from the local elections, such as tourists 

who visit the city, any activity (concerts, plays, conferences and such) taking place in the city, 

and so on. Therefore, hashtags that refer to people (except for #İmamoğlu, due to its centrality in 

the hashtag network and relevance to the topic) and cities are omitted in the supervised method. 
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Second, particularly for the 2019 local elections case it seems that the voting group who voted 

for the main opposition party’s candidate in the mayoral elections in Istanbul share more tweets 

than the group voted for the ruling party’s candidate, and, therefore, the first group dominates the 

conversation. Relying on the most central hashtags, therefore, leads to the collection of more 

hashtags from the main opposition supporters’ side. The 5 to 2 CHP-AKP odds ratio of the 

hashtags collected in Datasets 1 and 2 seems to reflect that aspect of the discussions took place 

on Twitter. The third dataset with supervised selections, however, collects a more balanced ratio 

of opinion group hashtags, which has a 12 to 11 CHP-AKP odds ratio.  

The supervised method of hashtag selection among tweets in a snowball sample also 

takes into account the dynamic aspect of discursive communication, which helps researchers to 

draw the connection of discursive opportunity structure and frame articulation regarding a socio-

political event. The hashtag network graph of the 2019 Local Elections clearly indicates that the 

supporters of the main opposition candidate for the Istanbul mayoral election located their 

discussions around the criticism of the Anadolu News Agency (#AnadoluAjansi), demanded that 

the High Election Council (#YSK) announce the available statistics, and also that they  announce 

İmamoğlu’s victory (#MazbatamiziVerin). The supporters of the candidate of the ruling party, 

however, discussed the same event more around accusing the main opposition regarding themes 

of theft (#HirsizVar) and infraction (#OrganizeUsulsuzluk). In that regard, while the supporters 

of the opposition party showed a low level of trust toward the electoral bodies and, therefore, 

aimed to pressure the High Election Council, the supporters of the ruling party showed their trust 

in the legal system (#HukuktanKorkma) and accused the main opposition party of having 

intentions of altering results to their advantage by using corrupt means (#OrganizeUsulsuzluk). 
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This also led the AKP supporters to support running a new election in Istanbul 

(#TumOylarSayilsin). 

This discursive environment is also reflected to the declarations of the politicians on both sides. 

While Ekrem İmamoğlu, the mayoral candidate of the main opposition party held numerous 

press releases and shared the recordings on his social media accounts due to the self-censorship 

concerns in Turkish media, the mayoral candidate of the ruling party, Binali Yıldırım, did not 

appear on TV as frequently during the two-week period. While İmamoğlu kept sharing available 

data with the public in order to gain legitimacy, he also framed the situation not as a mistrust 

towards the government institutions but rather towards the Anadolu News Agency. This tactic 

was particularly effective in giving a call to the High Election Council to take an action to share 

the statistics as a part of their duty. Binali Yıldırım, however, argued that a politician rather 

should wait for the official results to be declared rather than issuing many press releases, which 

positions Yıldırım as a supporter of either a vote recount or running a new election. During the 

two-week period, first the invalid votes were recounted, then the ruling party filed a complaint 

for a complete recount of all votes in Istanbul. Electoral authorities accepted 5 out of the 39 

districts for a recount, which reduced the vote gap from 32K to approximately 14K. Although the 

ruling party subsequently submitted a request for new election in Istanbul, the High Election 

council summoned İmamoğlu and declared him as the winner in 18 April.  

This exploratory analysis highlights the connections of narratives and public discussions to the 

ideological frames. Using a snowball sampling method for identifying hashtags related to a 

political event, first, allows  researchers to follow the discussions from a number of differnet 

points of view and second, enables them to update the hashtag development over time in a 

dynamic manner. This dynamic tracking method of discussions provides a rich yet tokenized 
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method for identifying the discursive characterictics of frame articulation, and therefore the 

empirical  data needed to identify the alterations of framing and tactics by groups involved in the 

discussion.   



 
 

92 
 
 

References 

Bail, Christopher A., Lisa P. Argyle, Taylor W. Brown, John P. Bumpus, Haohan Chen, M. B. 

Fallin Hunzaker, Jaemin Lee, Marcus Mann, Friedolin Merhout, and Alexander 

Volfovsky. 2018. “Exposure to Opposing Views on Social Media Can Increase Political 

Polarization.” Proceedings of the National Academy of Sciences 115(37):9216–21. 

Bartlett, Frederic Charles. 1934. Remembering: A Study in Experimental and Social Psychology. 

Vol. 14. Cambridge University Press. 

Bearman, Peter S., James Moody, and Katherine Stovel. 2004. “Chains of Affection: The 

Structure of Adolescent Romantic and Sexual Networks.” American Journal of Sociology 

110(1):44–91. 

Breiger, R. L. 1974. “The Duality of Persons and Groups.” Social Forces 53(2):181–90. 

Breiger, Ronald L. 2000. “A Tool Kit for Practice Theory.” Poetics 27(2–3):91–115. 

Cunningham, David, Colleen Nugent, and Caitlin Slodden. 2010. “The Durability of Collective 

Memory: Reconciling the ‘Greensboro Massacre.’” Social Forces 88(4):1517–42. 

Gamson, William A. and William Anthony Gamson. 1992. Talking Politics. Cambridge 

university press. 

Goffman, Erving. 1981. A Reply to Denzin and Keller. JSTOR. 

van Haperen, Sander, Walter Nicholls, and Justus Uitermark. 2018. “Building Protest Online: 

Engagement with the Digitally Networked# Not1more Protest Campaign on Twitter.” 

Social Movement Studies 17(4):408–423. 



 
 

93 
 
 

Hunt, Scott A. and Robert D. Benford. 1994. “Identity Talk in the Peace and Justice Movement.” 

Journal of Contemporary Ethnography 22(4):488–517. 

Ince, Jelani, Fabio Rojas, and Clayton A. Davis. 2017. “The Social Media Response to Black 

Lives Matter: How Twitter Users Interact with Black Lives Matter through Hashtag 

Use.” Ethnic and Racial Studies 40(11):1814–1830. 

Jedlowski, Paolo. 2001. “Memory and Sociology: Themes and Issues.” Time & Society 

10(1):29–44. 

Klandermans, Bert. 1992. “The Social Construction of Protest and Multiorganizational Fields.” 

Frontiers in Social Movement Theory 77–103. 

Olsen, Kristine A. 2014. “Telling Our Stories: Narrative and Framing in the Movement for 

Same-Sex Marriage.” Social Movement Studies 13(2):248–66. 

Polletta, Francesca. 1998. “‘It Was like a Fever…’ Narrative and Identity in Social Protest.” 

Social Problems 45(2):137–159. 

Snow, David A. 2004. “Framing Processes, Ideology, and Discursive Fields.” The Blackwell 

Companion to Social Movements 1:380–412. 

Snow, David A. and Robert D. Benford. 1992. “Master Frames and Cycles of Protest.” Frontiers 

in Social Movement Theory 133:155. 

Snow, David A., E. Burke Rochford Jr, Steven K. Worden, and Robert D. Benford. 1986. 

“Frame Alignment Processes, Micromobilization, and Movement Participation.” 

American Sociological Review 464–481. 



 
 

94 
 
 

Tarrow, Sidney G. 2011. Power in Movement: Social Movements and Contentious Politics. 

Cambridge University Press. 

Zald, Mayer N. 1996. “Culture, Ideology, and Strategic Framing.” Comparative Perspectives on 

Social Movements: Political Opportunities, Mobilizing Structures, and Cultural 

Framings 261–274.  



 
 

95 
 
 

Table 1B 

Dataset1 Dataset2 Dataset3 

Hashtags AKP CHP Hashtags AKP CHP Hashtags AKP CHP 

#HirsizCHP 1 0 #FETÖnünImamo 1 0 #AKPartiyeKumpasKuruldu 1 0 

#ÖlümüneTayyip 1 0 #HirsizCHP 1 0 #chppanikyapti 1 0 

#ekremimamoglubaskan 0 1 #ÖlümüneTayyip 1 0 #HirsizCHP 1 0 

#EkremimamogluBaskan 0 1 #SeninleyizBinaliBaskan 1 0 #hirsizchp 1 0 

#HirsizAKP 0 1 #EkremBaskanDiyeceksiniz 0 1 #Hirsizchp 1 0 

#imamoglukazandi 0 1 #imamoglukazandi 0 1 #hirsizchpkk 1 0 

#mansuryavasinzaferi 0 1 #imamoglunamazbatayiver 0 1 #HIRSIZCHPKK 1 0 

#2019ekonomiplatformu 0 0 #MartinSonuBaharOldu 0 1 #HirsizEkrem 1 0 

#31Mart 0 0 #12Ste 0 0 #HirsizEkremDiyeceksiniz 1 0 

#AbdülhamidPayitaht 0 0 #145YillikHainlik 0 0 #IstanbulAlnimizinAKiyla 1 0 

#AdanadaZeydan 0 0 #40 0 0 #SeninleyizBinaliBaskan 1 0 

#AhmetTürk 0 0 #70 0 0 #AKPninBüyükçekmeceYalani 0 1 

#AKP 0 0 #aa 0 0 #BaharGeldi 0 1 

#akparti 0 0 #AA 0 0 #BaskanEkremImamoglu 0 1 

#AnadoluAjansi 0 0 #acil 0 0 #EkremBaskanDiyeceksiniz 0 1 

#Ankara 0 0 #Acil 0 0 #ekremimamoglubaskan 0 1 

#antalya 0 0 #ahsap 0 0 #Ekremimamoglubaskan 0 1 

#ataköy 0 0 #Akparti 0 0 #EkremImamogluKazandi 0 1 

#ataköyescort 0 0 #AnadoluAjansi 0 0 #GönülHirsiziKazandi 0 1 

#bayrampasa 0 0 #anadoluajansi 0 0 #hirsizakp 0 1 

#besiktas 0 0 #Ankara 0 0 #MartinSonuBaharOldu 0 1 

#beylikdüzü 0 0 #ankara 0 0 #MartinSonuBaharOldu 0 1 

#BinaliYildirim 0 0 #annekedi 0 0 #MartinSonuBaharoldu 0 1 

#BirGariplikVar 0 0 #antalya 0 0 # 0 0 

#bist100 0 0 #atatürk 0 0 #145YillikHainlik 0 0 

#bist30 0 0 #baglicaescort 0 0 #2019_Seçimler 0 0 

#BORSA 0 0 #BaharGeldi 0 0 #31MartYerelSecimleri 0 0 

#BorsaIstanbul 0 0 #bakalimYSKnediyece 0 0 #5NisanAvukatlarGünü 0 0 

#Büyükçekmece 0 0 #bakalimYSKnediyecek 0 0 #AA 0 0 

#Canbartu 0 0 #Balikesir 0 0 #adalet 0 0 

#CanliYayin 0 0 #bandirma 0 0 #AdanadaZeydan 0 0 

#canliyayin 0 0 #baraj 0 0 #akp 0 0 

#CanTv 0 0 #BarbosaSigue 0 0 #Akparti 0 0 

#CHP 0 0 #BarbosaSigueAdelante 0 0 #AnadoluAjansi 0 0 

#Chp 0 0 #bc 0 0 #anayasa 0 0 

#chp 0 0 #beautiful 0 0 #artikyeter 0 0 

#CHP'li 0 0 #beautifulistanbul 0 0 #bakalimYSKnediyecek 0 0 
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Dataset 1 Dataset 2 Dataset 3 

Hashtags AKP CHP Hashtags AKP CHP Hashtags AKP CHP 

#Çocuklarimiz'da 0 0 #beylikdüzü 0 0 #beautifulistanbul 0 0 

#cuma 0 0 #Beyoglu 0 0 #BüyükçekmecedeOyVurgunu 0 0 

#Cumartesi 0 0 #BinaliYildirim 0 0 #camlicaartistseries 0 0 

#demokrasi 0 0 #Bitlis 0 0 #çamlicacamiiseri 0 0 

#demre 0 0 #bursa 0 0 #changelightseries 0 0 

#denizli 0 0 #BüyükçekmecedeOyVurgunu 0 0 #CHP 0 0 

#derbi 0 0 #CA 0 0 #Cumartesi 0 0 

#derbiyedogru 0 0 #çayyoluescort 0 0 #DemokrasiSinavi 0 0 

#dolarkuru 0 0 #CHP 0 0 #dönenceseri 0 0 

#döviz 0 0 #classiccars 0 0 #EkremImamoglu 0 0 

#eimamoglu 0 0 #CMA 0 0 #EmeklilikteYasaTakilanlar 0 0 

#ekonomi 0 0 #CTF 0 0 #eyt 0 0 

#EkremImamoglu 0 0 #çukurambarescort 0 0 #EYT 0 0 

#ekremimamoglu 0 0 #Cumartesi 0 0 #Haber 0 0 

#fatih 0 0 #dam 0 0 #HayirliCumalar 0 0 

#Fenerbahçe 0 0 #dedebe 0 0 #HirsizVar 0 0 

#FenerinMaçiVar 0 0 #DegisenBirseyYok 0 0 #hirsizvar 0 0 

#FenerOl 0 0 #Dem 0 0 #HIRSIZVAR 0 0 

#FenerTaraftari 0 0 #DemokrasiSinavi 0 0 #Hirsizvar 0 0 

#futbolarenatv 0 0 #DFIR 0 0 #hirsizvar 0 0 

#Galatasaray 0 0 #eg 0 0 #HukuktanKorkma 0 0 

#Gaziosmanpasa 0 0 #egitim 0 0 #Hukuktankorkma 0 0 

#gents 0 0 #ekremimamoglu 0 0 #isistiyorum 0 0 

#GerçekFikriNe 0 0 #EkremImamoglu 0 0 #Istanbul 0 0 

#gsray 0 0 #elvankentescort 0 0 #istanbul 0 0 

#Haftasonu 0 0 #emlak 0 0 #istanbullover 0 0 

#hayirlicumalar 0 0 #encouraging 0 0 #IstanbulOyununPesinde 0 0 

#HDP 0 0 #erciyesüniversitesi 0 0 #ItirafEdinÇaldiniz 0 0 

#HIRSIZVAR 0 0 #Esmepinar 0 0 #ItirazHukukiSüreçSeffaf 0 0 

#hirsizvar 0 0 #ethiopianAirlines 0 0 #kamuvicdani 0 0 

#hisse 0 0 #etimesgutescort 0 0 #KSA24 0 0 

#honaz 0 0 #EuroLeague 0 0 #Maltepe 0 0 

#Honaz 0 0 #EvYemekleri 0 0 #maltepe 0 0 

#ibda 0 0 #EYT 0 0 #Maltepe'de 0 0 

#imamoglu 0 0 #fashion 0 0 #Mazbata 0 0 

#IMF 0 0 #gayrimenkul 0 0 #MazbataHakEdenin 0 0 

#internetajans 0 0 #GelecektenGeliyorum 0 0 #MazbataMilletindir 0 0 

#Isbankasi 0 0 #Gevas'ta 0 0 #MazbatamiziVerin 0 0 

#Istanbul 0 0 #goals 0 0 #MazbatamiziVerin 0 0 
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Dataset 1 Dataset 2 Dataset 3 

Hashtags AKP CHP Hashtags AKP CHP Hashtags AKP CHP 

#istanbul 0 0 #Gündem 0 0 #MazbatayiVer 0 0 

#Istanbul 0 0 #HA 0 0 #MazbatayiVer 0 0 

#Istanbul'lu 0 0 #haber 0 0 #MazbatayiVER 0 0 

#iyiparti 0 0 #Hakkâri 0 0 #mazbatayiver 0 0 

#kitap 0 0 #hastasiyizdede 0 0 #MazbatayiVerin 0 0 

#kütüphane 0 0 #HayirliCumalar 0 0 #MemleketIsiGönülIsi 0 0 

#Liberalizm 0 0 #hdp 0 0 #mhp 0 0 

#maclinki 0 0 #HukuktanKorkma 0 0 #Millet 0 0 

#Maltepe 0 0 #HukukunGeregi 0 0 #OrganizeUsulsüzlük 0 0 

#Maltepe'de 0 0 #ibb 0 0 #OylarYenidenSayilsin 0 0 

#mazbata 0 0 #iç 0 0 #pazartesi 0 0 

#Mazbata 0 0 #il 0 0 #PolisHaftasi 0 0 

#MazbataHakEdenin 0 0 #iski 0 0 #ProtestoEdiyorum 0 0 

#MazbatamiziVerin 0 0 #IST 0 0 #SakaryaTrafik 0 0 

#MazbatayiVer 0 0 #Istan 0 0 #SakinSakin 0 0 

#mazbatayiver 0 0 #istanbul 0 0 #sali 0 0 

#MazbatayiVer 0 0 #Istanbul 0 0 #Secim2019 0 0 

#MazbatayiVER 0 0 #Istanbul 0 0 #Seçim2019 0 0 

#MazbatayiVerin 0 0 #Istanbul'da 0 0 #secimHABERGLOBALde 0 0 

#mazbatayiverin 0 0 #IstanbuldaYeniSeçimIstiyoruz 0 0 #SeffafliktanKorkma 0 0 

#mhp 0 0 #iyipartiye 0 0 #SeffafliktanKorkma 0 0 

#MHP 0 0 #izmir 0 0 #Sondakika 0 0 

#milligazetemiunuttum 0 0 #kan 0 0 #SonDakika 0 0 

#milligazeteokuyoruz 0 0 #kayseri 0 0 #sözünüyaz 0 0 

#MilliIrade 0 0 #kayseriüniversitesi 0 0 #SüresizNafaka 0 0 

#murdar 0 0 #Kedi 0 0 #TekSeçenek 0 0 

#oyunagelmetürkiyem 0 0 #kirsehir 0 0 #TessekkürlerIstanbul 0 0 

#pazar 0 0 #kitap 0 0 #TümOylarSayilsin 0 0 

#pazartesi 0 0 #konut 0 0 #Türk_Haber_AjansI 0 0 

#petkm 0 0 #kütüphane 0 0 #uyumuyoruz 0 0 

#piyasalar 0 0 #love 0 0 #VARKayitlariAçiklansin 0 0 

#Proletarya 0 0 #luxury 0 0 #yenidensecim 0 0 

#ProtestoEdiyorum 0 0 #Malazgirt'te 0 0 #YeniGün 0 0 

#SaldirGALATASARAY 0 0 #maltepe 0 0 #YourShotPhotographer 0 0 

#sandik 0 0 #Maltepe 0 0 #YSK 0 0 

#Sec 0 0 #MansurYavas 0 0 #ysk 0 0 

#Secim 0 0 #mansuryavas 0 0 #YSKdanBildiriyorum 0 0 

#secim 0 0 #mardin 0 0 #yskgoereve 0 0 

#Seçim 0 0 #MazbataHakEdenin 0 0 #YSKgoreve 0 0 
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Dataset 1 Dataset 2 Dataset 3 

Hashtags AKP CHP Hashtags AKP CHP Hashtags AKP CHP 

#seçim 0 0 #MazbataMilletindir 0 0 #YSKGöreve 0 0 

#Secim2019 0 0 #MazbatamiziAlacagiz 0 0 #YSKgöreve 0 0 

#secim2019 0 0 #MazbatamiziVerin 0 0 #yskgöreve 0 0 

#Seçim2019 0 0 #MazbatamiziVerin 0 0 #yskistifa 0 0 

#seçim2019 0 0 #MazbatayiVer 0 0 #YSKSucaOrtakOlma 0 0 

#Secim2019'da 0 0 #MazbatayiVer 0 0      

#Secim2019istanbul 0 0 #MazbatayiVER 0 0      

#secimHABERGLOBALde 0 0 #mekan 0 0      

#seciminardindan 0 0 #Millet 0 0      

#SeçiminArdindan 0 0 #millî 0 0      

#seçimistanbul 0 0 #MobilGençlik 0 0      

#seçimsonucu 0 0 #murdar 0 0      

#SisliDemokrasiMeclisi 0 0 #Mus 0 0      

#SonDakika 0 0 #MUS 0 0      

#sondakika 0 0 #Mus'ta 0 0      

#SONDAKIKA 0 0 #MustafaKemalAtatürk 0 0      

#SözünüYaz 0 0 #NA 0 0      

#sultangazi 0 0 #nevsehir 0 0      

#TekSeçenek 0 0 #OA 0 0      

#trabzon 0 0 #OneDayAtATime 0 0      

#trabzonspor 0 0 #Organi 0 0      

#TRT 0 0 #OrganizeUsulsüzlük 0 0      

#Türkiye 0 0 #ÖzgürGündem 0 0      

#türkiye 0 0 #Pazartesi 0 0      

#TürkiyeiçinIleriDahaIleri 0 0 #pazartesi 0 0      

#umut 0 0 #ProtestoEdiyorum 0 0      

#ünsalzor 0 0 #Puebla 0 0      

#USDTRY 0 0 #quotes 0 0      

#yalan 0 0 #retro 0 0      

#yasarkemal 0 0 #Sak 0 0      

#yerelseçim 0 0 #SakinS 0 0      

#YerelSecim2019 0 0 #SakinSakin 0 0      

#YerelSeçim2019 0 0 #sali 0 0      

#ykbnk 0 0 #sariyer 0 0      

#ysk 0 0 #seçim2019 0 0      

#YSK 0 0 #Seçim2019 0 0      

#YSKBelediyeleriÇaliyor 0 0 #SeffafliktanKorkma 0 0      

#yskgoereve 0 0 #SinanMeydan 0 0      

#YSKgöreve 0 0 #sincanescort 0 0      
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Dataset 1 Dataset 2 Dataset 3 

Hashtags AKP CHP Hashtags AKP CHP Hashtags AKP CHP 

#YSKGÖREVE 0 0 #sivas 0 0      

#yskgöreve 0 0 #Sondakika 0 0      

#yskistifa 0 0 #style 0 0      

#YSKmazbatamiznerede 0 0 #stylish 0 0      

#YSKSucaOrtakOlma 0 0 #su 0 0      

#zoren 0 0 #sutannekedi 0 0      

#zülfülivaneli 0 0 #tablo 0 0      

     #talas 0 0      

     #TekSeçenek 0 0      

     #Tekseçenek 0 0      

     #ThinkBIGSundayWithMarsha 0 0      

     #turkey 0 0      

     #Turkey 0 0      

     #türkiye 0 0      

     #UK 0 0      

     #ürünler 0 0      

     #Van 0 0      

     #villa 0 0      

     #villaprojeleri 0 0      

     #vintage 0 0      

     #viransehir 0 0      

     #water 0 0      

     #water4all 0 0      

     #yasarkemal 0 0      

     #YeniGün 0 0      

     #yenikentescort 0 0      

     #YourShotPhotographer 0 0      

     #yozgat 0 0      

     #ysk 0 0      

     #YSK 0 0      

     #YSKgoreve 0 0      

     #yskgöreve 0 0      

     #YSKgöreve 0 0      

     #yuva 0 0      

     #Zalgiris 0 0      

      #zülfülivaneli 0 0       
 
  



 
 

100 
 
 

APPENDIX C 

AN ENDOGENOUS PREFERENCE MODEL OF CULTURE IN ACTION 

Introduction 

This article proposes a dynamic behavior model that takes into account the role of cultural 

structure in framing individuals’ decision-making. It does so in light of empirical and theoretical 

studies from various disciplines, including sociology, economics, and psychology. There are a 

number of reasons why this model embraces an interdisciplinary lens. Sociological studies 

provide rich data on individuals (and/or organizations) that reflect their perceptions and behavior 

in the social context. Such information allows researchers to provide rich analyses of how 

personal characteristics as well as resources available to individuals (i.e., economic, cultural, and 

symbolic capital) explain their life outcomes, including but not limited to whether they achieve 

their aspirations and expectations (Nora 2004), inequalities based on race, gender, and ethnicity 

in individual outcomes (McDonough 1997), and the motivation factors behind acting as 

collectives (Emirbayer and Goldberg 2005). While studies in sociology explore the relations 

among variables that explain individual and collective behavior (McAdam 1986; Klandermans et 

al. 1999; Tufekci and Wilson 2012), and also provide theoretical models based on the empirical 

findings (Benford and Snow 2000; Diani 2004), studies of economics, specifically that of 

microeconomics, start from modeling “games” that provide a mathematical representation of 

real-life scenarios to analyze how individuals strategize interaction through such mathematical 

models. Although some portion of these studies use empirical data to support the arguments 

derived from the models, studies coming from this line of research have a strong emphasis on the 

mathematical models, and therefore on the analytical representation of how, for instance, 
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preferences, strategies, risk-taking, uncertainty, and asymmetric information interact with the 

decision-making process.  

However, those microeconomic models are often criticized for their underlying 

assumptions. Here I will address two main criticisms: First, the assumption of individuals being 

rational decision makers who calculate all the costs and benefits associated with every possible 

action of theirs and other individuals perfectly before making each of their decisions; and 

second, the assumption of isolated human beings (isolated from the social realm). To address the 

first criticism, this paper will turn to psychology to present findings of experimental studies that 

explain the level of calculation that goes into individual decision-making, and the behavioral 

economics literature that merges the findings of those experimental studies with game-theoretic 

models.  

The decision-making model proposed in this paper aims to address the second concern 

through the introduction of endogenous preferences. Turning to the cultural sociology literature, 

specifically literature on the relational perspective on culture, will address how individuals’ 

cultural experiences shape their understandings of the game and, therefore, the strategies they 

choose while they interact with others. This relational approach also provides a dynamic model 

of transactions. This may be understood in two aspects: (a) each interaction that individuals 

make defines the cultural space and the individuals’ dispositions in that cultural space; (b) these 

changes in position lead the individuals to reconsider their preferences and therefore their 

preferences get endogenously updated, which changes their action set (i.e., toolkit) and alters 

their perception of the game and therefore also the action they choose to play in the next round of 

interactions that, again, alters the cultural space once again with the next round of interactions.  
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The model proposed is represented in Graph 1 below. There are six main components of 

the model that explain the dynamic nature of culture as action, and each part will be described in 

detail in the following sections.  

 

 

 

Culture as a Tool-kit 

Based on their dispositions in the field, individuals find multiple cultural practices and tools 

available. For instance, a person who grew up in a family where the father took the role of 

breadwinner and the mother took care of the household chores, has learned breadwinning as an 

identity of fatherhood. But when the same person, for example, took feminist theory courses 

during his undergraduate years where the discrepancy of the household chore distribution 

between men and women in the family is frequently discussed, they also added involvement (in 

the household) as an identity of fatherhood to their cultural toolkit. Even though one is learned 

through practice and the other is learned in theory, these two cultural practices related to 

fatherhood are now available in this individual’s toolkit. Breadwinning and involvement are not 
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necessarily competing practices: a person can both work in public space and change baby’s 

diaper in private space. Yet, for multiple reasons, a father (or a mother) may have difficulty 

engaging in both: time constraints, thinking that the other parent will take care of the 

responsibilities if they do not (and, therefore, that they can rely on the other person), or following 

the  culture of rewarding oneself after a long day of work and watching one’s favorite show on 

TV rather than doing the household chores. 

Studies focusing on the perceived mismatch between one of the available and embraced 

cultural tools of the individual and their actual behavior (Collett, Vercel, and Pierce 2019; 

Swidler 2013) emphasize the discrepancy between the aspiration derived from that particular 

cultural tool and the individual’s choice of action. Focusing on the discrepancy raises the 

question of how this mismatching behavior is justified. Studies focusing on the cases in which  

no discrepancy between the cultural practice and cultural action is observed, however, emphasize 

the motivational aspect of culture. While motivation and justification hypotheses do not 

necessarily contradict each other, studies often choose to apply one or the other (Jackson 2006; 

Vaisey 2009). The theoretical model proposed in this paper aims to take both motivation and 

justification aspects of behavior into account. While giving oneself a reward  can motivate a 

person to order a pizza and watch Netflix after a long day of work, the same person will also 

need to justify their action with respect to their understanding of embracing an active life (they 

could go to the gym instead). In other words, all justifications are motivated by other available 

cultural tools.  

But how do we know which cultural tool will be used when? This depends on two things: the 

person’s preferences, and their perception or understanding of the game at play. We will discuss 

each in the following two sections. 
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Endogenous Preferences 

Markets and other economic institutions do more than allocate goods and 

services: they also influence the evolution of values, tastes, and personalities. 

Economists have long assumed otherwise; the axiom of exogenous preferences is 

as old as liberal political philosophy itself.  

Samuel Bowles (1998:75). 

In her classic 1986 (:275) article, Ann Swidler writes that “Culture … is more like a style or a set 

of skills and habits than a set of preferences or wants.” I rather define culture as a set of 

strategies, tools and practices with associated meanings or cultural frames, and individuals 

choose which tools to use in different environments. In that regard, individuals have a set of 

preferences regarding which tools to be used and under which conditions. Because the tools 

available to the individual are defined by the culture they are aware or familiar with, then, these 

preferences are also endogenously defined by the cultural frames and tools available to the 

individuals.  

Preference is one of the core terms of game theoretical models, which are frequently 

criticized because those models do not take social interaction into account. This article identifies 

the assumption of exogenous preferences in game-theoretic models as the main reason why 

social interaction is missing in those models: individuals know what they want, and those wants 

are “given.” However, empirical studies show that people change their behavior in different 

institutional settings: the performativity of economics (MacKenzie 2006; MacKenzie, Muniesa, 

and Siu 2007) alters individuals’ behavior, leading them to think that it makes sense to maximize 

personal payoff more than, say, valuing fairness, given the “rules of the game.” In other words, 
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behaving according to the rules of the culture of individualism or market capitalism is perceived 

as the way to achieve success. This does not mean people prefer to make materialistic cost-

benefit calculations because they prefer neoliberal markets. This rather means that they prefer to 

act according to the rules of these neoliberal markets simply because they are in the game, and 

they believe that in such a game this is the way to play. Their beliefs are shaped by their 

interactions and their dispositions. In that sense, material payoff maximization is a learned 

behavior, not the natural behavior that Adam Smith proclaims in his famous The Wealth of 

Nations. Even though Swidler (1986:275) does not define this as endogenous updating of 

preferences, she emphasizes that a person “can hardly pursue success in a world where the 

accepted skills, style, and informal know-how are unfamiliar.” 

In that regard, according to the model proposed in this paper, individuals’ preferences are 

determined by their disposition in the field: their access to knowledge, networks, and economic 

capital after each interaction. That disposition of the individual determines which cultural frames 

are available to the individual. The individual selects the cultural tools accessible through the 

cultural frames, and in that regard preferences (of which action to choose) can contain those tools 

only.  

Preferences, by definition, are ordered: a person prefers to take action A as opposed to 

action B. However, these preference orderings are not universal: A person might prefer wearing 

a pair of sunglasses to carrying an umbrella on a sunny day, yet the preference ordering will not 

be the same on a rainy day. Therefore, the selection of cultural actions based on the set of 

cultural tools available to the individual will be determined by both the rules of the game and the 

individual’s perception of the game based on their disposition in the field.  

Perception of the Game 
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Sociologists are already familiar with the “game” metaphor: Bourdieu uses this metaphor to 

indicate that each field (economic, political, religious, etc.) has different sets of logic and, 

therefore, different rules of play. Cards (resources) available to each player are determined by the 

types and amounts of economic, cultural, and symbolic capital they possess. The cards in hand, 

and how agents sense the world and perceive their position in it, comprise the “habitus”—each 

agent has “a feel for the game” that shapes their actions (Odabaş and Adaman 2014).  

Even though Bourdieu’s description of the game mainly refers to the field setting of the 

rules as described above, this should not mislead the reader regarding Bourdieu’s perspective on 

structuralism as stated in Odabaş and Adaman (2014): 

However, Bourdieu was also against a structuralist interpretation of society, 

where the actions of individuals are largely determined by existing socio-political 

and socio-economic structures. He contended that individuals were not merely 

passive agents open to indoctrination and manipulation. Indeed, Bourdieu used 

the term “false anonymities” to characterize any discussions that would lead to 

dualistic positions such as agency and structure […]. He considered these 

dualities “false” because for him, social structures were neither the mere 

aggregate of individual strategies, nor solid and flawless constructs solely defined 

by their totality (Bourdieu and Wacquant 1992). Instead, elements and relations, 

actions and symbols, and material and cultural aspects interpenetrate and co-

constitute each other and thus should be analyzed in relation to each other 

(Breiger 2000). 

Not surprisingly, Bourdieu was also a critic of Beckerian type of methodology because 

such methodology perceived members of the society as continuously making cost-benefit 
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calculations, not only in market but also in non-market fields, independent of social and 

historical formations.(Odabas and Adaman, 2014). However, Becker’s work is also frequently 

critiqued by economists themselves since the 1990s, and the game theory also evolved since its 

foundation in the 1960s. The intention here is not to fully defend game theory but rather to 

acknowledge its theoretical contributions to the understanding of the games, and how the games 

are being perceived by the actors participating in them. Therefore, it is useful to turn to game 

theory’s definition of the game, its add-ons and criticisms, in order to provide a full 

understanding of how the game is perceived and, therefore, how the actions are chosen by the 

players of the game. 

Defining the Game 

Games are defined by the following: (a) the number of players, (b) strategies available to the 

players, and (c) the rules of the game (Mas-Colell, Whinston, and Green 1995). A classic 

economic question is how people will bargain over a pie of a certain size (also known as the 

dictator game –a derivative of ultimatum game--  or pie-sharing game). There are two players in 

this game, and they play the game sequentially (not simultaneously). In the first round, Player 1 

holds a $100 pie and is expected to give a share from the pie to the second player. Therefore, the 

player has a continuous set of strategies ranging from $0 to $100. Let’s say, Player 1 decides to 

offer $X to the second player. In the second round, Player 2 is expected to decide whether to 

accept or reject the offer. If Player 2 accepts, s/he gets $X, and Player 1 gets $100-X. If the 

player, rejects, however, each player gets $0, left with nothing. What value of X does Player 1 

choose, and what is the Nash Equilibrium? 

What economics students learn in their game theory courses is that Player 2 would accept 

any value greater than 0 because getting X makes the player better off as compared to the 
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scenario in which s/he rejects and gets $0. Knowing this, Player 1 would choose the smallest 

value possible to share--say, 1 cent. This is the rational thing to do. Experimental studies, 

however, show that people reject some offers that are greater than zero. Does this mean that 

those players who choose to reject getting only %0.01 of the pie are irrational because they think 

this is unjust? 

Fairness and Altruism 

Not necessarily. This rather means that fairness is one of the criteria that the individuals take into 

account while making their choice. The calculation, then, does not only involve material 

rewards; in addition, people act "to constitute themselves as dignified, autonomous, and moral 

individuals" (Bowles 2009). Therefore, people might decide to punish the first player’s behavior 

because they believe in fairness, and because they expect the other player to act according to that 

principle.  

While rational action is not a natural disposition of individuals, the same also applies to 

other types of behavior including fairness and altruism. The experiment conducted by (Gneezy 

and Rustichini 2000) in 10 private day-care centers in Israel illustrates the performative 

characteristics of the rules of the game. At these day-care centers, parents used to arrive late to 

collect their children, which forced the teachers to stay after closing time. The researchers 

introduced a monetary fine for parents who collect their children at least 10 minutes late, hoping 

that the monetary penalty would reduce the late arrival rate of the parents. The results, however, 

showed an opposite trend: parents thought that there was a price to pay for their behavior, which 

in turn led them think that their behavior was legitimate as long as they paid the price for their 

late arrival. Therefore, there was an increase not only in the number of parents collecting their 

children late but also in their delayed arrival time.  
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Constraints 

Turning back to the pie sharing game, a person might also accept an offer, say, that requires them 

to share 1% of the income with the 99% of the population although they find this unfair, if they 

are in need of the money being offered: let’s call this game the game of economic inequality. 

From an economic development point of view, people are not free to make the choice unless they 

have the capabilities to do so (Sen, Amartya 1999). From a cultural point of view, the 

distribution of the economic capital determines whether the individuals have the resources they 

need to practice fairness or set the constraints that lead them to practice breadwinning. In this 

context, although breadwinning and fairness are not necessarily exclusive practices, from this 

individual’s perspective, they will appear to be so. The action will lead to a discrepancy between 

the individual’s understanding of fairness and the action they take, and breadwinning will justify 

that behavior. 

Repeated Games 

We should also keep in mind, though, that the economic inequality “game” is not a one-shot 

game. Therefore, as illustrated in Graph 1, at each round there will be new interactions and a new 

distribution of resources. This can lead to new games with new alliances to be formed, as I will 

discuss in the section on interaction below. Briefly, however, as Polanyi (1957) discusses at 

length in his famous book The Great Transformation, the expansion of capitalist institutions also 

creates its countermovement. Or, from a social movements point of view, injustice frames allow 

people to form collectives through shared experiences, and, therefore, collective identity. In that 

regard, if the game is repeated, it is not only the person who accepts the low share that takes 

other games into account while making a decision, but also the person who gets the lion’s share.  
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Axelrod’s The Evolution of Cooperation (1984) is one of the early works that illustrates 

the idea of why acting in cooperation with others in repeated games might be a good idea rather 

than playing in an individualistic manner. Axelrod first designs a repeated cooperation game, and 

then he asks multiple game theorists and other academics to state which strategy they would 

play. Next, he simulates the game based on n players that play all suggested strategies. In the 

long run, the player that plays “tit-for-tat” finishes the game with the highest payoff. This 

strategy begins with  with cooperation;  if the other person cooperates, then the player again 

cooperates in the next round. If the other person does not cooperate, then the player does not 

cooperate in the following round and does not change that strategy until the other player again 

decides to play cooperate. Axelrod argues that there are three main reasons why this strategy 

works. First,, it is a clear strategy for the rest of the players to follow, and, therefore, they can 

adjust their behavior accordingly. Second, it is nice: it starts with cooperation, or with the 

assumption of good faith. Third, it is provocable because it provides immediate retaliation to 

those who do not cooperate. Finally, it is a forgiving strategy, and turns back to cooperation once 

the other player does so. 

Let’s consider the following example: A Turkish student decides to pursue an academic 

career and decides to apply to Ph.D. programs in Sociology offered in the United States. Luckily, 

she gets an offer and moves to the States. Her experience in Turkey from eating out with friends 

has been the following: 1- only one check arrives to the table at the end of the lunch/dinner, 2- 

people offer to pay the whole check to show generosity, 3- one person gets to pay the check at 

the end, yet this is a reciprocal exchange because next time one of the people who did not pay for 

the check will cover the costs. However, in the United States, she now recognizes that at the end 

of the dinner, the people at the table are given the option whether they want to get the check 
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together or separately. To make the situation even more complicated, half of the people at the 

table are from Turkey and the rest are from the United States. How is she going to react? Is she 

going to embrace the Turkish practice, or the American one of paying exclusively for what one 

ordered? Probably this is what she would think: “Would these people consider paying for all as a 

reciprocal exchange, or not?” Obviously, it is less likely for the American friends to consider an 

attempt to pay the whole check to be accompanied with the expectation for a payback in the 

future: not because they are unaware of reciprocal exchange, as there are American traditions 

such as wedding gifts and baby shower registries that practice reciprocal exchange, but this 

specific type of reciprocal exchange is not a cultural practice they are familiar with based on 

their former interactions. Thus, it is the expectations from future interactions that will determine 

the person’s decision of whether to pay the full check or not, more than their national identity, or 

their ideological point of view. In that regard, the model presented here acknowledges not only 

that there are multiple cultural tools available to the individual but also that the individual makes 

the decision of which cultural tool to use that motivates their action.  

Incomplete Information and Trust 

Interacting with strangers requires trust, due to incomplete information. The market setting is one 

example, as illustrated by Akerlof’s (1978) “Market for Lemons.”:If buyers in exchange markets 

cannot observe the quality of products due to information asymmetries, buyers cannot 

distinguish between high- and low-quality products. If the chance of finding a high quality in the 

product is, say, 50%, then the buyers are only willing to buy a product for half price of the value 

of the high-quality product. In this case, sellers who sell high-quality products will not be willing 

to make an exchange, and, therefore, the market will be left to only those sellers who sell low-
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quality products, which the buyers are not willing to purchase. As a result, the market will 

collapse. 

Therefore, exchanges among strangers require building a culture of trust. The role of trust 

as a part of institutional and organizational functioning is well documented, especially since 

Putnam’s (2000, 2001) findings suggested that social trust is a significant factor for civic 

engagement. Although trust is desired trait, it is “often a fragile and elusive one” (Kramer and 

Cook 2004). In markets where it is not possible to identify the quality of the product, for 

instance, signaling trustworthiness is possible by adopting multiple trust-creating mechanisms 

(Odabaş, Holt, and Breiger 2017a, 2017b). Especially with the development of online two-sided 

markets, such as so-called shared economies, researchers found a rich data source for analyzing 

exchange in markets where the buyers do not have a chance to experience the quality of the 

product they are renting (Cansoy and Schor 2017; Schor et al. 2017). The findings of this line of 

research indicate that there are two forms of trust mechanisms that are at work in building trust. 

In the first group, the market owner (i.e., the company, such as Uber, Lyft, or AirBnB) can verify 

either the seller or the quality of the seller’s product. For instance, both buyers’ and sellers’ 

identities can be verified by proof of national identity. Or, as in the case of AirBnB, the sellers 

can become eligible to market their homes as “plus” if they comply with certain terms and 

conditions. These mechanisms can be considered as similar to a club membership (Buchanan 

1965). The second group of trust-creating mechanisms is facilitated by the market users, mainly 

through sharing ratings and reviews (Kollock 1999; Motoyama et al. 2011; Yip, Webber, and 

Shadbolt 2017). 

In that regard, participants in the market use the information circulated in the market 

based on former interactions as pieces of information in order to update their beliefs on whether 
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the other users are trustworthy or not, and, therefore, whether it is useful to build a culture of 

trust in the market. Therefore, verifications, club memberships, ratings and reviews act as signals 

of status (Podolny 1993, 2001; Spence 1974), which is discussed in the following section. 

Signaling 

The following example concerns the disconnect between college curricula and the job market: if 

a college education does not teach the skills people need to use in the job market (given that most 

people learn the tasks they need to accomplish at the workplace, that is a fair argument), then, is 

it actually worth it to go to college?  

The theory of educational signaling argues the following: the labor market does not necessarily 

find what the students study valuable, but the ability of the students to complete the program by 

working hard and meeting the requirements is valued. In other words, education is the way to 

distinguish between people with high abilities and those with not as high abilities. In that regard, 

the degree earned signals the students’ ability, not their mastery (Spence 1978). 

Bourdieu rather explains the idea of education signaling as acquiring symbolic capital: 

education is a resource that provides prestige and honor, and their unequal distribution in society 

is acknowledged and observed as status symbols (Bourdieu 1986; see also Sallaz and Zavisca 

2007). In that sense, being a part of college life is not only about learning the skills but also 

about being a part of the college culture, or learning the college culture, which prepares the 

students for the work culture and helps them find prestigious positions in the job market (Rivera 

2015). The students continue to play the college attainment game believing that a college degree 

will help them get hired for jobs with higher pay. They might think that the reason why they will 

get hired for these jobs is because they will learn the skills needed to do the work during their 

college education, although that is not necessarily the case. In that regard, the students might not 
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have the full understanding of the game; rather, they have a sense of the game. Therefore, they 

choose their actions not only as a result of complete cost-benefit calculation but based on 

heuristics. 

Choice of Action 

The description of the games based on the game theory literature lays out detailed strategic maps 

of the games first to calculate how homo economicus would solve the problem. However, the 

idea of the individual spending their time and effort to lay out the steps of the game as 

meticulously as a game theorist does is also an assumption.  

One of the earliest concepts proposed within economics is the bounded rationality principle. 

Simon (1972) argues that there are multiple reasons why individuals (or firms as he writes his 

piece to explain the theory of organizational behavior) have bounded rationality (rationality in 

the sense of how the homo economicus would behave) for multiple reasons. First, individuals do 

not have full information about their alternatives. Game theorists typically address this problem 

in incomplete information games by assigning probabilities to individuals’ types (for example, in 

the dating game, when the first player who will suggest a place to go out for a date assigns 

probabilities to the other person’s preferences of whether they like to see a concert or a movie at 

a theater) and, therefore, calculate the actions of the individuals under incomplete information, or 

the Bayesian Nash. 

Simon’s second argument (1972) is that individuals do not target to identify all the 

possible strategies and then choose the best possible strategies when the problem is complex. 

Rather, they follow a heuristic approach. This call for finding alternative ways of studying 

strategy and action without the full rationality assumption comes from the psychologically 
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informed approach to game theory (Krueger 2014). Dual process theory as a heuristic approach 

is also discussed in cultural sociology literature (Vaisey 2009). 

Dual Process Theory 

Dual process theory provides an account of how individuals think. According to this theory 

individuals think through two different processes. Nobel Prize winner psychologist and 

economist Daniel Kahneman (2011) also calls these processes fast (system 1) and slow (system 

2) thinking. While system 1 operates quickly and automatically, with minimal effort of voluntary 

control, system 2 involves attention and effort to solve complex problems. The example below 

provides a simple illustration of how system 1 follows intuition and system 2 follows calculation. 

Try to find your intuitive answer to the question below: 

A baseball bat and a ball costs $1.10. 

The bat is $1 more expensive than the ball. 

What is the cost of the ball? 

The first response is to divide the $1.10 amount into $1.00 and $0.10 and answer the 

question as $0.10. However, this is the wrong answer: the price difference between $1.00 and 

$0.10 is $0.90, not $1 (Kahneman (2011). If you are not a student who is trained to think through 

such tricky questions correctly in a short amount of time, such as in competitive multiple choice 

exams, then, your intuition will guide you to give a good approximation of the correct answer, 

but not the correct answer itself. With training, however, a student could learn to deduct the 

amount of difference from the total amount and divide the value by 2 to find the answer to the 

question. The training process would involve system 2 to operate, but once the problem-solving 

method is learned, it then can move to system 1. If we were to do daily actions such as driving a 

car, making coffee, or turning on the stove using system 2, probably we would not be able to find 
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the energy to complete all the chores we accomplish in 24 hours. Habits also follow a similar 

process. Setting goals, such as exercising more often, is usually easier said than done because it 

is hard to break habits such as spending an hour on social media.  

 Vaisey (2009) states that integrating the dual-process point of view would be useful in 

addressing the justification/motivation divide in the cultural sociology literature explaining how 

culture affects action. In Vaisey’s (2009) opinion, scholars who argue that culture cannot be 

motivational and, therefore, justifies individual behavior do so by claiming that individuals must 

be able to give consistent reasons for their behavior if culture were to be motivational (Swidler 

2001), or because individuals know more culture than they use, they would be drawn to 

contradictory dimensions if culture were to be motivational given that the culture they know is 

not necessarily complimentary (DiMaggio 1997, 2002). Those arguments, according to Vaisey, 

are driven by the underlying assumption that “cultural motivation …would have to be a 

deliberative, logical affair” (2009:1681), and, therefore, must involve rational behavior. 

Incorporating dual-process theory, however, provides a new angle to the justification/motivation 

debate, by arguing that actors can follow internalized schematic processes (using system 1), but 

they are also capable of making deliberative decisions (using system 2), especially when the 

social interaction requires the individual to do so.  

The endogenous preferences argument of this paper is complementary to this dual-

process perspective. People have a sense of the game they will play, or the types of interactions 

they will engage in. Theoretically, individuals can get this sense through putting in a serious 

effort of identifying each possible action available to them and to others as well as the 

opportunity costs of taking each action. How those strategies are laid out based on endogenously 

updated preferences available to the individuals is explained (above) in the section on the 
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perception of the game. Dual process theory, however, indicates that individuals do not 

necessarily calculate the opportunity costs of all strategies for every interaction they will have. 

Rather, to allocate their effort and, therefore, energy, they use mental shortcuts, or heuristics, to 

lean on and confirm their intuition. Individuals, therefore, can either follow their habits, or rather 

choose to think more strategically and see their other options, depending on how valuable they 

consider making that effort to be. If, for example, a father wants to be more involved with his 

kids on a day-to-day basis as opposed to how his father raised him, as in Collett et.al.’s example 

(2019), he either can choose to put an effort of making that calculation every single day in his 

mind and choose the involvement approach as his cultural motivation for action. Or, he can 

rather fall back on System 1, maybe because he has a demanding job and thus cannot find the 

energy to do so, or maybe he is not persistent enough, which leads him to choose the 

breadwinner approach as his cultural motivation. Regardless of which approach the father takes, 

it will require him to justify why he did not take the other approach.  

Interaction (and Transaction) 

It had been 22 years since Mustafa Emirbayer published his manifesto for relational sociology. 

Emirbayer (1997) positions the relational approach as the opposite of substantialist thinking. In 

substantialist thinking, the action is considered as being driven by substantial realities. This 

could be either the exogenous preferences of the individuals and their rational decision-making 

process, i.e., agency; or, the cultural structure imposing the norms onto individuals’ actions, i.e., 

structuralism. Even though agency and structuralism are dichotomies, both perspectives operate 

under the assumption that “[e]ntities remain fixed and unchanging throughout … interaction, 

each independent of the existence of the others, much like billiard balls or the particles in 

Newtonian mechanics” (Emirbayer, 1997: 285-286). The relational approach, however, rejects 
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this interaction perspective and replaces it with transaction, where, “the terms or units involved 

… derive their meaning, significance, and identity from the (changing) functional roles they play 

within that transaction” (Emirbayer, 1997: 287). Therefore, Emirbayer calls for a new 

conceptualization of agency and structure that would draw the continuum between the two from 

a transactional point of view and at the meso-level. His proposed research technique for 

accomplishing this goal is social network analysis. 

The connection between the sociology of culture and social network methods is already 

well documented (Pachucki and Breiger 2010), and the intention here is not to repeat or 

summarize that discussion, but rather to highlight the connection between research that engages 

formal network methods for the analysis of culture and endogenous preferences model proposed 

here. In this line of research, the social network method is used to track the interactions among 

entities (i.e., individuals or organizations). Identification of interactions includes but not limited 

to narration (Gibson 2000, 2010), communication across activist organizations (Diani 1992, 

2000), and shared tastes (Lizardo 2006, 2014). 

Let’s take shared tastes among individuals as our example to illustrate how cultural 

interaction leads to endogenous updating of preferences. People who share taste are more likely 

to gather in the same venues – metal music fans gathering to watch, say, an Opeth concert, or 

alternative cinema fans gathering at film festivals. These gatherings allow people to find others 

to interact with not only people sharing similar tastes, but also other people who have knowledge 

of cultural products that they have not heard of. Interacting with others with different 

experiences, therefore, exposes an individual to other cultural products. This exposure to 

different types of music, however, is also limited to the interactions that individual makes. On 

the one hand, the individuals’ knowledge set changes, and, therefore, their cultural tastes may 
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alter. On the other hand, this alteration in individuals’ tastes will also alter their understanding of 

cultural categories and products, such as genres or songs, as individuals attach meanings to 

cultural products based on their similarities and comparisons with other cultural products. In that 

sense, we can think of the cultural space as a set of connections between individuals and cultural 

goods. This map of micro interactions is in constant change with each decision of action of 

individuals, say, attending new venues and conversing with new people, as those interactions add 

new cultural tools to the individuals’ toolkit, which may end up being included in the 

endogenously updated set of preferences. While these interactions represent the cultural tastes at 

the micro level, the map at the macro level represents the dispositions of individuals in the 

cultural space, based on their network, social interactions, their socioeconomic background, 

others’ socioeconomic backgrounds and such. Which brings us to the last point to be described in 

the endogenous preferences model: the field. 

The Field and Distribution of Capital 

Bourdieu (1984) introduced the concept of field to sociology as a way to represent individuals’ 

positioning in the social arena, to examine power and class relations. While the focus of the 

endogenous preferences model presented here is not power per se, power is a crucial determinant 

of individuals’ strategies and actions in the games they play: who starts playing first, who has 

access to multiple individuals to gather more resources to accomplish goals, and so on. In other 

words, the rules of the games are set in the field, based on the power of each individual, 

collective, and organization.  

An individual’s positioning in the field is determined by the amount of resources they 

have: in the field of education, students who have the networks that can inform them about the 

requirements of getting accepted to college, the monetary resources to pay for better education 
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services at the high school level, and the credentials they receive through the extracurricular 

activities, have a higher chance of becoming college students as opposed to those who lack such 

resources. For instance, empirical evidence shows that those who are college graduates not only 

earn higher incomes but also have better health conditions and higher rates of civic engagement 

(Karen and Dougherty 2005), which is associated with ascribed status (Ballantine and Spade 

2012). However, the transition to college, including college preparation, college access, and 

college completion are affected by individual, family, and institutional factors: high school 

seniors who aspire to high-status jobs are more likely to achieve their goals if they are males 

from upper-white-collar families; students’ assignment to low-ability groups often prevented 

them from subsequently enrolling in more advanced high school courses that would have been 

more beneficial in preparing them for college, which in turn affects Black and Latinx populations 

more; students from elite classes are rewarded more as "schools are more responsive to the 

cultural orientations of the dominant or elite class," and knowledge of and participation in high 

culture activities also helps increase the likelihood of completing college (Deil-Amen and Turley 

2007)  

In that regard, if the education field is an arena in which the college attainment game is at 

play, the players of the game will not have an equal distribution of resources, and, therefore, 

some will be at an advantage as they start. The resources individuals have include economic 

capital (monetary resources, financial capital), cultural capital (signals of expertise, such as 

having a diploma, possession of art work, etc.), and social capital (social relations that enable 

agents to obtain access to other agents' capital, such as their knowledge or economic resources), 

three of which also brings symbolic capital (i.e., prestige and honor) due to their unequal 

distribution in the field. The unequal distribution of these resources will locate the individuals 
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closer to some and farther away from others, which will represent the social groups in the field: 

those who lack economic resources will form low socio-economic groups; those who excelled in 

education will form the educated group, and so on. The positioning of the individuals in the field 

based on the resources available, in turn, will be a determining factor of their knowledge of the 

world, the cultural understandings they have, which, in turn, inform their strategies of action. 

Bourdieu uses Correspondence Analysis (CA) methods in order to map this connection between 

the allocated resources and capital and the decisions that individuals make – for example, which 

music tastes they acquire, or their occupation. The CA maps in Distinction represent the 

locations of the cultural goods consumed based on the amount of economic and cultural capital 

acquired by individuals, for example.  

Turning back to Emirbayer’s (1997) call for using SNA as the research method to analyze 

culture from a relational perspective, what network graphs capture based on the micro 

connections at the macro level is also a representation of the field. Music enthusiasts’ taste is 

genres and songs can be used to map the cultural field (Lizardo 2014; also first paper in this 

dissertation); or activists’ narrations of the goal of a social movement can be used to map the 

discursive frame that gives meaning to the perceptions of the collective (second paper in this 

dissertation). In these maps, those who share similar music interests or those who narrate the 

observed events in similar ways will be located in clusters, and the formation of these clusters 

will be informed by homophily (McPherson, Smith-Lovin, and Cook 2001), those who use 

notions from various clusters will be brokering across different musical interests or political 

opinions (Burt 2009) and will have more weak ties as compared to individuals who limit their 

connection to their close-knit networks (Granovetter 1977). These cultural connections will also 

inform those individuals’ social network (Lizardo 2014) which enable them to access more 
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capital through such social connections. Therefore, as opposed to CA, SNA can provide a more 

detailed map of cultural connections, yet these positioning are not informed by the economic and 

cultural capital of the individuals but rather their decisions (of which music genres to consume or 

how to narrate a political event) that are informed by the capital they possess.  

The cultural connections mapped based on micro interactions of the individuals inform 

researchers about which cultural information is available in the field, and how the disposition of 

individuals determines their access to cultural tools. 

Conclusion 

This paper makes the argument that there are various reasons why adopting an interdisciplinary 

approach is useful for understanding the impact of culture on individual behavior. The 

endogenous preferences model presented here adopts the preferences notion from the game 

theory literature. Yet, to address the rational choice and exogenous preferences criticisms, this 

model combines the empirical findings coming from psychological experiments of behavior as 

well as the methodological approaches used to analyze culture and action in sociology. The 

cyclical relation between the culture as a toolkit, endogenous preferences, sense of the game, 

action, interaction, and the field, provides a dynamic model of behavior where action is 

culturally constituted, and shared cultural meanings also shape individuals’ preferences of action.  
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