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Reducing Injuries, Malingering, and Workers’ Compensation Costs by 

Implementing Overt Integrity Testing
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Abstract

Workers’ compensation costs are a substantial expense for employers. Given mixed 

results of training and job redesign interventions designed to reduce accidents leading to 

claims, organizations may wish to reduce these costs by screening job applicants with 

integrity tests. Building on theories of workplace safety and malingering (i.e., faking or 

exaggerating injuries for personal gain), we argue that overt integrity tests predict 

workers’ compensation claims through both workplace injuries and malingering. 

Analyses of archival data from three organizations (Study 1) found screening job 

applicants reduced workers’ compensation claim rates and related costs, demonstrating a 

return on investment of 734% in one sample and 866% in another. In a three-wave survey 

of working adults (Study 2), integrity test scores related directly to malingering, and 

indirectly to workplace injuries through motivation to work safely and compliance with 

safety rules. Analyses of three common dimensions of overt integrity tests (substance 

abuse, aggression, and theft), found theft scores directly related to malingering, and 

indirectly related to injuries through lower safety compliance. Substance abuse scores 

were related to higher rates of injury through lower safety motivation and compliance. 

Aggression scores were not related to malingering or injuries. We conclude that 

screening job applicants with overt integrity tests can be a cost-effective way to reduce 

unnecessary workplace injuries, malingering, and the related workers’ compensation 

claims. 

Keywords: integrity test, workplace safety, malingering, workers’ compensation, 

2



selection

Reducing Injuries, Malingering, and Workers’ Compensation Costs by 

Implementing Overt Integrity Testing

Injuries in the workplace are a concern to employers, not only for compassionate 

reasons but also due to the associated expense. In 2016, private U.S. employers reported 

2.9 million nonfatal employee injuries, approximately one third of which required days 

away from work (U.S. Department of Labor, 2017). One particularly high-profile 

expense is workers’ compensation, which pays medical and disability costs for on-the-job 

injuries. In 2015, U.S. employer costs for workers’ compensation were nearly $95 billion, 

a 20% increase from 2011 (McLaren & Baldwin, 2017). These costs are consistently 

identified as one of the most important concerns for small businesses (Phillips & Wade, 

2008; Wade, 2012) and rising medical costs continue to make reducing claims an 

important priority (Antonello, 2015).

Organizations attempt to reduce injuries through equipment and employee 

training programs (e.g., Daltroy et al., 1997; Trinkoff, Brady, & Nielsen, 2003), but the 

success of these interventions is mixed (e.g., Dawson et al., 2007). Moreover, 

malingering—that is, faking or exaggerating injuries for personal gain (Resnick, 1995)—

is a concern in workers’ compensation cases, especially when injuries are difficult to 

diagnose (Mittenberg, Patton, Canyock, & Condit, 2002). A complementary approach to 

providing safety training and equipment is to limit hiring of employees whose work 

behavior leads to unnecessary injuries or illegitimate claims. Screening job applicants 
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with an overt integrity test may be effective in reducing employee injuries, malingering, 

and workers’ compensation claims.

Integrity tests are used to identify applicants who are more likely to steal or 

engage in antisocial behavior (Berry, Sackett, & Wiemann, 2007; Sackett & Harris, 

1984). Overt integrity tests pose direct questions regarding attitudes toward, perceived 

norms around, and frequency of past undesirable behavior, such as theft and dishonesty, 

drug and alcohol abuse, and aggression or violence (Sackett, 1994; Sackett, Burris, & 

Callahan, 1989; Sackett & Harris, 1984). They have been found to predict 

counterproductive work behavior (CWB) across a variety of jobs (Ones, Viswesvaran, & 

Schmidt, 1993), although the magnitude of the effects varies widely (Van Iddekinge, 

Roth, Raymark, & Odle-Dusseau, 2012) and it is unclear what factors explain these 

differences (Sackett & Schmitt, 2012). Further, initial research suggests that CWB is 

related to filing workers’ compensation claims (O’Connell, Delgado, Lawrence, Kung, & 

Tristan, 2017). Promisingly, a small body of previous research found a connection 

between overt integrity screening and claims (Borofsky, Wagner, & Turner, 1995; Jones 

& Steffy, 1986; Jones & Wuebker, 1988; Sturman & Sherwyn, 2009; Oliver, Shafiro, 

Bullard, & Thomas, 2012). However, methodological issues in this work have 

complicated interpretation of the results, which may explain why researchers have not 

paid much attention to these findings. Moreover, this work has not tested mechanisms, 

which limits both the development of theory and refinement of these instruments. 

The present research contributes to the existing literature on integrity tests, 

workplace safety, and workers’ compensation in several ways. First, we integrate theories 
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of safety performance with research on integrity testing, adding to empirical evidence in 

both areas. We hypothesize that specific subscale scores on integrity tests relate to 

employees’ motivation to be safe in the workplace, adherence to safety procedures, and 

voluntary actions to increase safety (Griffin & Neal, 2000; Neal & Griffin, 2006; Neal, 

Griffin, & Hart, 2000). Second, we hypothesize that integrity tests predict malingering 

through their shared dimensions of dishonesty and theft. Malingering has received 

substantial research attention in clinical psychology and law, but it has been relatively 

neglected in organizational research on workplace safety and integrity testing, despite the 

fact that malingering is often discussed as a contributor to illegitimate injury claims 

(Mittenberg et al., 2002). Third, drawing on the relationships with injuries and 

malingering, we predict that integrity screening of job applicants reduces claims and 

related expenses. We test this prediction through analyses of archival data in Study 1, 

which provides an improvement upon (and empirical test of) the methodological 

limitations of past work. Finally, we demonstrate that integrity testing can be a cost-

effective way for businesses to reduce claim expenses. Given these contributions, the 

present research provides greater theoretical clarity on the antecedents of injuries, 

malingering, and workers’ compensation claims; adds validity evidence to the literature 

on integrity testing; and offers practical advice to organizations wishing to lower claim 

costs. 

Overt Integrity Tests and Workplace Injuries

Overt integrity tests collect self-reports on a variety of anti-social behaviors 

(Wanek, Sackett, & Ones, 2003). We focus on three common dimensions: theft, 

5



substance abuse, and aggression. Theft scales measure the propensity for workplace theft 

and include items relating to past theft, attitudes excusing theft, and willingness to 

participate in future theft. Substance abuse scales measure behaviors and attitudes related 

to illegal use of drugs and abuse of alcohol. Aggression (aka, hostility or violence) scales 

measure behaviors and attitudes toward aggression and propensity toward violence. 

To understand relationships between integrity test scores and workplace injuries, 

we build on Neal and Griffin’s (2004; Griffin & Neal, 2000; Neal et al., 2000) model of 

workplace safety performance. In their model, safety performance, defined as behaviors 

that employees perform in order to maintain safety in the workplace, is proximally 

influenced by safety knowledge, which includes knowledge and skill in safe work 

procedures, and safety motivation, defined as “an individual’s willingness to exert effort 

to enact safety behaviors and the valence associated with those behaviors” (Neal & 

Griffin, 2006, p. 947). All distal influences on safety performance (e.g., safety climate) 

function through effects on safety knowledge and motivation. Safety performance is itself 

divided into two components: safety compliance, generally mandated safety behavior, 

and safety participation, voluntary behavior that supports safety in the organization. 

Finally, safety compliance and participation determine incidence of workplace injuries. 

This model has received substantial empirical support (Christian, Bradley, Wallace, & 

Burke, 2009). Building on individuals’ tendency toward consistent behavior and attitudes 

(Ouellette & Wood, 1998), we propose that substance abuse and aggression scores are 

related to safety motivation, while theft and substance abuse scores are related directly to 

safety compliance. Our hypothesized model is depicted graphically in Figure 1.
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Linking Aggression and Substance Abuse to Safety Motivation 

Safety motivation is related to the value (or valence) employees place on 

performing their work safely (Neal & Griffin, 2006). Employees who are prone to 

aggression and substance abuse should assign greater valence to behaviors that conflict 

with safety goals than other employees. They are more likely to engage in risky 

behaviors and are likely to be higher in behavioral activation system (BAS) sensitivity 

and lower on behavioral inhibition system (BIS) sensitivity. Individuals higher in BAS 

sensitivity are under-stimulated and seek out novel activities that increase their arousal, 

while individuals low on BIS sensitivity may be less inclined to avoid punishing or 

threatening situations (Carver & White, 1994). High BAS sensitivity is associated with 

individual and organizational deviance (Diefendorff & Mehta, 2007). Lower BIS 

sensitivity is associated with binge drinking and alcohol problems (Ostafin, Palfai, & 

Wechsler, 2003). Moreover, dimensions of BAS, such as fun seeking, are directly and 

negatively related with safety behaviors such as wearing seatbelts (Voigt et al., 2009). 

This suggests that the people who engage in aggressive behaviors such as fighting and 

violence, and who report drug and alcohol abuse have motivational traits that are in direct 

conflict with safety motivation. 

We predict that aggression and substance abuse scores are negatively associated 

with safety motivation. From established results (Christian et al., 2009), it follows that 

the two components of safety performance (i.e., safety compliance and participation) 

mediate a negative relationship between safety motivation and injuries. Indeed, substance 

abuse has been linked to workplace injuries (Frone, 1998; Wells & Macdonald, 1999; 
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Wilkins & Mackenzie, 2007) and violence toward coworkers (Jones, 1980), while drug-

free workplace programs have been demonstrated to reduce injuries (Wickizer, Kopjar, 

Franklin, & Joesch, 2004). 

Hypothesis 1. The relation between aggression scores and workplace injuries is 

serially mediated by (a) safety motivation and safety compliance, and (b) safety 

motivation and safety participation.

Hypothesis 2. The relation between substance abuse scores and workplace 

injuries is serially mediated by (a) safety motivation and safety compliance, and 

(b) safety motivation and safety participation.

Linking Theft and Substance Abuse to Safety Compliance

We also propose that theft and substance abuse scales of integrity tests are 

directly, negatively related to safety compliance (Figure 1). Although this extends Neal 

and Griffin’s (2004) model by relaxing the restriction that all influences on compliance 

and participation be mediated through safety motivation or knowledge, empirical support 

for adding a direct path to safety performance has been demonstrated (Neal et al., 2000). 

The behaviors tapped by the theft and substance abuse subscales of overt integrity 

tests consist largely of organizationally-directed counterproductive work behavior 

(CWB-O; Berry, Ones, & Sackett, 2007; Bennett & Robinson, 2000), specifically those 

CWB-O in which organizational rules (e.g., against workplace intoxication or pilfering) 

are violated. Conversely, safety compliance consists of following organizational rules 

(Neal & Griffin, 2004). People who break rules related to theft and substance abuse are 

also likely to break safety rules. Indeed, studies of the dimensionality of CWB found that 
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unsafe behavior was substantially correlated with workplace theft and substance abuse 

(Gruys & Sackett, 2003; Marcus, Taylor, Hastings, Sturm, & Weigelt, 2016). Based on 

the common underlying dimension of organizational rule breaking, we expect the 

negative relationships between theft and substance abuse subscales and safety 

compliance to exist independent of effects through safety motivation. 

Hypothesis 3. Safety compliance mediates the positive relationship between (a) 

theft scores and workplace injuries and (b) substance abuse scores and workplace 

injuries. 

Overt Integrity Tests and Malingering

The American Psychiatric Association (APA) defines malingering as “the 

intentional production of false or grossly exaggerated physical or psychological 

symptoms motivated by external incentives” (APA, 1994, p. 683). In the workplace, this 

definition includes attributing a real injury to a false cause (e.g., a work accident) to 

obtain incentives (Resnick, 1995). 

We propose that theft scales on integrity tests predict malingering (Figure 1). The 

criminological model of malingering identifies criminal intent as an important antecedent 

(Rogers, 2008). This model is supported by forensic psychologists who attribute much 

malingering to criminal motivation (Rogers, Salekin, Sewell, Goldstein, & Leonard, 

1998), surveys of neuropsychologists who claim that malingering accounts for 10-45% of 

patient referrals in legal settings (Mittenberg et al., 2002; Sharland & Gfeller, 2007), and 

findings of substantial malingering during tests of individuals seeking compensation 

(e.g., Stevens, Friedel, Mehren, & Merten, 2008). Indeed, when malingering results in 
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paid time off or insurance payments, malingering is itself a method of theft, because the 

malingerer receives financial compensation on false pretenses.

Theft scales of integrity tests may also predict malingering because of a 

relationship to dishonest behavior. In non-criminal cases in which the external incentives 

for malingering include sympathy and favorable assignments, malingering is a type of 

general dishonesty rather than theft. We expect, however, that someone who is willing to 

steal from others to be willing to exaggerate an injury so that an unpleasant work 

assignment is reassigned. In this case, the action is not criminal but the underlying 

attitudes and normative beliefs are similar. Such dishonesty is a focus of overt integrity 

tests (e.g., Wanek et al., 2003). Indeed, the personality trait of Honesty-Humility—a 

dimension of the HEXACO framework (Ashton, Lee, & Goldberg, 2004)—has been 

proposed as one of the constructs tapped by these tests (Lee, Ashton, & Shin, 2005). It is 

characterized by adjectives such as “honest” or “sincere” at the positive pole and 

“greedy” or “sly” at the negative pole. It relates strongly to overt integrity test scores and 

workplace deviance (Marcus, Lee, & Ashton, 2007). We propose that theft scores predict 

malingering through this shared dimension of dishonest behavior undertaken for personal 

gain.

Hypothesis 4. Theft scores are positively related to malingering.

Integrity Testing and Workers’ Compensation Claims

Because overt integrity tests predict workplace injuries and malingering, the two 

foundational causes for workers’ compensation claims (WCC), they are well-suited to 

predict claims. Although many injuries are not significant enough to warrant 
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compensation, to the extent that overt integrity testing reduces injuries, it should also 

reduce WCC. For example, workers who report heavy drinking and those with insurance 

records indicating substance abuse have more workplace injuries and file more claims 

(Ragland et al., 2002). Screening out applicants with drug or alcohol problems would 

prevent these injuries and associated claims.

We further argue that rejecting applicants who fail integrity tests may reduce 

illegitimate claims, due to the relationship between theft scores and malingering. As 

discussed earlier, much malingering is attributed to criminal intent (Rogers, 2008), which 

could increase WCC. Insurance companies estimated that at least 20% of claims are the 

result of employee fraud (e.g., Travelers Indemnity Company, 2008) and mental health 

professionals estimated that 30-50% of the workers’ compensation cases they review 

involve malingering (Binder, 1993; Mittenberg et al., 2002), although some other sources 

have provided much smaller estimates (Hendler, 2013). 

Soon after workers’ compensation was instituted in the United States, Vernon 

(1921) discovered that a disproportionate number of difficult-to-diagnose injuries (e.g., 

back strain) are reported on Mondays. Researchers suggested that the increase is caused 

by claims for off-the-job injuries occurring during the weekend (Campolieti & Hyatt, 

2006). For example, after California implemented new workers’ compensation rules that 

reduced the incentives to file claims, Hansen (2016) compared changes in the rate of 

Monday claims by employees of a national staffing firm. He found a 7% drop in 

California claims of difficult-to-diagnose injuries and no change in easy-to-diagnose 

injuries or claims in other states. Screening out job applicants who are more inclined to 

11



engage in theft could reduce such fraudulent claims.

Evidence thus suggests that by reducing workplace injuries and reducing 

malingering, overt integrity testing should be effective for reducing claims. Specifically, 

we predict that screening job applicants with an overt integrity test reduces the rate and 

cost of WCC.

Hypothesis 5. WCC rates are lower among employees who passed a pre-hire 

overt integrity test than employees who were not screened with an integrity test.

Hypothesis 6. Costs associated with WCC are lower among employees who 

passed a pre-hire overt integrity test than employees who were not screened with 

an integrity test.

Overview of the Two Studies

Study 1 analyzed archival data from three organizations to test predictions that 

screening job applicants with an overt integrity test reduces WCC rates and related costs 

(Hypotheses 5-6). It tests hypotheses similar to those tested in earlier studies, but with 

methodological improvements that remove some major concerns. Study 2 utilized a 

survey of working adults to investigate the full range of integrity test scores (rather than 

simply those of hired applicants) and considers the three integrity test scales 

independently. It tests the predicted relations between integrity test scores and workplace 

injuries (Hypotheses 1-3) and malingering (Hypothesis 4). Thus, Study 1 sought to 

establish the overall effect of integrity testing on workers’ compensation claims, while 

Study 2 sought to understand the mechanisms that explain these effects.

Study 1
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The relationship between integrity screening and WCC has been tested 

previously. A small number of studies compared the WCC rates of organizations before 

and after they instituted integrity screening of applicants and found reductions of 27% to 

50% (Borofsky et al., 1995; Jones & Steffy, 1986; Jones & Wuebker, 1988). However, 

this design has long been criticized (e.g., Sackett et al., 1989). By comparing claims from 

two different time periods, the effects of any factor that changed concurrently or after the 

organization instituted integrity testing (e.g., work design, organizational climate) are 

attributed to integrity screening. 

Two later studies addressed these concerns by comparing concurrent claim rates 

by screened and unscreened employees (Oliver et al., 2012; Sturman & Sherwyn, 2009). 

The researchers collected claim data for all employees of an organization, starting several 

months after integrity screening was implemented. With this design, the unscreened 

employees were all hired before integrity testing was implemented, while the screened 

employees were all hired later, after testing started. By waiting several months to collect 

claim data, samples with relatively balanced numbers of screened and unscreened 

employees were created. Collecting claim data for all employees at the same time 

ensured that situational influences (e.g., physical work environment) were similar for 

screened and unscreened employees. These studies found that screened employees were 

40% to 80% less likely to file claims. 

However, an important threat to internal validity is especially relevant to these 

studies: it is likely that screened employees spent less time at work than unscreened 

employees during the period when claim data were collected. First, only screened 
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employees were hired after the data collection period began. Second, newly hired 

employees are more prone to turnover (Farber, 1994; Hom, Roberson, & Ellis, 2008), and 

all screened employees were hired after all unscreened employees. Both of these factors 

result in less time at work, on average, by screened than unscreened employees. Less 

time at work leads to less danger of workplace injury and fewer opportunities to file 

claims, which provides an alternative explanation for the differences found in previous 

studies. Due to these concerns about potential artifactual explanations for the effects 

found in previous studies, it is necessary to establish whether these relationships still hold 

when accounting for time spent at work. 

Method

We collected data from three organizations that implemented job applicant 

screening with an overt integrity test. Data from the first two organizations were 

collected using the design, described above, employed in Sturman and Sherwyn (2009) 

and Oliver et al. (2012). These samples allowed us to test the consequences of controlling 

for time at work when using this design. To the extent that controlling for time spent at 

work reduces the relationship between integrity screening and WCC, one must question 

the conclusions of prior studies. To test the hypotheses without confounding integrity 

screening with time spent at work, a third sample was collected from an organization that 

conducted a trial of integrity screening during the study period, so that only a portion of 

each day’s job applicants were tested. As a result, time at work was minimally related to 
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screening, providing an important statistical advantage for Sample 3 over Samples 1 and 

2. Comparing employees hired on the same day attenuated concerns related to unreported 

differences in hiring processes and tenure effects. Our contacts indicated that no 

additional changes were made to the hiring process at these organizations, helping allay 

concerns of history as a threat to internal validity.

Sample Characteristics

The samples are summarized in Table 1. Sample 1 included claims of a vehicle 

rental company filed during the 12-month period from November 1, 2008 to October 31, 

2009. Integrity testing began in March 2008, eight months before the study period. We 

obtained data for applicants hired on or before March 31, 2009. This created a sample in 

which 1,495 (41%) of the 3,690 employees were screened before they were hired. The 

failure rate among screened applicants was 21%; no applicants who failed were hired. 

One hundred and seventy-six (4.8%) employees filed 185 claims leading to $1.0 million 

in incurred costs. Seven employees filed two claims and one employee filed three claims. 

Sample 2 covered all claims in calendar year 2011 from a U.S. eldercare 

company. Integrity testing began at one location in June 2010 and was implemented at 

the remaining 38 locations by October 2010. We excluded three administrative locations 

from Sample 2, because these employees (n = 23) did not interact with patients. We also 

excluded 19 employees who were hired despite failing the test and four employees whose 

start dates were missing from their records. The final dataset included 3,689 employees, 

of whom 1,632 (44%) were screened. None of the excluded employees filed claims and 

results were substantively the same when the excluded employees were included in the 
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analyses. One hundred, eighty-four claims totaling $1.1 million were filed by 175 (4.7%) 

employees. Seven employees filed two claims and one filed three claims. Among 

screened applicants, the failure rate was 26%. 

Sample 3 covers claims of a staffing agency from January 1, 2011 to November 1, 

2012 by employees hired during the same time period. The agency was evaluating the use 

of integrity screening of job applicants; agency locations screened a portion of applicants 

each day and those who failed the integrity test were not hired. Assignment to 

tested/untested conditions was done by location hiring managers. Although formal 

random assignment was not used, based on discussion with our contacts, there appeared 

to be no systematic biases in determining which job applicants were tested. We excluded 

935 employees from the four locations that did not participate in the trial; employees at 

these locations filed 21 claims. We also excluded one employee for whom we were 

missing hours worked information. This employee filed no claims. The results were 

essentially the same when the excluded employees were included in the analyses. The 

final sample included 11,664 employees, of whom 4,366 (37%) were screened. The 

failure rate was 25% and no applicants who failed were hired. In total, 404 claims with 

$1.6 million incurred costs were filed by 369 (3.2%) employees. Four employees filed 

three claims and 27 employees filed two claims. 

Measures

The variable tested coded whether the employee took (and passed) the Merchants

IntegrityFirst™ test before being hired. This commercially available overt integrity test 

consists of multiple-choice items asking respondents to reveal past behaviors, attitudes, 
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and willingness to engage in undesired behaviors. First introduced in 1979, this test is 

currently used by 225 client organizations, with more than 600,000 applicants tested 

annually. It requires 10 minutes to complete and includes three subscales: theft, substance 

abuse, and aggression. Example items include the following: “How often would you 

secretly take something from work if you felt underpaid?” (Theft), “How often does your 

drinking alcohol interfere with your work?” (Substance Abuse), and “Would you agree 

that people would take advantage of you if you were afraid to hit them?” (Aggression). 

This test also includes a pass/fail faking check and filler items. All samples used the same 

scoring algorithm, applied by the test publisher, to determine failure. Test data were 

collected and scored by the publisher. Client organizations received only pass/fail 

summaries for each applicant. Employees who passed the test were coded with a value of 

1. Unscreened employees were coded 0. We did not use raw test scores as variables, 

because there is no variance in passing scores on two of the three scales, and applicants 

who failed the tests were not hired.

We measured time spent at work during the study period in two ways. In Samples 

1 and 2, we recorded the number of years employed during the study period as a proxy 

for time spent at work. To create this variable, we first calculated the number of days 

between the later of the employee’s hire date or the study start date and the earlier of the 

employee’s termination date or the study end date. We then divided this number by 365.

For Sample 3, we estimated time worked during the study period. We had access only to 

the aggregate number of hours worked from each employee’s hire date (which was 

during the study period) until February 3, 2013, three months after the study period 
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ended. To estimate time worked, we prorated the aggregate hours over the number of 

days employed in the study period. We also repeated the analyses using non-prorated 

hours and found the same results. Both variables represent time spent at work and 

exposure to the possibility of injury.

If an employee had filed one or more claims during the study period, we coded 

the employee as having filed a claim. We measured claim costs as thousands of dollars of 

incurred costs for all claims filed during the study period. This metric includes initial 

payments plus reserves to cover expected future expenses, because claims may take years 

to fully resolve (Borofsky et al., 1995). Employees with no claims were recorded as $0 

incurred costs.

Results

Incidence of Claims

Hypothesis 5 predicted that integrity screening would be negatively related to the 

incidence of claims. In Sample 1, claims were filed by 120 (5.5%) unscreened and 56 

(3.7%) screened employees. We tested this difference with a logistic regression (see 

Table 2). When entered alone (Model 1), employee screening predicted claims, Exp(B)

= .67, Wald χ2 = 5.73, p = .02, with screened employees 67% as likely to file a claim as 

unscreened employees. However, unscreened employees (M = .82, SD = .31) had been 

employed at the company longer than screened employees (M = .54, SD = .38, t = 24.97, 

p < .001, d = .81) and, as expected, years employed was positively related to incidence of 

a claim in a logistic regression (Model 2), Exp(B) = 5.07, Wald χ2 = 31.39, p < .001. After 

controlling for years employed (Model 3), screened employees were 99% as likely to file 
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claims as unscreened employees, which was not a significant difference, Exp(B) = .99, 

Wald χ2 = .00, p = .96. As evidenced by the change in odds ratio, .67 to .99, the effect of 

screening was eliminated by controlling for years employed, which supports the concern 

that results of previous studies were similarly influenced. Thus, Hypothesis 5 was not 

supported in this sample. 

In Sample 2, claims were filed by 118 (5.7%) unscreened and 57 (3.5%) screened 

employees. We again tested the difference with logistic regression (see Table 3). When 

entered alone, screening predicted claims (Model 1), Exp(B) = .60, Wald χ2 = 9.94, p

= .002. Screened employees were 60% as likely to file claims as unscreened employees. 

As in the first sample, years employed was greater for unscreened (M = .79, SD = .33) 

than screened employees (M = .41, SD = .31, t = 36.09, p < .001, d = 1.19) and positively 

related to incidence of a claim (Model 2), Exp(B) = 3.32, Wald χ2 = 25.60, p < .001. 

Employee screening did not predict claims after controlling for years employed (Model 

3), Exp(B) = .91, Wald χ2 = 0.25, p = .62. As evidenced by the change in odds ratio 

from .60 to .91, most of the effect of screening was eliminated by controlling for years 

employed. Hypothesis 5 was not supported in this sample. 

In Sample 3, claims were filed by 279 (3.8%) unscreened and 90 (2.1%) screened 

employees. In a logistic regression (see Table 4), screening negatively predicted claims 

both when entered alone (Model 1), Exp(B) = .53, Wald χ2 = 26.82, p < .001, and after 

controlling for time worked (Model 3), Exp(B) = .66, Wald χ2 = 10.95, p = .001. 

Hypothesis 5 was supported. Screened employees were only 66% as likely to file claims 

as unscreened employees. The difference across samples is examined in the Discussion 
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section.

Cost of Claims

Hypothesis 6 predicts that WCC costs are smaller for screened employees. In 

Sample 1, the mean incurred WCC costs by unscreened employees were $378.44 (SD = 

$6,578.50). The large standard deviation is primarily due to three large claims. 

(Exclusion of these claims does not change the significance of the results reported 

below.) The mean for screened employees was $145.15 (SD = $1,638.01). We tested the 

hypothesis with a generalized linear model using a Tweedie compound Poisson 

distribution with log link function and a parameter of 1.7. Such distributions are 

suggested for insurance claim size data with right-skew and a large number of zeros, like 

ours (e.g., Jørgensen & Paes De Souza, 1994). Because standard deviations were 

unequal, Levene’s Test F (1, 3688) = 6.51, p = .01, we used robust estimators of standard 

errors (Huber, 1967; White, 1982). The results are presented in Table 2. Screening was 

negatively related to claim costs when entered alone (Model 1), Wald χ2 = 4.12, p = .04, 

but not after controlling for years employed (Model 3), Wald χ2 = .78, p = .38. The 

estimated WCC costs per screened employee, after controlling for years employed, was 

$168 (95% CI: $96, $296) while the estimated costs per unscreened employee was $251 

(95% CI: $126, $503). The difference of $83 is not significant, Wald χ2 = .68, p = .41, so 

Hypothesis 6 was not supported in Sample 1. 

In Sample 2, the mean incurred WCC costs of unscreened employees were 

$442.76 (SD = $4,323.79), while the mean for screened employees was $128.89 (SD = 

$1,711.19). The large standard deviations are due to long tails in the distributions, and 
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are unequal, Levene’s Test F (1, 3687) = 28.43, p < .001. We again used robust 

estimators of standard errors in a generalized linear model with a Tweedie compound 

Poisson distribution using a log link function and the parameter set to 1.7 (see Table 3). 

Screening was negatively related to costs when entered alone (Model 1), Wald χ2 = 9.87, 

p = .002, and after controlling for years employed (Model 3), Wald χ2 = 8.79, p = .003. 

The savings from screening are substantial. The estimated cost per screened employee, 

after controlling for years employed, was $129 (95% CI: $68, $247), while the estimated 

cost per unscreened employee was $441 (95% CI: $281, $694). The difference of $312 

was significant, Wald χ2 = 7.64, p = .006. This suggests that, if none of the employees 

had been screened, the total WCC costs would have been $1.6 million and, if all of the 

employees had been screened, the total WCC costs would have been $0.5 million. In 

short, screening could have resulted in savings of $1.1 million. Moreover, based on the 

costs of testing and the number of applicants tested, the ROI in WCC costs for testing 

was 734%. Hypothesis 6 was supported.

In Sample 3, the mean incurred WCC costs of unscreened employees was $185.77 

(SD = $3,651.79). The mean for screened employees was $46.57 (SD = $776.98). The 

large standard deviations are due to long tails and one extreme outlier among the 

unscreened employees; results were substantively the same when the outlier was 

removed. The standard deviations are unequal, Levene’s Test F (1, 11,662) = 23.13, p

< .001, so we again used a generalized linear model with a Tweedie compound Poisson 

distribution using a log link function and the parameter set to 1.7 (see Table 4). Model 1 

shows a negative relationship between screening and incurred costs, Wald χ2 = 16.41, p
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< .001, which remained significant after controlling for time worked (Model 3), Wald χ2

= 14.80, p < .001. The cost savings were again substantial. The estimated cost per 

screened employee, after controlling for time worked, was $47 (95% CI: $29, $75), while 

the estimated cost per unscreened employee was $180 (95% CI: $111, $292). The 

difference of $133 was significant, Wald χ2 = 8.36, p = .004. This suggests WCC costs of 

$2.1 million if no employees were screened and $0.5 million if all employees had been 

screened, representing potential cost savings of $1.6 million. In addition, based on the 

costs of testing and the number of applicants tested, the ROI in WCC costs for testing 

was 866%. Hypothesis 6 was supported. 

Discussion

We used three separate samples to investigate the effects of overt integrity 

screening on WCC. In the first two samples, integrity screening was negatively related to 

filing a claim. However, after accounting for time at work during the study period, 

screening had no effect. Although this would appear to indicate that screening was 

unrelated to claims and call previous results into question, interpreting the result is 

difficult, because all three variables were related. Importantly, time at work correlated 

with screening at r = -.38 in Sample 1 and r = -.51 in Sample 2, potentially masking the 

effects of screening on WCC. The third sample, however, was collected from an 

organization in which a subset of applicants was screened each day, which produced only 

a weak correlation between time at work and screening, r = -.17. In this sample, screened 

employees were 34% less likely to file a claim than were unscreened employees.

The operationalization of time at work in Sample 3 was more accurate than in the 
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other samples, because we had access to the hours worked by employees. It is possible 

that the increased accuracy, in addition to reduced multicollinearity, contributed to the 

stronger findings in Sample 3. If this is the case, it is further evidence of the necessity of 

taking into account the amount of time employees spent at work.

One potential concern about the present investigation is that the contribution may 

be seen as somewhat limited, because previous research has found similar results (i.e., 

Oliver et al., 2012; Sturman & Sherwyn, 2009). However, we suspect that most 

researchers who have carefully read the design of those studies have noticed the potential 

confounds and have thus been inclined to discount the results. This likely has contributed 

to the modest impact of these articles (e.g., seven total citations for these two articles in 

the Web of Science database). The present investigation shows that, even when 

controlling for the potential confounds associated with time spent at work, implementing 

overt integrity tests can reduce the number of workers’ compensation claims, thus 

directly affecting organizations’ bottom-line financial results. Indeed, unscreened 

employees accounted for higher claim costs. WCC represent such a large cost relative to 

the cost of testing that the ROI for screening was 734% in Sample 2 and 866% in Sample 

3; screening all employees would have led to a predicted savings of $1.1 million in 

Sample 2 and $1.6 million in Sample 3. 

Although organizations are interested in WCC costs, WCC incidence is important 

in its own right. Each incidence of WCC is typically associated with time away from 

work, which carries additional administrative and productivity costs. Aside from this 

financial perspective, WCC and injuries often have human and social costs, so 
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organizations are likely interested in interventions that reduce WCC independent of costs 

related to treating the injuries.

The results of Study 1 are worthy of attention in that they suggest practical 

applications—implementing integrity testing should help organizations reduce workers’

compensation costs. However, because we used archival datasets, we were not able to 

understand why organizations benefit from the implementation of such tests. Study 2 was 

designed to provide insight into the mechanisms explaining the relation between scores 

on specific test subscales and reported workplace injuries. Moreover, because our 

participants were not limited to people who passed the integrity test, we were able to 

relate the full range of integrity test scores to outcomes.

Note that in Study 2, we focused only on workplace injuries and not WCC per se. 

We did so because WCC, despite being costly, represent a low base rate phenomenon, 

filed by approximately 4% of insured workers each year (Sengupta, Baldwin, & Reno, 

2013), and because workplace injuries are a good proxy for claims. Not only is reporting 

an injury the first step in making a claim, but changes in the yearly rate of reported non-

fatal injuries collected by the U.S. Bureau of Labor Statistics are closely related to 

changes in the rate of WCC collected by the National Council on Compensation 

Insurance (Sengupta et al., 2013).

Study 2 

Design

Study 2 aimed to understand the mechanisms explaining the effects observed in 

Study 1 and consisted of three time-lagged surveys. Survey 1 included an overt integrity 
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test and measures of control variables. Survey 2 contained scales of the proposed 

mediators for injuries—safety motivation, safety compliance, safety participation—and 

malingering. Survey 3 contained items related to workplace injuries. The second and 

third surveys were completed not less than one week and not more than two weeks after 

the prior survey. The temporal separation of surveys holding the integrity test, mediators, 

and dependent variables was intended to reduce the influence of common method 

variance (Podsakoff, MacKenzie, Lee, & Podsakoff, 2003).

Participants

We recruited 445 adults from Amazon Mechanical Turk (mTurk; Buhrmester, 

Kwang, & Gosling, 2011). All participants were based in the United States and had 

established a 95% or higher acceptance rate on mTurk tasks. One hundred and fifty-one 

participants were excused, through filtering questions at the beginning of Survey 1, 

because they were unemployed, reported working in a job with little chance of injury, or 

were unwilling to provide an email address to be notified for the later surveys. These 

requirements were stated in the survey description and preview. Survey 1 also included 

two attention checks. Nine participants failed one or both of these checks and were 

excused.

Survey 1 was successfully completed by 285 participants, Survey 2 by 231 (81% 

of Survey 1 participants), and Survey 3 by 199 (86% of Survey 2 participants, 70% of 

Survey 1 participants). Only participants who completed all three surveys are included in 

the results below. The participants were between 19 and 68 years old (M = 34.89, SD = 

10.47) and 74 (37%) were female. They had worked an average of 5.46 years (SD = 5.08) 
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in their current position. These positions covered a wide range of industries, with food 

service, healthcare, construction, manufacturing, and retail sales particularly well 

represented. 

Participants who completed Survey 1 but not the entire study (n = 86) did not 

differ from those who completed all three surveys on any of the control variables. 

However, they scored higher on the theft (M = .24, SD = 1.24 vs. M = -.10, SD = .86; t = 

2.69, df = 283, p = .008, d = .32) and substance abuse (M = .29, SD = 1.55 vs. M = -.13, 

SD = .59; t = 3.29, df = 283, p = .001, d = .36) subscales of the integrity test, indicating 

that they endorsed more undesirable theft and drug/alcohol related behavior than 

participants who completed the study, which suggests that our results may be 

conservative due to reduced variance in the independent variables. Participants who 

completed Survey 2 but not Survey 3 (n = 32) did not significantly differ from 

participants who completed all three surveys in any of the control or substantive study 

variables (all p > .10).

Measures

Survey 1. Survey 1 included the Merchants IntegrityFirst™ test used in Study 1. 

In order to protect the proprietary scoring algorithm, we standardized the subscale scores 

(M = 0, SD = 1). The internal consistency (Cronbach’s) reliability estimates were good 

for all subscales: theft (α = .91), substance abuse (α = .72), and aggression (α = .90). 

Participants were instructed to complete the integrity test as though they were applying 

for a job for which they were highly motivated to be hired. 

Survey 1 also contained control variables suggested by the findings of a meta-
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analysis of workplace safety (Christian et al., 2009). Participants completed a 3-item 

scale of workplace safety climate (α = .95; Neal & Griffin, 2006) and the abbreviated 

Rotter locus of control scale (α = .91; Mueller & Thomas, 2001). Safety climate was 

included because it plays a prominent role in models of workplace accidents (e.g., 

Christian et al., 2009; Clarke, 2006; Griffin & Neal, 2000). We controlled for locus of 

control because of all traits in the meta-analysis (Christian et al., 2009), it had the 

strongest relationship with safety performance. 

Survey 2. Survey 2 included the proposed mediators and malingering. Responses 

were recorded on a 7-point Likert scale (1 = strongly disagree; 7 = strongly agree), 

unless otherwise noted. Safety motivation was measured with Neal and Griffin’s (2006) 

3-item measure (α = .88, e.g., “I believe that it is important to reduce the risk of accidents 

and safety incidents the workplace”). The other safety measures were developed by 

combining items from existing scales and conducting a pilot study to create concise, 

unidimensional scales with appropriate construct coverage; details are available from the 

first author. Safety compliance was measured with a 5-item scale (α = .84) including the 

three items from Neal and Griffin’s (2006) scale and two items adapted from Mearns, 

Flin, Gordon, and Fleming (2001), “I am under pressure from my co-workers to break 

safety rules” and “I ignore safety regulations to get the job done.” Safety participation

was measured with a 4-item scale (α = .86) including the three items from Neal and 

Griffin’s (2006) scale and the item, “When I see a potential safety hazard, I correct it 

myself if possible,” from Geller, Roberts, and Gilmore (1996). Malingering was 

measured with four items created for this study (α = .86): “How often do you pretend you 
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are sick or injured to get something you want or to get out of doing something?”, “How 

often do you exaggerate the seriousness of an illness or injury to get something you want 

or to get out of doing something?”, “How often do you exaggerate the pain you 

experience to get sympathy or support?”, and “How often do you take a sick day from 

work when you are well enough to go?” Responses were recorded on a 5-point scale (1 = 

never, 2 = rarely, 3 = occasionally, 4 = sometimes, 5 = frequently). Survey 2 also 

included demographic items (age, gender, industry, position tenure). 

Survey 3. Survey 3 included the workplace injuries scale and an additional 

control variable, socially desirable responding. It also asked the number and cause of any 

WCC filed by the participant. As only five participants had filed a claim, this variable is 

not discussed further. 

Although accidents and injuries are often combined/conflated in research on 

safety (e.g., Christian et al., 2009), we focused on injuries because they are more directly 

related to WCC. The number of workplace injuries in the past year was reported for 13 

common types of injuries. (Only 16 participants, 8%, had worked at the job for less than 

one year.) The initial 8-item list of injuries was developed by Barling, Loughlin, and 

Kelloway (2002). We included five additional common injuries related to WCC (U.S. 

Department of Labor, 2015). The final scale included: strains or sprains; cuts or 

lacerations; burns, bruises or contusions; fractured bone; dislocated joint; serious muscle 

or back pain; blisters; head injury; electrical injury; tendonitis; carpal tunnel syndrome; 

and other injuries. Responses were recorded on a six-point scale (0 = never, 1 = once, 2 = 

twice, 3 = three times, 4 = four times, 5 = five or more times). 
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Socially desirable responding (SDR) was measured as a control variable to 

account for the possibility that relationships between integrity test scores and other 

variables were exaggerated by participants’ willingness to admit undesirable behavior 

and help address concerns related to relationships between self-report measures of 

integrity and wrong doing (Ones et al., 1993, Van Iddekinge et al., 2012). We used a ten-

item version of the Marlowe-Crowne Social Desirability Scale (M-C 1(10); Strahan & 

Gerbasi, 1972). All items (e.g., “I am always ready to admit it when I make a mistake”) 

required a true or false response. 

Results and Discussion

We conducted our analyses using the two-step approach recommended by 

Anderson and Gerbing (1988). Specifically, we first tested the fit of the measurement 

model using confirmatory factor analyses (CFA). After determining whether the 

measurement model fit the data, we tested the study hypotheses using structural equation 

modeling (SEM). In each step of the analyses, we tested alternative models to determine 

whether these other models fit the data better than the ones we hypothesized.

Table 5 presents means, standard deviations, and internal consistency statistics for 

all variables. Inspection of Table 5 reveals a number of significant correlations that 

correspond to the hypothesized relationships. Only the aggression subscale directly 

related to injuries (r = .16, p = .03). However, safety compliance (r = -.17, p = .02) is also 

related to injuries and all three integrity test scales are related to malingering (r = .16 

to .49). In addition, the variables reflecting the mechanisms expected to carry integrity 

test performance to injuries were related to integrity test scales. Finally, it is worth noting 
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that some of the control variables were also related to the mediating variables, so we 

included these in the CFA and the subsequent SEM testing.

Factorial Validity of Measures

We next tested the factor structure of our latent variables. We did not include the 

integrity test subscales in the CFAs, because we used these as observed, rather than 

latent, variables in the SEM analyses. One potential benefit of using SEM is that it 

corrects for unreliability in the latent variables by pushing the error terms to only the 

observed variables; the latent variables are defined only by the variance that is shared by 

its indicators. In practice, however, organizations use raw integrity test scores to make 

decisions and do not have the luxury of using individual scores that have been corrected 

for unreliability (Muchinsky, 1996). 

In addition, given the large number of survey items, we created item composites, 

or parcels, for the three scales with more than five items: locus of control, social 

desirability, and injuries. Creation of item composites leads to better model fit in SEM, 

due to the creation of stronger measurement models (Landis, Beal, & Tesluk, 2000). As 

recommended by Williams, Vandenberg, and Edwards (2009), we began by conducting 

exploratory principal components analyses with varimax rotation (complete results 

available upon request). There were three factors present in the Locus of Control scale; 

three in Social Desirability; and five among the Injuries items. For multidimensional 

scales, we followed recommendations by Little, Cunningham, Shahar, and Widaman 

(2002) and used the domain-representativeness method, which attempts to represent each 

factor within each of the parcels. 
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We therefore conducted a CFA that included 8 latent variables, which were all 

allowed to intercorrelate freely: 3 control variables (safety climate, locus of control, 

social desirability); 3 mediator variables (safety motivation, safety compliance, and 

safety participation); and 2 dependent variables (workplace injuries and malingering). 

Although the chi-square value was significant, 2 (377, N = 199) = 493.75 p < .05, the 

model otherwise fit the data well, CFI = .968, RMSEA = .040 (90% CI = .029, .049), 

SRMR = .049. All of the items/parcels loaded significantly on their respective latent 

factors. The mean standardized factor loading was .79 and the average variance extracted 

was .64, indicating acceptable fit (Fornell & Larcker, 1981). We tested our hypothesized 

model against a one-factor model and other parsimonious models that combined safety 

scales into one or two latent factors. As Table 6 shows, the hypothesized 8-factor model 

provided a better fit to the data than each of the alternative models.

Tests of Hypotheses

In this study, we tested Hypotheses 1-4, which concern the relations between 

integrity test scores and workplace injuries (as mediated by safety motivation, safety 

compliance, and safety participation) and between integrity test scores and malingering. 

First, we tested the full model in Figure 1. The chi-square value for this model was 

significant, 2 (463, N = 199) = 672.88, p < .05, but the other fit statistics indicated good 

fit, CFI = .945, RMSEA = .048 (90% CI = .040, .056), SRMR = .065, so we moved on to 

testing the individual hypotheses. The unstandardized path weights and their standard 

errors, as well as the covariances among the exogenous variables, are presented in Figure 

2. 
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Hypotheses 1 and 2 predicted that aggression and substance abuse would each 

relate to workplaces injuries through (a) safety motivation and safety compliance, and (b) 

safety motivation and safety participation. Aggression was unrelated to safety motivation 

(b= -.01, p = .36), and thus, H1a and H1b were not supported. Substance abuse, 

however, was negatively related to safety motivation (b= -.17, p < .01). Further, safety 

motivation was positively related to compliance (b= .75, p < .001) and participation 

(b= .49 p < .001). Compliance, in turn was negatively related to injuries (b= -.12, p 

= .02), but participation was not (b= .11, p = .06). H2b was not supported. The indirect 

relationship between substance abuse and injuries was further tested using bias-corrected 

bootstrapping (e.g., Shrout & Bolger, 2002) with 1,000 resamples in AMOS 24 

(Arbuckle, 2014). This analysis confirmed the positive indirect relationship between 

substance abuse and injuries (estimate = .014, p = .036; 90% CI = .004, .040) supporting 

H2a.

Hypothesis 3 predicted that safety compliance would mediate the relation 

between the (a) theft and (b) substance abuse subscales of the integrity test and 

workplace injuries. Theft was negatively related to compliance (b= -.05, p = .01) and 

compliance was negatively related to injuries (b= -.12, p = .02). Substance abuse was 

unrelated to compliance (b= .04, p = .54); thus, H3b was not supported. We again tested 

the significance of the indirect effects using bootstrapping. This analysis confirmed the 

indirect effect from theft to workplace injuries through safety compliance (estimate 

= .008, p = .013; 90% CI = .002, .021). H3a was supported. 
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Finally, Hypothesis 4, which predicted that theft scores are related to higher 

malingering, was supported (b=.10, p < .001).

Next, we tested three alternative models to explore whether other, theoretically 

justifiable structural paths might be added to the model. These models are summarized in 

Table 7. In the first alternative model, based on significant correlations between 

aggression and malingering (r = .16), aggression and injuries (r = .16), and substance 

abuse and malingering (r = .21), we tested Model 2, which added these paths. The fit was 

strong; however, the alternative model did not fit better than the hypothesized model, 2

(3) = 2.04 p = .56. Moreover, these paths were all nonsignificant (b= -.00, p = .45; 

b= .01, p = .18; b= -.00, p = .98; respectively). Next, to determine the feasibility of 

additional paths to injuries, we tested a Model 3, which included direct paths from all 

integrity test variables to malingering and injuries. Again, as Table 7 shows, the fit was 

strong; however, these new paths were all nonsignificant and freeing these additional 

paths did not improve fit. Finally, to determine whether integrity test scores were directly 

related to injuries, we tested a final model (Model 4) that added to Model 1 only a path 

from aggression to injuries, based on their significant relationship. The fit of Model 4 

was strong, but the path from aggression to injuries was not significant (b=.01, p = .17), 

and freeing this path did not improve fit over the hypothesized model. Thus, we retained 

Model 1 as the final model.

General Discussion and Conclusion

Study 1 analyzed archival data and demonstrated a relationship between screening 

job applicants with an overt integrity test and WCC and WCC costs. In Study 2, we 
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tested a model linking integrity test scores to injuries and malingering, two proximal 

antecedents of WCC. We found that the relation between substance abuse scores and 

injuries was mediated through safety motivation and safety compliance, while theft 

scores related directly to safety compliance and malingering. Although both studies have 

limitations, they provide convergent evidence that screening job applicants with overt 

integrity test can increase safety motivation and compliance, reduce malingering and 

injuries, and ultimately reduce WCC and related costs.

Theoretical Implications

These studies are the first attempts of which we are aware aimed at understanding 

the reasons for the relationship between scores on specific integrity test subscales and 

injuries, malingering, and filing WCC. Filing a claim involves two distinct steps: 

sustaining or faking an injury and requesting compensation. Integrity screening seems to 

be related to both steps. Study 2 demonstrates that screening is related to both sustaining 

injuries and faking or exaggerating them. Study 1 links passing an integrity test with 

reduced filing of WCC. Future research could further unpack the processes involved 

between sustaining or faking an injury and filing a claim.

With respect to the incidence of workplace injuries, we add to existing models of 

workplace safety (e.g., Neal & Griffin, 2004, 2006) by demonstrating that attitudes, 

perceived norms, and past behaviors measured in an overt integrity tests were related to 

lower safety motivation and safety performance. The link between substance abuse and 

safety motivation suggests that integrity tests may identify people who are more likely to 

engage in unsafe behaviors, while the link between theft and safety compliance suggests 
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that tendencies to break rules may underlie the failure to follow safety regulations. In 

addition, the inclusion of malingering expands existing models of safety outcomes, 

reminding us that not all injuries are real, as serious as reported, or incurred while 

working. We found that tendencies toward theft were related to malingering. Future 

research on workplace safety should consider malingering, because it is an important 

counterproductive behavior that has been virtually ignored in the organizational sciences.

Finally, to expand the connection between integrity testing and safety, it would be 

interesting to further understand the role of organizational contexts in integrity tests 

scores’ relation to safety behaviors, malingering, injuries, and WCC. For example, 

although safety climate was a control variable in Study 2, it is plausible that climates for 

safety moderate the influence of integrity on outcomes, such that integrity tests are more 

important under weak climates and less important under strong ones. One could also 

argue that use of integrity tests for selection plays a positive role in developing climates 

for safety by signaling the importance of ethical behavior within the organization. Future 

research could investigate how introduction of integrity testing within organizations 

changes climates over time (cf., Hartog & Verburg, 2004). 

An alternative theoretical basis could draw from the personality traits that 

underlie overt integrity tests (conscientiousness, neuroticism, and agreeableness; Ones, 

1993). Instead, we relied on behaviors, perceived norms, and attitudes revealed by these 

tests. We did this for three reasons. First, personality traits have lower predictive validity 

for CWB and job performance than integrity tests (Berry et al., 2007). Second, behavioral 

consistency provides a stronger explanation of future behaviors similar to those revealed 

35



by overt integrity tests (Ouellette & Wood, 1998). Third, many organizations use 

personality tests for selection. By controlling for personality (see footnote 3), we 

demonstrate incremental validity of integrity screening. 

Practical Implications 

The results provide strong evidence that organizations can use overt integrity tests 

to help reduce injuries, malingering, WCC, and their costs. Adding these tests to 

selection processes is likely to have substantial utility, because of the low cost of testing 

and the high costs of claims. Our results suggest that the potential WCC savings for the 

eldercare organization in Study 1 when screening all employees (as compared to 

screening no employees) were $1.1 million, while the potential savings for the staffing 

firm were $1.6 million. The ROI for testing were 734% and 866% respectively. We note 

that in low-risk jobs where there are very few claims or only minor injuries, the ROI in 

relation to WCC would be smaller or possibly negative. Screening may have other WCC 

related benefits, such as improving the welfare of employees by hiring applicants who 

add to the safety climate of the organization and alleviating suspicion of those who file 

legitimate claims by reducing the likelihood of malingering.

Although integrity tests predict counterproductive behaviors well (Ones et al., 

2012), particularly overt integrity tests, it is arguable that some organizations and jobs 

may be more prone to theft, substance abuse, employee aggression and violence, and of 

course, workers’ compensation claims. As with all decisions regarding employee 

selection tools, an organization’s decision to include an overt integrity as part of a 

selection battery should be driven by the specific problems the organization faces and its 
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goals, and organizations have to balance concerns about validity, cost, applicant 

reactions, and likelihood of adverse impact (Pulakos & Kantrowitz, 2016). With respect 

to applicant reactions, for example, one study has shown that integrity tests (described 

generically as “honesty tests”) engender less favorable applicant reactions than reference 

checks, simulation-based interviews, and job knowledge tests (Rynes & Connerley, 

1993), probably due to perceptions of invasive content. Yet, it is also worth noting that 

integrity tests led to more favorable attitudes than generic interviews, general ability 

tests, and individual psychological assessments. No study that we are aware of has 

examined applicant reactions to integrity tests when the applicants are applying to 

higher-level positions, and one can imagine that applicants for managerial and highly 

technical jobs may have less favorable reactions to such tests. It should be noted, 

however, that one study has examined people incarcerated for “white collar” crimes, 

defined as nonviolent crimes committed for financial gain by means of deception for 

people working in entrepreneurial, professional, or semiprofessional jobs (Collins & 

Schmidt, 1993). Collins and Schmidt showed that white collar criminals tested as having 

lower integrity than a sample of professionals who had not been incarcerated. 

Finally, perhaps the most important concern regarding integrity tests is the 

potential for “false alarms,” or misclassifying individuals as dishonest (Murphy & 

Davidshofer, 1991). People have the ability to change their low-integrity behaviors over 

time, and it is important to not exclude people from organizations who may have engaged 

in criminal activities many years prior and have since reformed (Cascio, 1998). This is 

why it is critical for items that assess frequency of past low integrity behaviors should 
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have a defined time horizon (e.g., “currently,” “within the last month,” “within the last 

two years”). The test investigated here does just that.

Limitations and Future Research

Each of the studies had important limitations. In Study 1, the positive results on 

incidence of claims after controlling time at work were demonstrated only in the staffing 

firm. Further, the effects of screening on WCC costs was positive, but was not 

significantly differently from zero for the vehicle rental company. Future research should 

replicate these results in different industries to determine whether industry moderates 

validities. Additionally, because we found that time worked during the study period 

correlated with both testing and WCC, we may have underestimated the true impact of 

integrity testing on WCC in the first two samples. The study design in Sample 3 reduces 

some of these concerns, but lack of random assignment prevents us from completely 

ruling out systematic differences between treatment and control groups. We note that it 

seems unlikely that managers who selected applicants for testing were strongly biased 

toward selecting those likely to pass or likely to fail, because the test failure rate for 

Sample 3 (25%) fell between the failure rates for Samples 1 and 2 (21% and 26%, 

respectively). Still, we recommend that future researchers take the next step in isolating 

the true effect of integrity testing on WCC by using random assignment of applicants to 

testing conditions or testing all applicants with an integrity test, selecting applicants on 

non-integrity test predictors that relate minimally to integrity test scores, and using the 

full range of integrity scores to predict outcomes. 

In Study 2, the self-report nature of injuries is a concern. This does, however, 
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represent convention in research on injuries and accidents; Christian et al. (2009) found 

that 92% of the safety measures they meta-analyzed were self-reported. Moreover, if 

participants in the current study were inappropriately reporting injuries—due to social 

desirability or not remembering injuries—this is likely to reduce the variability in injuries 

and as such, renders any analyses that included injuries as conservative. We additionally 

note that limitations due to self-reported injuries in Study 2 are offset by the objective 

nature of WCC in Study 1. This limitation is also countered by some methodological 

strengths, including measuring predictors, mediators, and the dependent variable at 

different time periods to reduce the influence of common method variance (Podsakoff et 

al., 2003) and controlling for socially desirable responding. Another limitation in Study 2 

is that we used malingering and injuries, rather than claims, as the dependent variables. 

We believe this is reasonable, because, as reviewed earlier, malingering is suspected in a 

substantial percentage of fraudulent workers’ compensations claims (e.g., Mittenberg et 

al., 2002; Stevens et al., 2008) and injuries are an antecedent of legitimate claims. 

However, future research should focus on directly linking safety behavior and 

malingering to WCC.

Conclusion

We proposed and tested the first model linking overt integrity test results to 

workplace injuries and malingering, two important antecedents of workers’ compensation 

claims. We found that substance abuse and theft scores predicted workplace injuries 

through safety performance and that theft scores predicted malingering. Because 

reporting injuries (real or faked) begins the process of filing a claim, our model is a 
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critical first step in developing theory in this area. Consistent with our model, we found 

in archival data that overt integrity testing reduced claims and associated costs at levels 

that suggest high ROI. 
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Table 1
Study 1: Description of Samples

Sample 1 Sample 2 S
Screened Unscreened Overall Screened Unscreened Overall Screened Un

Employees 1495 2195 3690 1632 2057 3689 4366
Claims 59 126 185 59 125 184 97
Employees with claims 56 120 176 57 118 175 90
Mean time at worka (SD) .54 (.38) .82 (.31) .71 (.37) .41 (.31) .79 (.33) .62 (.37) 3.51 (4.33) 5
Mean incurred costb (SD) .15 (1.64) .38 (6.58) .28 (5.18) .13 (1.71) .44 (4.32) .30 (3.43) .05 (.78)

Note. a Samples 1 & 2 years employed during study period; Sample 3 hundreds of hours 
worked. b Per employee in thousands of dollars. 
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Table 2
Sample 1: Regression Results Predicting Incidence and Cost of Workers’ Compensation 
Claims

Incidence of claim

Model 1 Model 2 Model 3 Mode

B SE Exp(B
)

B SE Exp(B
)

B SE Exp(B
)

B

Constant/Intercept -2.85 *** .09 .06 -4.28 *** .26 .01 -4.27 *** .30 .01 -.97 **
Years employedb 1.62 *** .29 5.07 1.62 * .31 5.04
Tested -.40 * .17 .67 -.01 .99 -.96 *
Model χ2 5.96* 40.66*** 40.66*** 10.53**

Note. a In thousands of dollars. b During study period. 
N = 3690. * p < .05, *** p < .001
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Table 3
Sample 2: Regression Results Predicting Incidence and Cost of Workers’ Compensation 
Claims

Incidence of claim

Model 1 Model 2 Model 3 Model 

B SE Exp(B
)

B SE Exp(B
)

B SE Exp(B
)

B

Constant/Intercept -2.80 **
*

.10 .06 -3.83 **
*

.20 .02 -3.74 **
*

.26 .02 -.82 **
*

Years employedb 1.20 **
*

.24 3.32 1.13 **
*

.28 3.09

Tested -.52 ** .17 .60 -.10 .19 .91 -1.23 **
Model χ2 10.42** 28.50*** 28.75*** 15.91***

Note. a In thousands of dollars. b During study period. 
N = 3689. * p < .05, ** p < .01, *** p < .001

Table 4
Sample 3: Regression Results Predicting Incidence and Cost of Workers’ Compensation 
Claims

Incidence of claim

Model 1 Model 2 Model 3 Model 1

B SE Exp(B) B SE Exp(B) B SE Exp(B) B
Constant/Intercept -3.23 *** .06 .04 -3.84 *** .07 .02 -3.67 *** .08 .03 -1.68 ***
Time workedb .06 *** .01 1.06 .06 *** .01 1.06
Tested -.64 *** .12 .53 -.42 ** .13 .66 -1.38 ***
Model χ2 29.42*** 108.95*** 120.49*** 39.79***

Note. a In thousands of dollars. b During study period, in hundreds of hours.
N = 11664. * p < .05, ** p < .01, *** p < .001 
Table 5
Study 2: Means, Standard Deviations, Reliabilities, and Correlations of Key Variables

Variable Mean SD 1 2 3 4 5 6 7 8 9 10 11

1. Age 34.89 10.47 --

2. Gender 1.37 0.49 .02 --

3. LOC 5.10 1.07 -.01 .03 (.91)

4. Soc Desire 1.39 0.26 .14 .18 .13 (.72)

5. Theft 0.00 1.00 -.08 -.11 -.01 -.12 (.91)
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6. Aggression 0.00 1.00 -.03 -.38 -.15 -.16 .28 (.90)

7. Sub Abuse 0.00 1.00 -.09 -.03 -.08 .01 .47 .18 (.72)

8. Safe Clim 5.60 1.21 .14 -.05 .26 .13 -.13 -.07 -.01 (.95)

9. Safe Mot 6.47 0.63 .23 .10 .13 .17 -.14 -.13 -.24 .20 (.88)

10. Safe Part 5.55 1.07 .10 .06 .21 .23 -.10 -.14 -.02 .45 .45 (.86)

11. Safe Comp 5.86 0.95 .26 .08 .21 .25 -.31 -.27 -.15 .52 .53 .53 (.84)

12. Malinger 1.56 0.58 -.18 -.01 -.16 -.27 .49 .16 .21 -.21 -.13 -.21 -.38

13. Injuries 5.29 5.91 -.16 -.03 .00 -.14 .07 .16 -.02 -.18 .04 -.04 -.17

Note. N = 199. Reliabilities in parentheses on diagonal. Correlations .15 significant at p < .05. 
Gender coded 1 = male; 2 = female. Integrity subtests scored such that higher scores reflect 
admission of more of the undesirable behavior. LOC = locus of control. Soc Desire = socially 
desirable responding. Sub Abuse = substance abuse. Safe = safety. Clim = climate. Mot = 
motivation. Part = participation. Malinger = malingering.

Table 6

Study 2: Fit Statistics for Confirmatory Factor Analysis Models

Model  2 CFI RMS

8-factor (hypothesized) 2 (377) = 493.75 .960 .04

7-factor (safety compliance and safety participation same factor) 2 (384) = 647.69* 2 (7) = 153.94* .928 .05

5-factor (all safety variables load on same factor) 2 (395) = 1428.51* 2 (18) = 934.76* .717 .11

1 factor 2 (405) = 2671.42* 2 (28) = 2177.67* .378 .16

Note. N = 199. * p < .001

Table 7

Study 2: Fit Statistics for Structural Equation Models

Model  2 (from hypothesized) CFI RMS
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1. Hypothesized 2 (463) = 672.88* .945 .04

2. Add Aggression to Malingering and Injuries, Substance 

Abuse to Malingering 
2 (460) = 670.84* 2 (3) = 2.04, p = .56 .945 .04

3. Add all paths from Integrity to Malingering and Injuries 2 (458) = 669.40* 2 (5) = 3.48, p = .63 .945 .04

4. Add Aggression to Injuries 2 (462) = 671.07* 2 (1) = 0.81, p = .37 .945 .04

Note. N = 199. * p < .001
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Figure 1
Conceptual Model
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Figure 2
Hypothesized Model with Path Weights

56


